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PREFACE

Historically a code refers to a cryptosystem that deals with
linguistic units: words, phrases etc. We do not discuss such
codes in this book. Here codes are message carriers or
information storages or information transmitters which in time
of need should not be decoded or read by an enemy or an
intruder. When we use very abstract mathematics in using a
specific code, it is difficult for non-mathematicians to make use
of it. At the same time, one cannot compromise with the
capacity of the codes. So the authors in this book have
introduced several classes of codes which are explained very
non-technically so that a strong foundation in higher
mathematics is not needed. The authors also give an easy
method to detect and correct errors that occur during
transmission. Further some of the codes are so constructed to
mislead the intruder. False n-codes, whole n-codes can serve
this purpose.

These codes can be used by computer scientists in
networking and safe transmission of identity thus giving least
opportunity to the hackers. These codes will be a boon to
cryptologists as very less mathematical background is needed.

To honour Periyar on his 125" birth anniversary and to
recognize his services to humanity the authors have named a
few new classes of codes in his name. This book has three
chapters. Chapter one is introductory in nature. The notion of
bicodes and their generalization, n-codes are introduced in
chapter two. Periyar linear codes are introduced in chapter three.



Many examples are given for the reader to understand these new
notions. We mainly use the two methods, viz. pseudo best n-
approximations and n-coset leader properties to detect and
correct errors.

The authors deeply acknowledge the unflinching support of
Dr.K.Kandasamy, Meena and Kama.

W.B.VASANTHA KANDASAMY
FLORENTIN SMARANDACHE



Chapter One

BASIC CONCEPTS

In this chapter we introduce the basic concepts about linear
codes which forms the first section. Section two recalls the
notion of bimatrices and n-matrices (n a positive integer) and
some of their properties.

1.1 Introduction of Linear Code and its basic Properties

In this section we just recall the definition of linear code and
enumerate a few important properties about them. We begin by
describing a simple model of a communication transmission
system given by the figure 1.1.

SENDER CODING

RECEIVER DECODING

Figure 1.1



Messages go through the system starting from the source
(sender). We shall only consider senders with a finite number of
discrete signals (eg. Telegraph) in contrast to continuous
sources (eg. Radio). In most systems the signals emanating from
the source cannot be transmitted directly by the channel. For
instance, a binary channel cannot transmit words in the usual
Latin alphabet. Therefore an encoder performs the important
task of data reduction and suitably transforms the message into
usable form. Accordingly one distinguishes between source
encoding the channel encoding. The former reduces the message
to its essential(recognizable) parts, the latter adds redundant
information to enable detection and correction of possible errors
in the transmission. Similarly on the receiving end one
distinguishes between channel decoding and source decoding,
which invert the corresponding channel and source encoding
besides detecting and correcting errors.

One of the main aims of coding theory is to design methods
for transmitting messages error free cheap and as fast as
possible. There is of course the possibility of repeating the
message. However this is time consuming, inefficient and crude.
We also note that the possibility of errors increases with an
increase in the length of messages. We want to find efficient
algebraic methods (codes) to improve the reliability of the
transmission of messages. There are many types of algebraic
codes; here we give a few of them.

Throughout this book we assume that only finite fields
represent the underlying alphabet for coding. Coding consists of
transforming a block of k message symbols a;, a,, ..., a; a; € Fy
into a code word X = X; X, ... Xp; Xi € Fq, where n > k. Here the
first k; symbols are the message symbols i.e., x; = a; 1 <i<k;

the remaining n — k elements Xy, Xi+2, ..., X, are check symbols
or control symbols. Code words will be written in one of the
forms x; X1, X, ..., X, OF (X] X3 ... X,) OF X| X, ... X, The check

symbols can be obtained from the message symbols in such a
way that the code words x satisfy a system of linear equations;

Hx" = (0) where H is the given (n — k) x n matrix with elements
in Fg=7Zn(q =p"). A standard form for H is (A, I, ) with n — k

x k matrix and I, 4, the n — k x n — k identity matrix.



We illustrate this by the following example.

Example 1.1.1: Let us consider Z, = {0, 1}. Take n="7, k = 3.
The message a; a, a; is encoded as the code word x=a; a, a3 x4
X5 X¢ X7. Here the check symbols x4 X5 X¢ X7 are such that for this
given matrix

01 01 000
1 01 0100
H= :(A;I4);
001 0O0T1O0
001 00 O01
we have Hx" = (0) where
X = a; Ay a3 X4 X5 Xg X7.
32+X4:0
al+a3+X5=O
a3+x6=0
a3+x7=0.

Thus the check symbols x4 X5 x4 X7 are determined by a; a, as.
The equation Hx' = (0) are also called check equations. If the
message a =1 0 0 then, x4 =0, x5 = 1, X¢ = 0 and x; = 0. The
code word xis 1 0 0 0 1 0 0. If the message a =1 1 0 then x4 =1,
Xs=1,%x¢=1=x57. Thus the code wordx=1101100.

We will have altogether 2° code words given by

0000000 1101100
1000100 1010011
0101100 0111111
0010111 1111011

DEFINITION 1.1.1: Let H be an n — k X n matrix with elements

in Z,. The set of all n-dimensional vectors satisfying Hx" = (0)
over Z, is called a linear code(block code) C over Z, of block



length n. The matrix H is called the parity check matrix of the
code C. Cis also called a linear(n, k) code.

If H is of the form(A, I,.) then the k-symbols of the code
word x is called massage(or information) symbols and the last
n —k symbols in x are the check symbols. C is then also called a
systematic linear(n, k) code. If ¢ = 2, then C is a binary code.
k/n is called transmission (or information) rate.

The set C of solutions of x of Hx" = (0). i.e., the solution

space of this system of equations, forms a subspace of this
system of equations, forms a subspace of Z; of dimension k.

Since the code words form an additive group, C is also called a
group code. C can also be regarded as the null space of the
matrix H.

Example 1.1.2: (Repetition Code) If each codeword of a code
consists of only one message symbol a; € Z, and (n — 1) check
symbols X, = X3 = ... = X, are all equal to a, (a, is repeated n — 1
times) then we obtain a binary (n, 1) code with parity check
matrix

100

010 ..0
H=[0 0 0 0.
1000 ... 1]

There are only two code words in this code namely 0 0 ... 0 and
11...1.

If is often impracticable, impossible or too expensive to send the
original message more than once. Especially in the transmission
of information from satellite or other spacecraft, it is impossible
to repeat such messages owing to severe time limitations. One
such cases is the photograph from spacecraft as it is moving it
may not be in a position to retrace its path. In such cases it is
impossible to send the original message more than once. In

10



repetition codes we can of course also consider code words with
more than one message symbol.

Example 1.1.3: (Parity-Check Code): This is a binary (n, n— 1)
code with parity-check matrix to be H= (11 ... 1). Each code
word has one check symbol and all code words are given by all
binary vectors of length n with an even number of ones. Thus if
sum of the ones of a code word which is received is odd then
atleast one error must have occurred in the transmission.

Such codes find its use in banking. The last digit of the
account number usually is a control digit.

DEFINITION 1.1.2: The matrix G = (I, —A") is called a
canonical generator matrix (or canonical basic matrix or

encoding matrix) of a linear (n, k) code with parity check matrix
H =(A, 1, ). In this case we have GH" = (0).

Example 1.1.4: Let

1 0001 00
G=|01 01 0 0 O
0010111

be the canonical generator matrix of the code given in example
1.1.1. The 2° code words x of the binary code can be obtained
from x = aG with a = a;aa3, a; € Z,, 1 <1< 3. We have the set
of a = a; a, a; which correspond to the message symbols which
is as follows:

[000],[100],[010],[00 1],
[110],[101],[01 1]and[111].

1000100
x = [00 00101000

0010111
= [00 000 0 0]

11



|
|
|

000100
1 01000
01 0 1

1
[1 0 0]{0
0

X

[1 00010 0]
[010]{

000100
1 01 000
0 1 0 1

1
0
0

X

[01 01 00 0

000100
1 01 0 0O
010 1

1
[0 0 1][o
0

X

[00 10111

000100
0 00

1

1

110110 0]
[101]{

000100
1 01 000
010 1

1
0
0

X

[ 01001 1]
[011][

000100
1 01000
010 1

1
0
0

X

[0 111111

12



000100
x = [1 110101000
0010111

11110 11]

The set of codes words generated by this G are

(0000000),(1000100),(0101000),(0010111),(1
101100),(1010011),(0111111)and(11110T11).

The corresponding parity check matrix H obtained from this G
is given by

0101000
L1010 100
00100710
0010001
Now
[0 1 0 0]
100 0
10001000111
GH=1[0101000|1000
00107171 10100
00 1 0
000 1]
000 0
- lo oo o
000 0

We recall just the definition of Hamming distance and
Hamming weight between two vectors. This notion is applied to
codes to find errors between the sent message and the received

13



message. As finding error in the received message happens to be
one of the difficult problems more so is the correction of errors
and retrieving the correct message from the received message.

DEFINITION 1.1.3: The Hamming distance d(x, y) between two
Vectors X =X; X3 ... X, andy =y; vy ... y, in Fll” is the number of

coordinates in which x and y differ. The Hamming weight w(x)
of a vector x = x; X3 ... X, in Fq" is the number of non zero co

ordinates in Xx,. In short a(x) = d(x, 0).

We just illustrate this by a simple example.

Suppose x=[1011110]andy € [01 11101 ]belong to
F/ then D(x,y) = (x~y)=(1011110)~0111101)=
(1~0, 0~1, 1~1, 1~1, 1~1, 1~0,0~1)=(1 1000 1 1) =4. Now
Hamming weight o of x is o(x) = d(x, 0) = 5 and w(y) = d(y, 0)
= 5.

DEFINITION 1.1.4: Let C be any linear code then the minimum
distance d,;, of a linear code C is given as

dpn = min d(u,v).
utv

For linear codes we have

du,v) =du—-v, 0) = o(u—v).

Thus it is easily seen minimum distance of C is equal to the
least weight of all non zero code words. A general code C of
length n with k message symbols is denoted by C(n, k) or by a
binary (n, k) code. Thus a parity check code is a binary (n,
n — 1) code and a repetition code is a binary (n, 1) code.

If H= (A, I,x) be a parity check matrix in the standard form
then G = (I, —AT) is the canonical generator matrix of the linear
(n, k) code.

The check equations (A, I,_,) x' = (0) yield

14



X X a

k+2 2 2
P l=-4| “|=-4
xn ‘xk ak
Thus we obtain

X a

X | || @

: -4l :

xn ak

We transpose and denote this equation as

(X1 X2 ... Xn) = (a1 22 ... &) (T, ~A)
=(aja;... ) G.

We have just seen that minimum distance
d. = miré d(u,v).

u,ve
u#v

If d is the minimum distance of a linear code C then the
linear code of length n, dimension k and minimum distance d is
called an (n, k, d) code.

Now having sent a message or vector x and if y is the
received message or vector a simple decoding rule is to find the
code word closest to x with respect to Hamming distance, i.e.,
one chooses an error vector e with the least weight. The
decoding method is called “nearest neighbour decoding” and
amounts to comparing y with all g code words and choosing
the closest among them. The nearest neighbour decoding is the
maximum likelihood decoding if the probability p for correct
transmission is > V5.

Obviously before, this procedure is impossible for large k
but with the advent of computers one can easily run a program
in few seconds and arrive at the result.

We recall the definition of sphere of radius r. The set S(x) = {y

e F /d(x,y) <r} is called the sphere of radius r about x € F}'.

15



In decoding we distinguish between the detection and the
correction of error. We can say a code can correct t errors and
can detect t + s, s > 0 errors, if the structure of the code makes it
possible to correct up to t errors and to detect t +j, 0 <j <'s
errors which occurred during transmission over a channel.

A mathematical criteria for this, given in the linear code is ;
A linear code C with minimum distance d,;, can correct upto t
errors and can detect t + j, 0 <j <, errors if and only if zt + s <
dimin Or equivalently we can say “A linear code C with minimum

distance d can correct t errors if and only if t= {(d—z_l)} . The

real problem of coding theory is not merely to minimize errors
but to do so without reducing the transmission rate
unnecessarily. Errors can be corrected by lengthening the code
blocks, but this reduces the number of message symbols that
can be sent per second. To maximize the transmission rate we
want code blocks which are numerous enough to encode a given
message alphabet, but at the same time no longer than is
necessary to achieve a given Hamming distance. One of the
main problems of coding theory is “Given block length n and
Hamming distance d, find the maximum number, A(n, d) of
binary blocks of length n which are at distances > d from each
other”.

Letu=(uy, uy, ..., uy) and v = (vy, vy, ..., V,) be vectors in

FC'; and let u.v =uv; + u,v; + ... + u,v, denote the dot product

of u and v over F(; . If uv = 0 then u and v are called

orthogonal.

DEFINITION 1.1.5: Let C be a linear (n, k) code over F,. The
dual(or orthogonal)code C* = {u | uv =0 forall v € C}, u €

F q". If C is a k-dimensional subspace of the n-dimensional

n . . .
vector space F' the orthogonal complement is of dimension n —

k and an (n, n — k) code. It can be shown that if the code C has a
generator matrix G and parity check matrix H then C* has
generator matrix H and parity check matrix G.

16



Orthogonality of two codes can be expressed by GHT = (0).

Example 1.1 .5: Let us consider the parity check matrix H of a
(7, 3) code where

1 001 00O

0010100
H= .

1 100010

1 01 00 01

The code words got using H are as follows

0000000
1001011 0110111
0100010 1011110.
0010101 1111100
1101001

Now for the orthogonal code the parity check matrix H of the
code happens to be generator matrix,

— = OO =
S = O O
- o = O
S O O =
S O = O
S — O O
- o O O

=[0000000].

o - o o
—_ o = O
o o o ~
o o ~ o
o = o o
- o o o

17



[1001000].

001000
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10001 0|
010001
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0
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1
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1 0 01 0 0 0]
0010100

x=[l 0 1 1] =[1111011]
1100010
1 0100 0 1]
[1 0 0 1 0 0 O]
0010100

x=[0 1 1 1] =[0100111]
1100010
1 0100 0 1]
1001000
0010100

x=[1 11 1] =[1101111].
1100010
1010001

The code words of C(7, 4) i.e., the orthogonal code of C(7, 3)
are

£0000000),(1001000),(0010100),(110001 0),
(1010001),(1011100),(0101010),(0011001),(1
110110),(1000101),(0110011),(0111110),(00
01101),(1111011),(0100111),(1101111)}

Thus we have found the orthogonal code for the given code.
Now we just recall the definition of the cosets of a code C.

DEFINITION 1.1.6: For a € F we havea + C ={a + x/x €

C). Clearly each coset contains ¢* vectors. There is a partition
of F/ of the form F'=C u{a” + C} u{a® + C} U ... U{d

+Clfort=q" 1. Ifyisa received vector then y must be an
element of one of these cosets say a' + C. If the code word x'”
has been transmitted then the error vector

e=y—x"ead”+C-x"=a"+C

20



Now we give the decoding rule which is as follows.

If a vector y is received then the possible error vectors e are
the vectors in the coset containing y. The most likely error is the
vector € with minimum weight in the coset of y. Thus y is
decoded as X = y—e . [23, 4]

Now we show how to find the coset of y and describe the
above method. The vector of minimum weight in a coset is
called the coset leader.

If there are several such vectors then we arbitrarily choose
one of them as coset leader. Let a?, a?, ..., a” be the coset
leaders. We first establish the following table

k .
=0 | x®=0]...] x“2  codewordsinC

a4+ x®

k
a(1)+x(2) a(1)+x(q )
other cosets

a(l) +x(1)
coset

leaders

k
a” +x?P | .| a? + X

If a vector y is received then we have to find y in the table.
Let y = a”’ + x9: then the decoder decides that the error € is
the coset leader a”. Thus y is decoded as the code word
Xx=y—e=x"Y" The code word X occurs as the first element
in the column of y. The coset of y can be found by evaluating the
so called syndrome.

Let H be parity check matrix of a linear (n, k) code. Then
the vector S(y) = Hy" of length n—k is called syndrome of y.
Clearly S(y) = (0) if and only if y € C.

S6™") =80/7) ifand only if y' + C=y? + C.

We have the decoding algorithm as follows:

If' y € F] is a received vector find S(y), and the coset

leader € with syndrome S(y). Then the most likely transmitted
code wordis X = y—e we have d(X,y).= min{d(x, y)/x € C}.

We illustrate this by the following example.

21



Example 1.1.6: Let C be a (5, 3) code where the parity check
matrix H is given by

1 0110
H{ 1

and

(e
—

Q

Il
R
O =

o

o
o =

The code words of C are

{000 00),(10011),(01001),(00110),(11010),(10
101),(01111),(11100)}.

The corresponding coset table is

Message| 000 | 100 | 010 | 001 | 110 | 101 | OI1 | 111
code 565000110011 (01001 [00110| 1101010101 0111111100

words

10000{00011|11001{10110/01010{00101|11111|01100
01000{11011{00001|{01110|10010{11101|00111{10100
00100{10111(01101{00010|11110{10001|01011|11000
coset
leaders

other
cosets

Ify=(11110)is received, then y is found in the coset with
the coset leader (0 0 1 0 0)
y+(00100)=(11110)+00100)=(11010)is the
corresponding message.

Now with the advent of computers it is easy to find the real
message or the sent word by using this decoding algorithm.

A binary code C,, of length n = 2" 1, m>2 withm x 2™ -1
parity check matrix H whose columns consists of all non zero
binary vectors of length m is called a binary Hamming code.

We give example of them.

22



Example 1.1.7: Let

1011110010110 °00
H=110111100100100
11 1010110O0T1UO0O0OT1O0
11110001 1100°O0O0°1

which gives a C (15, 11, 4) Hamming code.

Cyclic codes are codes which have been studied extensively.
Let us consider the vector space F; over Fy. The mapping

Z:F > F
where Z is a linear mapping called a “cyclic shift” if Z(a,, a;,
<> @n1) = (an-1, 8o, -, An2)

A = (Fy[x], +, ., .) is a linear algebra in a vector space over
F,. We define a subspace V,, of this vector space by

Vi = {v e Fyx]/degree v<n}
Vot vix +vox> + ..+ v X" /vi e F;0<i<n-1}.

We see that V, = F; as both are vector spaces defined over the

same field Fy. Let I" be an isomorphism

T(Vo, Vi, «vvy V1) = {Vo+ ViX +voX> + ...+ v x™ 1.
w: ! O F[x]/x"—1
ie, W (Vo, Vi, ooy Va) = Vo F ViX + . F v x

Now we proceed onto define the notion of a cyclic code.

DEFINITION 1.1.7: A k-dimensional subspace C of F:]" is called

a cyclic code if Z(v) € C for allv € C thatis v = vy, v,, ..., Vi g
e Cimplies (v,_;, Vo, ..., Vas) € Cforv e F;".

We just give an example of a cyclic code.
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Example 1.1.8: Let C C F) be defined by the generator matrix

Q

Il
[ R
O = =

1010 0] [g"
1101 0|=g?].
1110 1] [g®

The code words generated by Gare {(0000000),(111010
0),0111010),(0011101),(1001110),(1101001),
O0100111),(101001 1)}.

Clearly one can check the collection of all code words in C
satisfies the rule if (aq ... as) € C then (as ag ... a4) € C i.e., the

codes are cyclic. Thus we get a cyclic code.

Now we see how the code words of the Hamming codes looks
like.

Example 1.1.9: Let

1 0011 01
H=/0 1 0 1 0 1 1
001 0111

be the parity check matrix of the Hamming (7, 4) code.

Now we can obtain the elements of a Hamming(7,4) code.

We proceed on to define parity check matrix of a cyclic
code given by a polynomial matrix equation given by defining
the generator polynomial and the parity check polynomial.

DEFINITION 1.1.8: A4 linear code C in V,, = {vp + vix + ... +
VX" v e F, 0 <i <n -1} is cyclic if and only if C is a
principal ideal generated by g € C.

The polynomial g in C can be assumed to be monic.
Suppose in addition that g / X" —I then g is uniquely determined
and is called the generator polynomial of C. The elements of C
are called code words, code polynomials or code vectors.
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Letg=gy+gx+ .. +gx" €V, g/x"-1 and degg=m < n.
Let C be a linear (n, k) code, with k = n — m defined by the
generator matrix,

& & - & 0 .. 0 g
G| O & - & 8 0] _| xe
0 0 g& & n x“g

Then C is cyclic. The rows of G are linearly independent and
rank G =k, the dimension of C.

Example 1.1.10: Let ¢ = x> + x> + 1 be the generator
polynomial having a generator matrix of the cyclic(7,4) code
with generator matrix

1 011000
0101100
G= .
0010110
00010T11

The codes words associated with the generator matrix is
0000000, 1011000, 0101100, 0010110, 0001011, 1110100,

1001110, 1010011, 0111010, 0100111, 0011101, 1100010,
1111111, 1000101, 0110001, 1101001.

The parity check polynomial is defined to be

h= x’ -1
g
;
h=3X—21=x4+x3+x2+1.
X +x"+1
Xn—l k
If :h0+h1X+...+th.
g
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the parity check matrix H related with the generator polynomial
g is given by

0 0 h, h, h,
Ll 0 by by h, 0
h, h, h, 0

For the generator polynomial g = x* + x> +1 the parity check
matrix

0011101
H=0 111010
1 110100

where the parity check polynomial is given by x* +x* + x>+ 1 =
x’ -1
X’ +x*+1

matrix gives the same set of cyclic codes.

. It is left for the reader to verify that the parity check

We now proceed on to give yet another new method of

decoding procedure using the method of best approximations.
We just recall this definition given by [4, 23, 39]. We just

give the basic concepts needed to define this notion. We know

that F'is a finite dimensional vector space over Fy. If we take

Z, = (0, 1) the finite field of characteristic two. Z; =7, X7y X

Z, X Z, x Z, is a 5 dimensional vector space over Z,. Infact {(1
0000),(01000),(00100),(00010),00001)}isa

basis of Z}. Z; has only 2° = 32 elements in it. Let F be a field

of real numbers and V a vector space over F. An inner product
on V is a function which assigns to each ordered pair of vectors
o, B in V a scalar (o /B ) in F in such a way that for all a, 8, y in
V and for all scalars ¢ in F.

(@) (ot B/y)=(aly)+ B
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(b) (ca/B)=c(a/B)
(c) (B/o) ={(a/B)
(d) (o/o)>0if o 0.

On V there is an inner product which we call the standard inner
product. Let o = (X, X2, ..., Xp) and B = (y1, Y2, .-+, Yn)

(@/B= D xy.

This is called as the standard inner product. {(o/a) is defined as
norm and it is denoted by ||a||. We have the Gram-Schmidt
orthogonalization process which states that if V is a vector
space endowed with an inner product and if By, B2, ..., B, be any
set of linearly independent vectors in V; then one may construct
a set of orthogonal vectors o, o, ..., 0, in V such that for each
k=1,2, ..., n the set {ay, ..., ok} is a basis for the subspace
spanned by By, B2, ..., Pk where o =Pi.

a2=62_<B1/a;> 1
ol
0'3233_<B3/a;> O‘1_<B3/0L22> 2
Ilo, |l Ilo, |l

and so on.

Further it is left as an exercise for the reader to verify that if
a vector [ is a linear combination of an orthogonal sequence of
non-zero vectors o, ..., Oy, then P is the particular linear
combination, i.e.,

B i<ﬁ/a>

= oy I

In fact this property that will be made use of in the best
approximations.
We just proceed on to give an example.
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Example 1.1.11: Let us consider the set of vectors B; = (2, 0, 3),
B, = (-1, 0, 5) and B3 = (1, 9, 2) in the space R® equipped with
the standard inner product.

Define a; = (2, 0, 3)

((-1,0,5)/(2,0,3))
13

= (_15 Oa 5)_%(29 Oa 3) = (_3, 05 2’)

a,=(=10,5)- (2,0,3)

((-1,9,2)/2,0,3))
13
((1,9,2)/(-3,0,2))

- -3,0,2
13 ( )

8 1
= (1,9,2)——=(2,0,3)-—(-3,0,2
(1,9,2)-13(2,0,3)~ 3 ( )

:(15952)_ Ea Oaﬁ - iaoai
13 13 13 13

_(1.9.2)- [16—3,0, 24+2)
13 13

=(1,9,2)-(1,0,2)
= (0,9, 0).

o, =(1,9,2)—

(2,0,3)

Clearly the set {(2, 0, 3), (-3, 0, 2), (0, 9, 0)} is an orthogonal
set of vectors.

Now we proceed on to define the notion of a best
approximation to a vector  in V by vectors of a subspace W
where B ¢ W. Suppose W is a subspace of an inner product
space V and let 3 be an arbitrary vector in V. The problem is to
find a best possible approximation to 3 by vectors in W. This
means we want to find a vector o for which || — o] is as small
as possible subject to the restriction that o should belong to W.
To be precisely in mathematical terms: A best approximation to
B by vectors in W is a vector o in W such that || — o || < || — 7]
for every vector y in W ; W a subspace of V.

By looking at this problem in R* or in R’ one sees
intuitively that a best approximation to f by vectors in W ought
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to be a vector oo in W such that B — o is perpendicular
(orthogonal) to W and that there ought to be exactly one such a.
These intuitive ideas are correct for some finite dimensional
subspaces, but not for all infinite dimensional subspaces.
We just enumerate some of the properties related with best
approximation.
Let W be a subspace of an inner product space V and let 3
be a vector in V.
1) The vector o in W is a best approximation to 3 by
vectors in W if and only if § — a is orthogonal to
every vector in W.
(i1) If a best approximation to § by vectors in W exists,
it is unique.
(ii1) If W is finite-dimensional and {o, oy, ..., O} 1S
any orthonormal basis for W, then the vector

<B/°‘k>

o=) ——— a,,where o is the (unique)best
oy |l

approximation to 3 by vectors in W.
Now this notion of best approximation for the first time is used
in coding theory to find the best approximated sent code after
receiving a message which is not in the set of codes used.
Further we use for coding theory only finite fields F,. i.e., |Fg| <
o . If C is a code of length n; C is a vector space over Fy and C

~ F;‘ c F; , k the number of message symbols in the code, i.e.,

C is a C(n, k) code. While defining the notion of inner product
on vector spaces over finite fields we see all axiom of inner
product defined over fields as reals or complex in general is not
true. The main property which is not true is if 0 # x € V; the
inner product of x with itself i.e., (x / X) = (X, x) # 0 if x # 0 is
not true i.e., (x / x) = 0 does not imply x =0 .

To overcome this problem we define for the first time the
new notion of pseudo inner product in case of vector spaces
defined over finite characteristic fields [4, 23].

DEFINITION 1.1.9: Let V be a vector space over a finite field F,
of characteristic p, p a prime. Then the pseudo inner product on
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Vis a map (), : V x V = F, satisfying the following
conditions.

1. & x), 20 for all x € V and (x, x), = 0 does not in
general imply x = 0.

2. xyh=Ox)forallx,y eV.
x+tyz)h=&z)+t®z)hforallx y zeV.
cytz)h=0&y)htxz)foralxyzel.
(ax,y)=ax y)and
&, By)=p& y)pforallx,y, €Vanda, f €F,

AN NI

Let V be a vector space over a field F, of characteristic p, p is a
prime; then V is said to be a pseudo inner product space if there
is a pseudo inner product (), defined on V. We denote the
pseudo inner product space by (V, (,),).

Now using this pseudo inner product space (V, (,),) we proceed
on to define pseudo-best approximation.

DEFINITION 1.1.10: Let V be a vector space defined over the
finite field F, (or Z,). Let W be a subspace of V. For B € V and
for a set of basis {ay, ..., i} of the subspace W the pseudo best

k
approximation to [, if it exists is given by z<,8,al.>1)al.. If
i=1

k
Z{ 5, a,.>pa,. = 0, then we say the pseudo best approximation

i=1
does not exist for this set of basis {a;, @, ..., ). In this case
we choose another set of basis for W say {vi, v ... n} and

calculate i(ﬁ,y@)p;@ and i(ﬁ,]@)p]@ is called a pseudo best
i=l i=1

approximation to f3.

Note: We need to see the difference even in defining our pseudo
best approximation with the definition of the best
approximation. Secondly as we aim to use it in coding theory
and most of our linear codes take only their values from the
field of characteristic two we do not need (x, x) or the norm to
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be divided by the pseudo inner product in the summation of
finding the pseudo best approximation.

Now first we illustrate the pseudo inner product by an example.

Example 1.1.12: Let V =7, X Z, X Z, X Z, be a vector space
over Z,. Define (,), to be the standard pseudo inner product on
V;soifx=(1011)andy=(1111)arein V then the pseudo
inner product of
Xyp=<1011),(1111),=1+0+1+1=1.
Now consider
X x)p=¢1011),(1011)),=1+0+1+1=0
but
W, yp=(1111),1111),=1+1+1+1=0.

We see clearly y # 0, yet the pseudo inner product is zero.

Now having seen an example of the pseudo inner product we
proceed on to illustrate by an example the notion of pseudo best
approximation.

Example 1.1.13: Let
V=2725=27, x Z, x..xZ

8 times

2

be a vector space over Z,. Now
W={00000000),(10001011),(01001100),(0010
0111),(00011101),(11000010),(01101110),(0
0111010),(01010100),(10101100),(10010 11
0),(11100101),01110011),11011111),(1011
0001),(11111000)}

be a subspace of V. Choose a basis of W as B = {a, o, 03, 04}
where
oa;=(01001001),
owu=(11000010),
oz=(11100101)
and
o0 ;=(11111000).
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Suppose =(11111111)isavector in V using pseudo best
approximations find a vector in W close to 3. This is given by o
relative to the basis B of W where

a= Z(B’ak>pak

= ((11111111),(01001001)),0,+
((1111111),(11000010)),a,+
((1111111),11100101)), a3+
(1111111, 11111000)), as

= 1.(11+1.(12+1.0L3+1.(14.

= (01001001)+(11000010)+(11100101)+(11
111000)

= (10010110)eW.

Now having illustrated how the pseudo best approximation of a
vector P in V relative to a subspace W of V is determined, now
we illustrate how the approximately the nearest code word is
obtained.

Example 1.1.14: Let C = C(4, 2) be a code obtained from the

parity check matrix
1 01 0
H= .
1 1 01

The message symbols associated with the code C are {(0, 0), (1,
0), (1, 0), (1, 1)}. The code words associated with H are C = {(0
000),(1011),(0101),(1110)}. The chosen basis for C is
B = {ay, o} where o; =(01 0 1) and o, = (1 0 1 1). Suppose
the received message is B = (1 1 1 1), consider HB" = (0 1) # (0)
so B ¢ C. Let a be the pseudo best approximation to [ relative
to the basis B given as
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o= i(ﬁ,ak>pak = ((1111),(010 oy

k=1

+((1111),(101 1))on.
= (1011).

Thus the approximated code word is (1 0 1 1).
This method could be implemented in case of algebraic linear
bicodes and in general to algebraic linear n-codes; n > 3.

Now having seen some simple properties of codes we now
proceed on to recall some very basic properties about bimatrices
and their generalization, n-matrices (n > 3).

1.2 Bimatrices and their Generalizations

In this section we recall some of the basic properties of
bimatrices and their generalizations which will be useful for us
in the definition of linear bicodes and linear n-codes
respectively.

In this section we recall the notion of bimatrix and illustrate
them with examples and define some of basic operations on
them.

DEFINITION 1.2.1: 4 bimatrix Ap is defined as the union of two
rectangular array of numbers A; and A, arranged into rows and
columns. It is written as follows Ap = A; U Ay where A; # A,
with

a, ap a,
1 1 1
a a a
21 22 2
A; "
1 1 1
aml amZ amn

and
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a4 ap a,,
2 2 2
a a a
4, 2 2 2
2 2 2
aml amZ amn

‘U’ is just the notational convenience (symbol) only.

The above array is called a m by n bimatrix (written as
B(m x n) since each of A; (i = 1, 2) has m rows and n columns).
It is to be noted a bimatrix has no numerical value associated
with it. It is only a convenient way of representing a pair of
array of numbers.

Note: If A; = A, then Ay = A; U A, is not a bimatrix. A
bimatrix Ag is denoted by (ailj) U (afj) . Ifboth A, and A, are m

x n matrices then the bimatrix Ag is called the m x n rectangular
bimatrix.

But we make an assumption the zero bimatrix is a union of
two zero matrices even if A; and A, are one and the same; i.e.,
A] = A2 = (O)

Example 1.2.1: The following are bimatrices
. 3 01 0 2 -1
1. AB = U
-1 2 1 1 1 0
is a rectangular 2 x 3 bimatrix.

3 0
i, Al =[1]U |-1
2 0

is a column bimatrix.
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iii. A"s=(3,-2,0,1,Hu(,1,-1,1,2)
1S a row bimatrix.

In a bimatrix Ag = A; UA, if both A; and A, are m x n
rectangular matrices then the bimatrix Ag is called the
rectangular m x n bimatrix.

DEFINITION 1.2.2: Let Ag = A; U A, be a bimatrix. If both A,
and A, are square matrices then Ap is called the square
bimatrix.

If one of the matrices in the bimatrix A = A; U A, is a
square matrix and other is a rectangular matrix or if both A;
and A, are rectangular matrices say m; x n; and my x ny with m;
#Zmy or n; #n, then we say Ap is a mixed bimatrix.

The following are examples of a square bimatrix and the mixed
bimatrix.

Example 1.2.2: Given
3 01 4 1 1
Ag=|2 1 1|lu|2 1 0
-1 10 0 0 1
is a 3 x 3 square bimatrix.
1 100 2 0 0 -1
2 0 0 1 -1 0 1 O
A'B = U
0 00 3 0 -1 0 3
1 01 2 -3 2 0

is a 4 x 4 square bimatrix.
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Example 1.2.3: Let

AB:

—_ N O W
o = o o
—_ O = =
o o = N
C
c o =
o N o=
A= N

then Ag is a mixed square bimatrix.
Let

S N
S = O
N O =
—_ =

A'g 1s a mixed bimatrix.

Now we proceed on to give the operations on bimatrices.

Let Ag = A, U A, and Cg = C; U C, be two bimatrices we
say Ap and Cp are equal written as Ag = Cp if and only if A; and
C, are identical and A, and C, are identical i.e., A; = C; and A,
= Cz.

If Ag=A; U A, and Cg = C; U C,, we say Ag is not equal
to Cp, we write Ag # Cg if and only if A; # C; or A, = C,.

Example 1.2.4: Let

and

clearly Ag # Cg. Let
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48

0 4
-3 0

.|

0 0 1 0 00
= U
1 1 2 1 01
clearly Ag # Cg.

If Ag = Cg then we have Cg = Ag.

We now proceed on to define multiplication by a scalar.
Given a bimatrix Ag = A; U B, and a scalar A, the product of A
and Ap written A Ag is defined to be

Aa,, Ab,, b

In

Aa,,

7\.AB = U

each element of A, and B, are multiplied by A. The product A
Ag is then another bimatrix having m rows and n columns if Ag
has m rows and n columns.

We write
Ay = [hay |U[ab,]
= [ar]u[bp]
= AB A.
Example 1.2.5: Let
[ 1] [o 1 -1
AB = U
13 3 —1] 21 0
and A = 3 then
[ 37 Jo -3
3AB = o
19 9 3] | 6 0
If A =-2 for
Agp [312-4]uU[01-10],
Mg = [6-2-48u[0-220].
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Let Ag = A; U By and Cg = A, U B; be any two m x n
bimatrices. The sum Dy of the bimatrices Ag and Cg is defined
asDg=Ap +Cg=[A; UB ]+ [Ay UB)]= (A + Ay)) U [By +
B,]; where A; + A, and B, + B, are the usual addition of
matrices 1.e., if

and

then
Ap+Cy=Dg= (a}+a]) U (b} +b}) (Vij).

If we write in detail

A1 1] IER! 1]
ay a4y, b, - by,
Ag=1| : Slul o :
1 1 1 1
_aml amn bml bmn
.2 2 7] 2 2
an A b11 bln
Cp=| ! o :
2 2 2 2
_aml amn_ bml bmn
Ag+Cg=
1 2 1 2 1 2 1 2
a, +a;, ... a,+a; b, +b;, ... b, +bj,
: : U : :
1 2 1 2 1 2 1 2
a_ +a,, .. a_ +a_ b ,+b, ... b +b

The expression is abbreviated to

DB = AB + CB
(A1 UB))+ (A2 UBy)
(A1 +Ay) U (B +By).
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Thus two bimatrices are added by adding the corresponding
elements only when compatibility of usual matrix addition

exists.

Note: If Ag = A' U A? be a bimatrix we call A' and A? as the
components of Ag or component matrices of the bimatrix Ag.

Example 1.2.6:

()  Let

3 11
AB: U
-1 0 2

and

(i)  Let

Ap=(32-101)U(110-1)

and

Ce=(11111)uU((5-1203),

Ap+Cp=(43012)U(50302).
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Example 1.2.7: Let

6 -1 301
Ag=12 2|ul0 2
1 -1 -1 3

and
2 —4 1 4
Cg=4 -1|u |2 1
13 0 31
12 -2 6 2
Ag+Ag=|4 4 |uU |0 4|=2Ag
2 2 -2 6
4 =8 2 8
Ceg+Cg=|8 2|u |4 2|=2Cg
6 0 6 2
Similarly we can add
18 3 9 3
AB+AB+AB:3AB: 6 6 |\ 0 6.
3 3 -3 9

Note: Addition of bimatrices are defined if and only if both the
bimatrices are m x n bimatrices.

301 1 1 1
AB = |\
1 20 0 2 -1

Let

and
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The addition of Ag with Cg i1s not defined for Agisa 2 x 3
bimatrix where as Cg is a 3 x 2 bimatrix.

Clearly Ag + Cg = Cg + Ag when both Ag and Cg are m x n
matrices.

Also if Ag, Cg, Dg be any three m x n bimatrices then Ag +
(CB + DB) = (AB + CB) + DB.

Subtraction is defined in terms of operations already considered
for if

AB = A] U A2
and
Bs=B;uUB,
then
AB — BB = AB + ( _BB)
= (A1UA2)+(*B1U*B2)
= (A1 —-B1)U (A —-By)
= [A1 +(-B)] U [Ay + (-By)].
Example 1.2.8:
1. Let
3 1 5 2
Ag=|-1 2|u |l 1
0 3 3 2
and
8 -1 9 2
Bg=|4 2|uUu|2 9
-1 3 -1 1

AB —BB = AB +(—BB).
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(3 1 5
=4 -1 2|ull
10 3] |3
3 1] [8
=3J-1 2|-| 4
0 3| |-1

ii. Let

Ag =
and

Bg =
then

-1 9 2

2|12 9
3 -1 1
-2 9 2
11-12 9
-2 -1 1
-81.

(17 27 3, _15 29 1) o (3, _17 2: 09 37 1)

-1,1,1,1,1,0) v (2,0,-2,0,3,0)

Ag+(-Bp) = (2,1,2,-2,1,1)u(1,-1,4,0,0, 1).

Now we have defined addition and subtraction of bimatrices.
Unlike in matrices we cannot say if we add two bimatrices the

sum will be a bimatrix.

Now we proceed onto define the notion of n-matrices.

DEFINITION 1.2.3: 4 n matrix A is defined to be the union of n
rectangular array of numbers Aj,
columns. It is written as A= A; U ... A, where A; # A; with

Ai:

i
a,

i
ay

i
m2

a
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i=12 .. n
"U' is just the notional convenience (symbol) only (n > 3).
Note: If n = 2 we get the bimatrix.

Example 1.2.9: Let
31 01 2 11 0]
A= U )
{0 01 1} {0 11

1 0 01 51 0 2
v/
01 01 7 -1 0

oS O

W

A 1s a 4-matrix.
Example 1.2.10: Let

A:A1UA2UA3UA4UA5

2 31 2
= [100] U |-1| U [0 1 1
0 9 7 -8
7 9 8 11 0
2135 1 20 9 7|
{0102}U057—18’
-4 -6 6 0 1

A is a 5-matrix. Infact A is a mixed 5-matrix.
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Example 1.2.11: Consider the 7-matrix

R

s

6
301
10

)

01

-1
2 1

3

L2

UB7810]uU

-1
0 4

=AUA,U ... UA; Aisamixed 7-matrix.
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Chapter Two

BICODES AND THEIR GENERALIZATIONS

This chapter has four sections. We introduce in this chapter four
classes of new codes. Section 1 contains bicodes and the new
class of n-codes (n > 3) and their properties. Section two deals
with error correction using n-coset leaders and pseudo best n
approximations. The notion of false n-matrix and pseudo false
n-matrix are introduced in section three. Section four introduces
4 new classes of codes viz false n-codes, m-pseudo false n-
codes, (t, t) pseudo false n-codes and (t, m) pseudo false n-codes
which has lot of applications.

2.1 Bicodes and n-codes

In this section we introduce the notion of bicodes and n-codes
and describe some of their basic properties. Now for the first
time we give the use of bimatrices in the field of coding theory.
Very recently we have defined the notion of bicodes [43, 44].

A bicode is a pair of sets of markers or labels built up from
a finite “alphabet” which can be attached to some or all of the
entities of a system of study. A mathematical bicode is a bicode
with some mathematical structure. In many cases as in case of
codes the mathematical structure of a bicodes refers to the fact
that it forms a bivector space over finite field and in this case
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the bicode is linear. Let Zy(m) = Z, (m,) U Z, (m,). Denote

the m-dimensional linear bicode in the bivector space V =V; U
V, where V| is a m; dimensional vector space over Z, where q;
is a power of the prime p and V, is a m, — dimensional vector
space over Z, where q, is a power of the prime p, then Z, (m) =
Z, (m) v Z, (m,) is abicode over Z,.

Thus a bicode can also be defined as a ‘union’ of two codes
C, and C, where union is just the symbol.
For example we can have a bicode over Z,.

Example 2.1.1: Let C = C; U C, be a bicode over Z, given by

C=Cu(
={(000000),(011011),(110110),(001110),(100
011),(111000),(010101),(101101H)}v {(0000),(1
110,(1001),(0111),(0101),(0010),(1100),(101
1)} over Z,.

These codes are subbispaces of the bivector space over Z, of
dimension (6, 4). Now the bicodes are generated by bimatrices
and we have parity check bimatrices to play a role in finding the
check symbols. Thus we see we have the applications of linear
bialgebra / bivector spaces in the study of bicodes.
C (n; uny, ki, ky) = Cy (ny, ki) U G, (2, ky)

is a linear bicode if and only if both C, (ny, k;) and C; (ny, ky)
are linear codes of length n; and n, with k; and k, message
symbols respectively with entries from the same field Z,. The
check symbols can be obtained from the k; and k, messages in
such a way that the bicode words x = x' U x” satisfy the system
of linear biequations.

ie. Hx" = (0)
ie. (H, U H,) x' ux)"=(0) U (0)
ie. H, x")" UH, x)"=(0) U (0)

where H = H; U Hj, is a given mixed bimatrix of order (n; — k; x
n;, n; — k, x n,) with entries from the same field Z,, H=H, U
H, is the parity check bimatrix of the bicode C.
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The standard form of H is (A, Inrkl ) U (A, Insz2 ) with

A; a n — k; x k; matrix and A, a n, — k, x k, matrix.

In1—k1 and Inz_k2 aren —k; Xxn —kjand n, — k, xn, — ky

identity matrices respectively. The bimatrix H is called the
parity check bimatrix of the bicode C = C; U C,. C is also called
the linear (n, k) = (n; U ny, k; U ky) = (ny, k;) U (ny, ky) bicode.

Example 2.1.2: Let C (n, k) =C (6 W 7,304)=C, (6,3) U,
(7, 4) be a bicode got by the parity check bimatrix, H=H; U H,
where

0111060 1110100
H=|1 01 0 1 0Ojuj0O 1 1 1 0 1 0].
1 1.0 0 01 11010 01

The bicodes are obtained by solving the equations.
Hx"= H,x{ UH, x] =(0) U (0).

There are 2° U 2* bicode words given by

{(000000),(011011),(110110),(0011110),(100
011),(111000),(010101),(101101)}U{000000
0),(1000101),(0100111),(0010110),(000101 1),
(1100010),(1010011),(1001111),(0110001),(0
101100),(0011101),(1110100),(1101001),(10
11000),(0111010),(1111111)}.

Clearly this is a bicode over Z,. Now the main advantage of a
bicode is that at a time two codes of same length or of different
length are sent simultaneously and the resultant can be got.

As in case of codes if x = Xx; U X, is a sent message and y =
y1 U y» is a received message using the parity check bimatrix H
= H, U H, one can easily verify whether the received message is
a correct one or not.

For if we consider Hx' = H,x; U H,x, then Hx' = (0) U

(0) for x = x; U x; is the bicode word which was sent. Lety =y,
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Uy, be the received word. Consider Hy' = H,y UH,y, , if

Hy' = (0) U (0) then the received bicode word is a correct
bicode if Hy' # (0), then we say there is error in the received
bicode word. So we define bisyndrome S® (y) = Hy' for any
bicode y =y, U y,.

Thus the bisyndrome

$%(y) =S,(y)) US,(y,) = Hy UH,y;.

If the bisyndrome S® (y) = (0) then we say y is the bicode word.
If S® (y) # (0) then the word y is not a bicode word. This is the
fastest and the very simple means to check whether the received
bicode word is a bicode word or not.

Now we proceed on to define the notion of bigenerator
bimatrix or just the generator bimatrix of a bicode C(n, k) =
Ci(n, ki ) U Gy (ng, ko).

DEFINITION 2.1.1: The generator bimatrix G = (I, — A') = G,
v G, = (I,i1 —AlT)u(Ikz2 —AzT) is called the canonical
generator bimatrix or canonical basic bimatrix or encoding
bimatrix of a linear bicode, C(n, k) = C(n; U ny, k; U ky) with
parity  check bimatrix;, H = H, v H, = (4,
1, ) (4.1 ). We have GH' = (0) i.e. GH U G,H,

= (0) U(0).

We now illustrate by an example how a generator bimatrix
of a bicode functions.

Example 2.1.3: Consider C (n, k) = C; (ny, kj) U C; (np, ky) a
bicode over Z, where C; (ny, k;) is a (7, 4) code and C, (ny, k) is

a (9, 3) code given by the generator bimatrix

G:G1UG2:
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1 0001 01
1 001 00T1O0O0

0100111
ul01 001001 0]

0010110
001 0O0T1TTUO0O01

00 0T1O0T1°1

One can obtain the bicode words by using the rule x; = aG
where a is the message symbol of the bicode. x; U x, =
a'G,ua’G, witha=a' Ua’;
where

a'=ajala}
and

2,2 2,2 .2 .2 .2
a’= a; a5 aj a, as ag.

We give another example in which we calculate the bicode
words.

Example 2.1.4: Consider a C (n, k) = C; (6, 3) U C, (4, 2)
bicode over Z,.

The 2° U 27 code words x' and x” of the binary bicode can
be found using the generator bimatrix G = G; U Gg.

1 00011
1 0 11
G=(01 01 0 1|y .
01 01
001 1 10
x = aG 1i.e., x! U x* = a'G, U a’G, where a' =

a, a, a; and a’=a; a; where the message symbols are

000 001 100 010 01 10
U .
110 011 101 111 00 11

Thus x = x' U x*> = a'G, U a°G,.
We get the bicodes as follows:
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000000 011011 110110 001110 0000 1010
v/
100011 111000 010101 101101 0101 1110

Now we proceed on to define the notion of repetition bicode
and parity check bicode.

DEFINITION 2.1.2: If each bicode word of a bicode consists of
only one message symbol a = a; U a, € F, and the (n;— 1) U
(ny — 1) check symbols and xy=x)=... zxil =a, and

2_ 2 _ 2 _ . )
Xy =X ==X, =a4,, 4 repeated n; — 1 times and a, is

repeated ny — 1 times. We obtain the binary (n, 1) = (n;, 1) U
(ny, 1) repetition bicode with parity check bimatrix, H = H; v
Hg,’

110 --- 0 110 ... 0O
. 101 -+ 0 101 0
e, H=| . . U . .
100 1 n;—lxn 100 n,—Ixn

There are only 4 bicode words in a repetition bicode.
{1111...1),(000...0)} U {(111111...1),(00...0)}.

Example 2.1.5: Consider the Repetition bicode (n, k) = (5, 1) U
(4, 1). The parity check bimatrix is given by

11000
1100
1 01 00
ull 01 0
10010
1 0 0 1
1 00 01 >

4x5

The bicode words are
{A1111),(00000)} U{(1111),(0000)}.

We now proceed on to define Parity-check bicode.
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DEFINITION 2.1.3: Parity check bicode is a (n, n-1) = (n;, n;-1)
U (ny n, — 1) bicode with parity check bimatrix H =
(11..1),, V(I1..1)

Ixny

Each bicode word has one check symbol and all bicode
words are given by all binary bivectors of length n = n; U n,
with an even number of ones. Thus if the sum of ones of a
received bicode word is I at least an error must have occurred
at the transmission.

Example 2.1.6: Let (n, k) = (4, 3) U (5, 4) be a bicode with
parity check bimatrix.
H = arrnouaiitln
= H1 ) Hz.
The bicodes related with the parity check bimatrix H is given by

0000 1001
0101 0011
1100 1010
0110 1111

00000 00011 11000 10100
10001 01100 00110 01010
01001 11011 10110 O01111]"
00101 10010 11101 11110

Now the concept of linear bialgebra i.e. bimatrices are used
when we define cyclic bicodes. So we define a cyclic bicode as
the union of two cyclic codes for we know if C (n, k) is a cyclic
code then if (x;...x,) € C (n, k) it implies (X, X;...X, 1) belongs
to C (n, k).

We just give an example of a cyclic bicode using both
generator bimatrix and the parity check bimatrix or to be more
precise using a generator bipolynomial and a parity check
bipolynomial.
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Suppose C(n, k) = C; (n}, ky) U C, (ny, k) be a cyclic
bicode then we need generator polynomials g; (x) | x™ —1 and
£2(x)

bipolynomial with degree of g(x) = (m;, mp) i.e. degree of g;(x)
= m, and degree of g,(x) = m,. The C(n, k) linear cyclic bicode
is generated by the bimatrix; G = G; U G, which is given below

x"” =1 where g(x) = g (X) U g (x) is a generator

1

g g g, 0 0]
0 g%] g11n1—1 gllnl

0 0 gg v gy

g% g g, 0 0
0 g g 8

U
0 0 g g
g g
Xg, X8,
= . U .
Xkl_lgl sz_lgz

Then C (n, k) is cyclic bicode.

Example 2.1.7: Suppose g=g U g =1+x U l+x>+x be
the generator bipolynomial of a C (n, k) (= C; (6, 3) U C, (7, 3))
bicode. The related generator bimatrix is given by

G=G,uG@G,
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1 01 1000
1 001 00O
0101100
ie, |01 0 0 1 O|uU .
001 0110
001 001
0001011
Clearly the cyclic bicode is given by
000000 100100
001001 101101
U

010010 110110
011011 111111

0000000 0001011 0110001 1101001
1000101 1100010 0101100 1011000
0100111 1010000 0011101 0111010|
0010110 1001110 1110100 1111111

It is easily verified that the bicode is a cyclic bicode. Now we

define how a cyclic bicode is generated by a generator

bipolynomial. Now we proceed on to give how the check

bipolynomial helps in getting the parity check bimatrix. Let g =

g1 U g be the generator bipolynomial of a bicode C (n, k) =

Ci(ny, ki) U G, (m, ko).

n, -1 n,—1

and h, = X
g g2

check bipolynomial of the bicode C(n, k). The parity check

bimatrix H=H; U H,

Then h; = X

; h =h; U h, is called the

0 0 0 h - hj h
_ 9 0 hy h - hy 9 g
hy, hy ... 0
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0 0 0 hy - hi hg
0 0 hi hi, .. hg 0
hi, hi ... 0

From the above example the parity check bipolynomial h =
h; U h; is given by
E+rhHuE+x+xM+1).
The parity check bimatrix associated with this bipolynomial
is given by G = G; U G, where,

001001 001 0111
G=(01 001 Ofuj01 01 1 1 04.
1 001 00O 1 011100

The linear bialgebra concept is used for defining
biorthogonal bicodes or dual bicodes.

Let C (n, k) = C; (ny, k;) U C; (ny, ky) be a linear bicode
over Z,. The dual (or orthogonal) bicode C* of C is defined by

Cct = {u|u.V=O,VveC}
{u1|ul.V1=0,Vv1 eCl} ) {u2|u2.V2=0,Vv2 eCz}.
Thus in case of dual bicodes we have if for the bicode
C (n, k), where G = G; U G; is the generator bimatrix and if its
parity check bimatrix is H = H; U H, then for the orthogonal

bicode or dual bicode, the generator bimatrix is H; U H, and the
parity check bimatrix is G = G; U G,.

Thus we have HG" = GH".
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In this section we define the notion of best biapproximation
and pseudo inner biproduct. Here we give their applications to
bicodes.

The applications of pseudo best approximation have been
carried out in (2005) [39] to coding theory. We have recalled
this notion in chapter I of this book.

Now we apply this pseudo best approximation, to get the most
likely transmitted code word. Let C be code over Z: . Clearly C

is a subspace of Z_ . Z. is a vector space over Z, where q =p',
(p—aprime, t>1).

We take C = W in the definition and apply the best
biapproximation to 3 where B is the received code word for
some transmitted word from Cbut ¢ W=C, forif fe W=C
we accept it as the correct message. If B ¢ C then we apply the
notion of pseudo best approximation to [ related to the subspace
Cin Z;.

Let {cy, ..., ck} be chosen as the basis of C then

k

Z<B’Ci>p G

i=1

gives the best approximation to 3 clearly

1

<B’Ci>p Ci

belongs to C provided
k

z< ,ci>p c, #0.

i=1

It is easily seen that this is the most likely received message.
If

k

pX( ’Ci>p ¢ =0,

i=1
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we can choose another basis for C so that

Y (Bc,) ¢ 0.

i=
Now we just adopt this argument in case of bicodes.

DEFINITION 2.1.4: Let V = V; UV, be a bivector space over the
finite field Z,, with some pseudo inner biproduct (,), defined on
V. Let W= W; W, be the subbispace of V =V; UV, Let fe
Vi oVyie =B Uprelated to W= W; U W, is defined as
follows: Let
_ 1 1 2 2
lag, e} = {051,-",0%} U {al ,...,akz}

be the chosen basis of the bisubspace W = W; U W,. The pseudo

best biapproximation to = [; U B, if it exists is given by
k k

Z<IB’ ai>p Q; =z<ﬁ1a ail>pl az‘l i ZZXﬂza ai2>p2 aiz .

i=1 i=1

K
If Z(B, oci>p o, =0 then we say that the pseudo best

i1
biapproximation does not exist for the set of basis

— 1 1 1 2 2 2
la, 5,00, ) = {al,az,...,akl} U {al ,az,...,akz}.

In this case we choose another set of basis {a'l,...,a'kl} and

k
find ;{ﬂ, a’i>p a'| which is taken as the pseudo best
biapproximation to = [; U B

Now we apply it in case of bicodes in the following way to
find the most likely bicode word. Let C = C; U C, be a bicode

in Z;. Clearly C is a bivector subspace of Z;. Take in the

definition C = W and apply the pseudo best biapproximation. If
some bicode word x = x; U X, in C = C; U C, is transmitted and
B = B U B, is received bicode word then if p € C=C, U C,
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then it is accepted as the correct message if g C =C, U C,
then we apply pseudo best biapproximation to B = ; U B
related to the subbispace C = C,; U Cyin Z.

Here three cases occurif =, U B, ¢ C=C, U C..

1) B1 € Ciand B, ¢ Cysothat f; U B, ¢ C
2) B1 ¢ Cyand B, € Cy so that B, U B, ¢ C
3) B1 ¢ C;and B, ¢ C; so that 3; U B, ¢ C.

We first deal with (3) then indicate the working method in case
of (1) and (2).

Given B =B, U B, withPB ¢ C; B ¢ C, and B, ¢
C,;choose a basis

— 1 1 1 2 2 2
(c1, €2y -v.,CO) = {cl,cz, ...,ckl} U {cl, C3s ves ckz}

of the subbispace C. To find the pseudo best biapproximation to
B in C find

K

<B/Ci>p ¢ = Z<B1/C}>1 C} “ Zz:<l32/0i2>2 Ci2 )

i=1

1

If both

fle<Bl/c!>l i %0
and

k,

§<B2/05>2 2 £0
then

k
Z(B/ci>p c, 20
i=1
is taken as the pseudo best biapproximation to f3.

If one of
kl

D (Boct) el =0(t=1,2)

i=1

say
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kl
Z<Bl Cil>C} =0
i=1
then choose a new basis, say {c'l e Cly } and calculate

kl
Z<Bt°'i>t°'i 5
i=1
that is
k, k,
Z(Blc’i>1 ¢ Z<B2ciz>2 ¢;
i=1 i=1

will be the pseudo best biapproximation to 3 in C. If both

K,

k2
3 ) -0 a3t 0
i=1

i=1

then choose a new basis for C.

{b,...by }={bl....b, } U bl |
and find

k k k,
Z( B’ bi>pbi:Z<Bl’bil>l b} Y Z<B2:b12>2b12 .

i=1 i

If this is not zero it will be the pseudo best biapproximation to 3
in C.
Now we proceed on to work for cases (1) and (2) if we

work for one of (1) or (2) it is sufficient. Suppose we assume
k k, k,
Z(Bci >p ¢ = Z<B1 Ci1>1 C% - Z<Bz 012>2 Ci2
i=l i=1 i=1
and say
k,
;<B2 Ciz>2 Ci2 =0
and
k)

Z<Bl Ci1>1 C} #0

i=1
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then we choose only a new basis for C, and calculate the pseudo
best approximation for 3, relative to the new basis of C,.
Now we illustrate this by the following example:

Example 2.1.8: Let C = C, (6, 3) U C, (8, 4) be a bicode over
Z, generated by the parity check bimatrix H = H; U H, given by

11011000
011100

00110100
1 01 01 0ju .

1 0100010
1 10001

11110001

The bicode is given by C = C; U C,

_ {(000000) (011011) (110110) (001110)
~ 1(100011) (111000) (100101) (101101)

{(00000000),(10001011),(01001001),(001001
11),00011101),(11000010),(01101110),(001
11010),(01010100),(10101100),(10010110),
(11100101, (01110011),(11011111),(1011060
01),(11111000)}.

Choose abasisB=B; UB,={(001110),(111000),
01010DH}uU{(01001001), (11000010),(111001
00),(11111000)}.LetB=(111111H)ud1111111)
be the received bicode. Clearly B ¢ C; U C, = C. Now we find
the best pseudo biapproximation to 3 in C relative to the basis B
= B; U B, under the pseudo inner biproduct.

Leta=o;Uon={(111111)/(001110)(001110)+
(11111)/(111000))(111000)+((111111)/(01
010001010} UKII111111)/(0100100
1), ©01001001)+¢11111111),(11000010)),(11
000010)+¢11111111)/(11100101)),(111001
OD+(I1111111)/(11111000),(11111000)}
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—{001110)+(111000)+(010101)}U{0100100
+(11000010)+(11100101)+(11111000)}

=(100011)U(10010110)eC;UC,=C.

Thus this is the pseudo best biapproximation to the received
bicodeword {(111111)u(1 111111 1)}.

Thus the method of pseudo best biapproximation to a
received bicode word which is not a bicode word is always
guaranteed. If one wants to get best of the best pseudo
biapproximations one can vary the basis and find the resultant
pseudo biapproximated bicodes, compare it with the received
message, the bicode which gives the least Hamming bidistance
from the received word is taken as the best of pseudo best
biapproximated bicode.

Note: We just define the Hamming bidistance of two bicodes x
=X, UX;and y =y, U y,, which is given by d® (x, y) =d (x; y1)
U d (x; y2) where d (x; y;) and d(x,, y,) are the Hamming
distance. The least of Hamming bidistances is taken as
minimum of the sum of d (x; y;) + d (x5 y).

In this section we introduce the notion of tricodes and describe a
few of its properties.

DEFINITION 2.1.5: Let C = C, v C, v C; where C, C, and C;

are distinct codes ‘U’ just a symbol. C is then defined to be a
tricode.

Note: 1t is very important to know that each of the C, ‘s must be
distinct for 1 <1< 3.

Example 2.1.9: Consider the tricode C = C, U C, U C, where C,
is a (7, 4) code, C, is a (6, 3) code and C; is a (5, 4) code with

the associated generator trimatrix

G=G,UGUG,
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1 101 000
1 00100
01 10100
= ulo 1 0 01 0f|u
0011010
001001
0001101
1 1.0 00
01 100
001 1 0
000 11

The tricode generated by G is given as follows. {(00 0 0 0 0 0)
wu(000000)w(©00000),(1101000)LA00100)w(1
1000),0110100)w(@O010010)w(00000),(11010
00)u(100100)w(10001),(0110100)L(100100)
v((10001),0110100)wU(100100)U(10001)} and
so on}.

Example 2.1.10: Let C = C, U C, U C, be a tricode where C is
generated by the trimatrix G = G, U G, U G, with G =

1 0 1 1 1 00 11 1 00 001
v ) .
01 00 01 1 01 1101 00
The elements of the tricode C generated by G is as follows:

{0000)UO0000)UO00000),(1011)U(00000)
(000000),(0100)LU(00000)U(000000),(1111)uU
(00000)U(©00000),(0000)U(L0011)UO0000
0),(0000)UO1101)U©00000),(0000)U(11110)
U000000),(0000)L©00000)U(10000T1),(0000)
U00000)U010100),0000)U(100000)U(010]
01),(0000)U11110)U100001),(0000)U (1111
0)UO10101),(0000)U11110)UO10100),(000
0)UO1101)U(00001),(0000)UO1101) U010
100),(0000)U@©1101)UO10101)andsoon}.
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Now having defined a tricode we proceed on to define the
notion of n-code.

DEFINITION 2.1.6: Let C = C; v C, U ... U C, (n =>4) is said to
be n-code if each of the C;is a (n;, k;) code, 1 <i <n. Clearly C
is generated by the n-matrix G = G;U G, U ... UG, where each
G, generates a (n;, k) code. The parity check n-matrix of the n-
code C is given by H=H;, UH, U ... U H, with each H; in the
standard form 1 <i <n where H is a n-matrix. Clearly GH' =
) v @) v... ) ie,

T
GH = (G,uUG,u..uUG)(H,UH,U... UH)
= (G,uG,u..uG)x*(H UH, U.. UH])
= G]H;[ UGzH; ... UGnHI
) UO) U ... U(0)

is the zero n-matrix. Here each C; is a distinct code i.e., C; # C;
ifi #j.

Now we proceed give examples of n-codes.

Example 2.1.11: Consider a 6-code C givenby C=C, U C, U
... U Cgwhere C is a 6-code generated by the 6-matrix given by

G :G1UG2U...UG6
1 0 0 1 1
1 0 01
= vj0o1 0 0 0
01 11
00110
1 01 1
1 0 0 01
) ulo 1 00
110 11
1 0
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1 00 1 11
U U
01 1001
The 6 codes generated by the generator 6-matrix is as follows:

£0000)U(00000)U00000)U(O000)U 0000 00)
U000000),(1001)UO0000)U00000)U(0000)
U000000)UOO0000),(100HUN00LI1)uU
(10001 UO100)U(I00IT11)U(00101),(1001)
U001 1DUM000)UOI00UM00LTI)uU
(010011),(1001)UI0011)U(0001)UO100)U
(100111)U©O01111)andsoon}.

Example 2.1.12: Let us consider the 5-code C = C; U C, U Cs
U C4 U Cs where the generator of the 5-code is given by the

generator 5-matrix
G:G1 UGQUG3UG4UG5

1 00 0O 1 110 01
= U U
01110 001111

1 00110
U
110 011

The 5-code given by the G is as follows :

1 0110 1 01 1
1001 O0Ojujl 1 0 0f.
110 01 0010

{00000)UOO00000)UOO0000)U0O0000) U
0000),(10000uU11001)UO00T110) U
(10110)U(011),(10000)U@OO0O00O0O0) U
(11001 1HuU@1001)U@O10),@O1110) U
Q0111 DHUI1001HuU@1001)U@©O0T1D0),
(I1110)U(10110)U@O1I010D)U1I101)uU
0101),(111100U@O00000)U@OO00O00O00) U
©00000)U@O000),111100UOOLITLIL1) U
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©OG00000)ULUMOOOD0O0O)VWUOO0O0, (11110 v
00111 1HU@O10101)w(O0000)U©O000)and so on}.

We now illustrate and define the notion of repetition bicode
and repetition n-code (n > 3).

We can just non mathematically but technically define
repetition bicode as ;

Let us consider the bimatrix H= H; U H, where

11 0

1 0 1 0
Hl_ M

1 00 1

be a n — 1 x n matrix with the first column in which all entries
are 1 and the rest n — 1 xn — 1 matrix is the identity matrix. H,
is am— 1 xm matrix m #n with the first column in which all
entries are 1 and the rest m — 1 x m — 1 matrix is the identity
matrix. The bicode C = C; U C, given by using this parity check
bimatrix H is a repetition bicode.

There are only 4 bicode words namely
0o0---0Hvud11---D,00...000@00...0),d1...11)

CO0...0and(11...1) U(111...1).

Now we illustrate this by the following example.

Example 2.1.13: Let H=H, U H, where

11000

10100
H, =

1 0010

1 00 01

and
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110000
101000
H,=/1 0 01 0 0
100010
1000 0 1]

The repetition bicode words given by Hare (0000 0) u (000
000),(11111)wu(@00000),O0000)LNTTI111),(1
I1T1Huditlilll.

Now we give yet another example.

Example 2.1.14: Let us consider the bicode C = C; U C, given
by the parity check bimatrix H=H, U H,

11000000
10100000 [1 10000
10010000 (1012000
=1 0001 00O0/UllOO0T100
10000100 [10O0O0T1O0
10000O0T1O0f |[10000 1]
100000 0 1]

The repetition bicode words givenby Hare {(1 111111 1)u
111111),11111111)w(@©O00000),(00000000)
U(l11111),(00000000)w(000000)}.

Clearly in the definition of repetition bicode we demand m # n.
We now proceed on to define the notion of repetition tricode.
DEFINITION 2.1.7: Let H be parity check trimatrix i.e. H = H,
U H, UH; where each H; is a m; — 1 X m; matrix withi =1, 2, 3

and m; #m; if i #j, j = 1, 2, 3, H is defined to be the repetition
tricode parity check trimatrix of the tricode C = C; v C, U Cs.
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The tricodes obtained by using this parity check trimatrix will
be known as the repetition tricode.

We demand H; # H; if i #j,1<1,j < 3.
We illustrate this by the following example.

Example 2.1.15: Let H = H, U H, U H; be a partly check
trimatrix of a repetition tricode, C = C; U C, U C; where

—_ = = =
oS o o =
S O = O
S = O O
- o O O

s

Il
I e T S U S
S o = O O O
S = O O O O
- o O O O O

S O O o o =
S O O o = O
S O O = O O

and

T
w

I
Pk . Pt e . Pk .
S O O O O O =
S O O O o = O
S O O O = O O
S O O = O O O
S O = O O O O
S = O O O O O
— o O O O O O

The repetition tricodes obtained by H=H; U H, U H; is

{(00000)LU0000000)U0000000O0),
(00000)L(O0000000)U(I1111111),
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(00000)U(I11111HUATITITTI1T1D,
(00000)U(1I111111)U©0000000),
(11111)u©000000)U(©0000000),
111D UdIITII111),
(11111)u@©000000)U(11111111)and
(1111 1HU111111)U©0000000)}.

Thus for the repetition tricode we have 8 choices to be operated
upon by the sender and the receiver.

Now we proceed on to define the notion of repetition n-code
using a n-matrix.

DEFINITION 2.1.7: Let H = H;, Vv H, U ... UH, be a n-matrix
where each H;is a m;— 1 x m; parity check matrix related with a
repetition code 1 <i <n. i.e. each H; will have the first column
to be ones and the remaining m; — 1 x m; — I matrix will be a
identity matrix with ones along the main diagonal and rest
zeros. Clearly the n-matrix gives way to 2" codes and H is
called the n-parity check matrix and the codes are called
repetition n-codes and has 2" code words;, when n = 1 we get
the usual repetition code. When n = 2 we get the repetition
bicode; when n = 3 the repetition 3-code or repetition tricode.
When n > 4 we obtain the repetition n code which has 2" code
words.

Example 2.1.16: Let H=H, v H, U H; U Hy; U Hs be a n-
parity check matrix (n = 5); with values from Z, = {0, 1}. Here

1

1
H, =1
1

S O =
S = O
- o O
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110000
101000
H,=/1 0010 0f,
100010
1000 0 1]
1100 0
gl 0100
10010
1000 1
11000 0 0]
1010000
ol 001000
1000100
1000010
100000 I

and

110
H, = :
10 1

H is the n-parity check matrix for the repetition 5-code. The
code words related with Hare { (0000)w (000000) U (00
000)U(O000000)U(©000),(0000)VU(OO0000)U (O
0000w (O000000)L(111),(0000)L(O0O00000)UV
00000)uU(1111111HUW(00),(0O000)VOO00000)
vu00000)u@dIlIlITIHudll),...,A11Hu(111
Ihudllilitphpoudliliirtinhoudly.

We have 2’ i.e. 32 code words related with any repetition 5-
code.
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Now we proceed on to define parity check bicode differently to
make one understand it better.

DEFINITION 2.1.8: Let H=H, UH, where H, =(11 --- 1) and
——
H,=111---1) (m #n). C = C; UC,is a parity check bicode
—

related with the parity check bimatrix H = H; U H,. This is a
binary (n, n — 1) U (m, m — 1) bicode with parity check bimatrix
H = H; UH,. Each of the bicode words are binary bivectors of
length (n, m) with an even number of ones in both the vectors of
the bivector. Thus if the sum of the ones in the bivectors is odd
atmost two errors must have occurred during the transmission.
The last digit is the control symbol or the control digit.

Example 2.1.17: Let H=(1111) U (1 1 11 1) be the parity
check bimatrix of the bicode C = C; U C,. The code words
givenby Hare {(0000)u (00000),(1001)u(00000),
0101)U(@©0000),(0011)w(0000),(1100)L(OO00
00),(1010)w©0000),0110)L(O0000),(1111Hu
(00000),(0000)w(10001),(0000)w((11000),(000
0)uwu@0011),0000)U(1100),0000)w((10100),
©0000)u(10010),(0000)U(0O1100),(0000)w(@O10
10,0000)wu(@1001)soon(1111H)uwu@1111),(111
Hudolln,dliirtnpu(riornadiIlirnuda1IIod,
A111Hud11l0)}.

We see the sum of the ones in each of the vector of the bivector
adds to an even number.

Now we give yet another simple example of a parity check
bicode.

Example 2.1.18: Let H= (11 1)U (1 11 1) be the parity check
bimatrix of the parity check bicode C = C; U C,. The bicodes
related with Hare { (000)w (0000),(101)u(0000), (01
Hu000),(110)w(©O000),000)wU(1100),000)uv
(1001),(000)w((1010),000)w(O110),000w(OO0
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11),(000)(0101),soon(110)u(l111D),(101Hu(l1l1
D,O01Hu@d111)}.

The reader is given the work of finding the number of parity
check bicodes when H = H; U H, with H; having m coordinate
and H, having n coordinates (m # n).

Now we proceed on to define the notion of parity check
tricodes.

DEFINITION 2.1.9: Let H = H; U H, U Hj; be a parity check
trimatrix where H is a row trivector, i.e. each H; is a row vector
of different lengths with all its entries as ones, 1 <i <3.

The code C = C; U C, U C;s related with H is a parity check
tricode. Each code word in the row trivector C = C; U C, U C;
is such that the sum of the elements in each of the row vector of
the row trivector is always even.

We denote this by the following example.

Example 2.1.19: LetH=(1111)u(d11H)uvud11111)=
H; U H, U Hj be the parity check trimatrix of the parity check
tricode. Now the code words related with H are given by C =
{0000)L(O00)VL(O00000),(0000)UOO00)U(1T10
000),(0000)L(O00)U(A01000),(0000)U(0O00)uU
(100100),(0000)L(O00)U(100010),(0000)w (OO0
0O)uw(l00001),0000)VLOO00U(I11100),(0000)
v000)U((111010),0000)LO00)UN1100T),(0
000)LUOO00)U(110011),(0000)LOO00)U(1T1010
1),(0000)L@O00)L((101110),(0000)w(O00)U(10
1101),(0000)w(@©00)w((100111),(0000)U(000)
vu101011),0000wUO00)U®11110),(0000)u
000)u(@©O11101),(0000)LO00)UO11011),(000
0Ouw@O00)uUO10111),0000)LOO00)UATITITTLTL),
©000)w(@OO00)LU(O10001), (0000w (OO00)LO101
00),(0000)w(O00)UO10010),(0000)w(OO00)w (O
11000),(0000)w(000)w(@©01100),(0000)U(000)
v(@001010),0000wO00)UO01001),(0000)u
000)u(©O00110),(0000)LOO0O0)LOO010T1),(000
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0O)uw@O00)UO00011),(0000)UOO00)U(110110),
(1100)w(000)w(0000)and so on}.

As a simple exercise the reader is requested to find the number
of elements in the parity check code given in the example 2.

Now we proceed on to define the notion of parity check n-code
(n>4).

DEFINITION 2.1.10: Let us consider the parity check n-matrix
m=4)H,=A11H)uvdlll)udlll)uvu..udlllll]
111)=H; UH, ... UH,where each H;’s are distinct i.e. H;
#H, if i #j. The n-code obtained by H, the parity check n-
matrix is a parity check n-code, n > 4.

We just illustrate this by the following example.

Example 2.1.20: Let us consider a parity check n-matrix (n = 5)
givenby H=H,UH, UH; UH,UHs=(111Hu((11111)
ull1111hHhud1i1pud111111). WeseeH is
associated with a parity check 5-code where C = { (0 0 0) U (0
0000)LU(O00000)UOOO0)UOO0O0000),(000)uv
00000)u..u(1100ULO0O01001),(110)U(1100
0Ou..u(l001)u(1100000)andsoon}. Wesee Cisa
parity check five code.
Interested reader can find the number of elements in C.

We just define the notion of binary Hamming bicode.

DEFINITION 2.1.11: A binary Hamming bicode is a bicode C
givenby C=C, v C, (m;#my) of lengthn, = 2" — 1 and
ny, = 2™ — [ with parity check bimatrix H = H; U H, where H;
have all of its columns to consist of all non zero binary vectors
of length m;; i = 1, 2 (If m; = m; then it is important H; and H,
generate different set of code words).

Now we illustrate a binary Hamming bicode which is as
follows.
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Example 2.1.21: Let C = C; U C;s5, be a Hamming binary
bicode C = C; U C;s which has the following parity check
bimatrix H = H; U H,. C; has the following parity check matrix

0011101

H =01 010
1 0111
and
001 01110000T1T1T1:1
go_|01 001000101
1000101011 0T11T101[|
1 0000010111011 °1

is the parity check matrix of C;s. H = H; U H, is the parity
check bimatrix associated with the Hamming binary bicode
(Here C; is a C(7, 4) Hamming code and C;s is a C (15, 11)
Hamming code).

Now having seen an example of a binary Hamming bicode we
proceed on to see some more properties of bicodes and various
types of bicodes.

Example 2.1.22: Now we can have also a Hamming bicode H =
H; U H, where both are C(7, 4) codes but the parity check
matrices are different; H = H; U H, where

0011101
H=/01 01011
1 00 0 1 11

and
1100110
H,=|1 1 1 0 0 0 1
0101011
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The set of bicodes are as follows: {(0000000)U (000000
0),0000000)w(100011),(1000111H)UO0O00000
0),0100101)w(©000000),(0000000)L(O1001
I1),111000Huwu@t11000n), 111111 Hud111
111),...,1100010)w (110001 1)and so on.

Next we proceed on to define the notion of binary Hamming
tricode.

DEFINITION 2.1.12: Let us consider a binary Hamming tricode
given by a tricode C= C, v C, U C, where 2" —1=n; i

=1, 2, 3 m; 2 2. The parity check trimatrix H = H; U H, U H;,
is such that we have each H; to have all of its columns to be non
zero vectors of lengthm;; i =1, 2, 3.

Note: Even if m; = m, = m; still we can have a binary Hamming
tricode, if each of the parity check matrices give way to a set of
distinct codes. We can have a binary Hamming tricode provided
C, #C,,C, #C,and C, #C_ . We illustrate this by a

m;

simple example.

Example 2.1.23: Let C = C; U C; U C; be a binary Hamming
tricode where H = H; U H, U Hj is the associated parity check
trimatrix of C which gives distinct sets of codes.

1110100
H=/1 0 0 0 1 1 1]u
1011001
0001111
01 1101 0|uv
11010 01
1 010110
1 011001
0111100
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We see the parity check matrices associated with the trimatrix
are distinct. Thus this gives a set of codes which are of same
length and have the same collection of message symbols. Hence
if one wishes to make use of the same set up to first 4
coordinates but with different elements in the 3 end coordinates
in such cases we can make use of these Hamming trimatrix.

Next we proceed on to give yet another new Hamming trimatrix
of different lengths.

Example 2.1.24: Let us consider the associated Hamming
trimatrix of a binary Hamming tricode C of different lengths;
say C = C; U Cy5 U C; where C is given by the parity check
Hamming trimatrix H = H; U H, U H3 where

0001111
H=0 11101 0|

1 1 01 0 1
101 010101O01O0T1O00
H:110010100111011
11001 10011100001
1 00O0O0OT1T1T111011T1FP0
and
1 010
H, = 01100
01 11 0 0

We see this binary Hamming tricode is of different lengths.

It is left as an exercise for the interested reader to work with
these Hamming tricodes.

Now we proceed on to define a binary Hamming n-code n > 4.
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DEFINITION 2.1.13: Let us consider a code C = C, v C, U
. v C, where m; 22, with parity check n-matrix H = H, U

H, v... UH, we call this code C to be a binary Hamming n-
code; n =4, it may so happen m; = m; (i #j) but H; and H; must
be distinct matrices which generate distinct set of codes.

Now we illustrate by an example a Hamming n-code, n = 5.
Example 2.1.25: Let us consider the Hamming 5-code given by

C=C; U C;uU Cy5 U C; U Cys generated by the parity check 5-
matrix H=H; U H, U H; U Hy U Hs where

1 11 1 0 0
H=/1 00011 1|,
1 0 1 0 0 1

—_
)
—
)
(e

H, = 0 1 00 ,
01 1.1 1 0 0]
11001111011 T1°U0°O00O0
H :1 0111 1100T1QO0O0T1TU0O0
111 1001011000010
11 1110001010001
0 0 011 1
H, = 1 10 0
1 01 00
and
1 0101 0T1O01O0T1TUO0T1O01
H - 01 1010O0T1O0O0O0T1T1TI:1
1001 100011110011
000O0OO0OT1T1T1TO0OT1TT1TT1T1FO01
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Now we proceed on to define the notion of cyclic bicodes.

DEFINITION 2.1.14: Let C = C; U C; be a linear (n;, k;) U (ny,
k) bicode over F, (or Z;). If each of C; and C; are cyclic linear
codes then we call the bicode C to be a linear cyclic bicode.

We illustrate a cyclic bicode by an example. We can also say a
cyclic bicode will be generated by a bimatrix or a cyclic bicode
can be associated with a parity check bimatrix. Before we give
the definition of cyclic bicode using a bipolynomial we will
give an example.

Example 2.1.26: Let us consider the bicode generated by the
generator bimatrix
G= G1 U G2

1 001 0O 1 110100
=01 001 0juj01 1101 0f
0 01 001 0011101

The message symbols associated with this cyclic bicode are (0 0
0)uw(©00),000)u(100),(000)U(O10),000V(MOO0
1),000)w(110),000wO11),000)U(101),000)
ul11),(100uw(@00),(100)u(100),...(11HuU(I
1). The cyclic bicodes generated by G = G, U Gy, is given by C
={000000)w(0©000000),(000000)U(1110100),
000000)U(OI111010),000000wOO01110T1),
., (111111H)w(1010011)andsoon}.

Now one can define a cyclic bicode to be a code following a
cyclic bishift.
The mapping n : ' U E?— F' U E” such that (ay, ...,

a, )Y (b, ..., b, ) —>(a, a0 ....a, ,) V(b by ...,

b, ,) is a linear mapping called a cyclic bishift.
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Now we proceed on to say a bicode C = C; U C, to be a
cyclic bicode if and only if for all v =v; U v, in C such that if
for all v = (a, ..., an1-1) U (by, by, ... bnz_l) mC=C,uC,we

have v € C implies (a

iSil’lC:CIUC2.

We now define the generator and parity check bimatrices of
a cyclic bicode using generator bipolynomial.

Letus define V="V, U V, to be a linear bispace where V

ny-1> Ag, «..» anl_z) v (bnz—lﬂ bo, ceey bnz_z)

= {v e F[x] / degree v <n;} U {u € F[x] / degree u <n,} =

{votvx+..+ anflxnl_l /vie F, 0<i<n-1} U {up+ux +

ot u xm! /ui € F, 0 <i<n,—1}.

ny-1

We can define a biisomorphism of the two bispaces as

— . |0 n .
T=T,uU Ty Fq1 U qu - Vn] U Vnz,
T : (vo, Vi, ..., anfl) v (ug, vy, ..., unrl) > WVotvix+..+
v, X" U@tux+...+u,x2).

nj— ny-1

If R = (Fy(x), +, .) is any polynomial ring with coefficients from
Fq then we can form R / (x"™"y modulo the principal ideal
generated by x"™' inR;i=1,2.

The bimapping w = w; U wp : E' U E? — RN X"y U

R/(x™") where
w (v, ) = (WUWw)(v,u)
= wi(v) U wy(u)
= w;(vovp, ..., Vnrl)

U W2 (Uo, Uty wees U, )
an—l) U

Xn2—1 )

= (vptvix+..+v

ny -1

(o tux+...+u,

w can be checked to be a biisomorphism of the additive bigroup
F' U E" onto the factor bigroup of all bipolynomials of
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bidegree < n; over F,, i = 1, 2 denoted by Vni c1=1, 2. Vni 18
also an algebraand V, UV, is a bialgebra over F.

Let us define linear cyclic bicodes using generating
bipolynomials. A polynomial is a bipolynomial of the form p(x)
U q(x) where p(x), q(x) € Fy[x]. ‘U’ is just a symbol and
nothing more. The only criteria that too in case of cyclic bicodes
generated by bipolynomials is that we need them to be distinct
i.e. p(x) # q(x) for we need different sets of polynomials.

Using this concept of bipolynomial we generate a bicode which
is cyclic.

DEFINITION 2.1.15: Let g(x) = g;(x) U gx(x) be a bipolynomial
such that gi(x) € V, ;i =1, 2and gi(x) / (x" —1); i =1, 2 with
degree gi(x) = m; <n; i =1, 2. Let C = C; U C; be a bicode
with C; a (n, k) code i.e. k; = n; — m; defined by the generator
bimatrix G = G; U G, where

g & v &, 0 - 0
G 0 gé gi?_l g:rlnl 0
(U & & o8,
&
_ X8,
k-1
X &

withg1(X) = gé + g(l)x + ...+ g’lnlxml € Eh [x]
Now
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g% & - &, 0 - 0

G2: 0 gg gj?_l gi ()
0 0 g% g g,

2

|

xg,

Wilhgz(X) = gé + ggx + ...+ g’izxmz 1= Eiz [x]

1t is easily verified that the bimatrix G = G; U G, generates a
cyclic bicode.

Now we know if we have a generator matrix of a code we can
obtain a parity check matrix; like wise a natural question would
be can we find for a generator bimatrix obtained by
bipolynomials a parity check bimatrix which also gives the
same cyclic bicode.

The answer is yes and just we give a parity check bimatrix
associated with the cyclic bicode whose generator matrix G =
G, VUG,

x" -1
g (x) ’
Let h,(x) = hLixki +hi(i_1xk"1+---+hix+hi0; i=1, 2. Now we

Wesee h,(x) = i=1,2.

obtain the parity check bimatrix H = H; U H, associated with
the bipolynomial h;(x) U h,(x).
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0 0 h, - hl hi
o --- 0 hLI h}q—l <« hy 0
H=HUH, =| ... ... ... ... .. .. ... ..U
hLl h;, 0 0
0O - - 0 hiz hf h(z)
0O --- 0 hiz hiz—l -~ hy 0
_hiz hf) e 0 0_

It is easily verified the parity check bimatrix for the cyclic
bicode generated by G = G; U G, is H=H,; U H,.

Now we illustrate this by the following example.

Example 2.1.27: Let us consider the cyclic bicode generated by
the bipolynomial (x> + x +1) U (x* + x> + 1) = g;(x) U gx(x)
with g;(x)/x’ — 1 and gy(x)/x’ — 1. The generator bimatrix
associated with this bipolynomial is given by

G:G1UG2
1 101 000 1 011000
101 1.0 1 00 0 0101 1 00
0011010 001011 0]
0001101 0001 011

The parity check bipolynomial associated with the generator
bipolynomial is given by (x-1) (x> + x> + 1) U (x-1) (x> + x + 1)
=x'+x+tx+ DU+ +Hx+ ).
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The associated parity check bimatrix with the parity check
bipolynomial is given by

H=H, UH,=
0010111 1 110100
06010111 O0juj01 11010
1 01 1100 001 1 101

The bicode is given by {(0000000)w (0000000),(110
1000)u(1000101), (100101 DHu@111111),(00
00000)U(1111111),1011100)U((1100010)and
soon }.

We can also have cyclic bicodes of different lengths which is
seen by the following example.

Example 2.1.28: Let us consider a cyclic bicode generated by
the bipolynomial

g=gxuULE)=K+HuE'+x +x*+1).

The generator bimatrix associated with the generator
bipolynomial of the cyclic bicode C = C; U C; is given by G =
G, U G, where
1 00
G =|0120
0 0

S O
S - O
- o O

and

S O = O
S = O =
—_— O = =
[l
_ = = O
_—— O O
_o O O
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1 0111000
1 00100
01 011100
1e.G=|0 1 0 0 1 O|uv
001 01110
001 001
0001 01171

The associated parity check bipolynomial of the given generator
polynomial is (x* + 1) U (x’ + x* + 1). The corresponding parity
check bimatrix is given by

H=H UH,=
[0 0001 1 0 1]
001 001 00011010
01 001 O0[{ul0O0O1T1O0T1UO00
1 001 00 01101000
1 1.0 100 0 0]

The bicode which is cyclic is given by { (000000)w (0000
0000),(100100)w(10111000),(110110)w@1O01
11000),(100100)w (11100100, (1111111
01110 1)and so on}, we see the lengths of the codes of the
cyclic bicodes are 6 and 8. Thus we can also have cyclic bicodes
of different lengths.

Now we proceed on to define the notion of cyclic tricodes
before which we will just recall the new notion of tripolynomial.

DEFINITION 2.1.16: Let R/x] be a polynomial ring. A

tripolynomial p(x) = p;(x) Ups(x) Ups(x); where pi(x) € R[x]; i
=1, 2, 3. ‘U is only a symbol to denote a tripolynomial.

For example X’ — 1 U (x* +3) (x —4) U X +x —2x+l is a

tripolynomial. If p(x) = (x — 1) U (x’ = 1) U (x> + 2x — 1) and
q(x) =x*— 1 U x**+1 U x* — 3 be two tripolynomials then
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P +qx) = {(x-DuE -DuE+2x-D}+{x*-1uU
X+1uxt-3}
(x-D+E-Du{E-1D)+x+1} U
(K3 +xP+2x-1}

= K+x-2QuE +xHUE+x+2x—4)
is again a tripolynomial.

Likewise we can define the product
px)qx) = {(x-DHuE -DUuE+2x-D} x {xX~1U
xX+lux®-1}
= x-DE-DHDuE -DE+DHuE +2x—
) x (x*~1)
= X-xX-x+hHhuE-x+x-DHuE’'+
2 —x —x*=2x+1)
is again a tripolynomial.
Thus we can say Ri[x] U Ry[x] U Rj[x] is a tripolynomial ring
under polynomial addition and polynomial multiplication.

Now we define a cyclic tricode.

DEFINITION 2.1.17: A4 tricode C = C (n;, k;) v C (n3, k) v
C(ns, k3) where each C (n;, k) is a code i = 1, 2, 3. The only
thing we demand is that each C (n; k;) is distinct i.e., the code
Cn, k) =C (n, k), i #j;, 1 <i,j<3.

We illustrate this by the following example.

Example 2.1.29: C=C (5,3) U C (7,3)u C (6, 2) is a tricode.
DEFINITION 2.1.18: Let C = C (ny, k1) © C (ny, ky) « C (n3, k3)
be a tricode. If each of C (n;, k;) is a cyclic code; i = 1, 2, 3, then

we call C to be a cyclic tricode.

We illustrate with examples and define the generator and parity
check trimatrices.
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Example 2.1.30: Let C = C; U C, U C; be a cyclic tricode
where C; is generated by the generator matrix, Gy, i = 1, 2, 3;
i.e., G=G; U Gy U Gs is the generator trimatrix given by

1 110100
G=|/0111401 0,
0011101
1 001 00
G,=/01 0010
001 0 01
and
1 101000
0110100
G, = .
001 1 010
0001101

The cyclic tricode given by G is as follows {(000000 0) U (0
00000)u(0000000),(1110100)U(100100)uU(1
101000),(1001110)w(100100)u(1011100),(1
01001 1H)u@111111)u(1001011)andsoonj}.

Note the codes C; and C; are codes of same length 7 but are
distinct. Thus C is a cyclic tricode generated by the generator
trimatrix G = G; U G, U Ga.

Now we define the cyclic tricode in terms of the generator
tripolynomial.

DEFINITION 2.1.19: Let g(x) = g'(x) U &(x) U g (x) be a
tripolynomial which generates a cyclic tricode, here each g'(x)
divides x" —1,i=1, 2, 3. Each C;is a cyclic (n,, k;) code i = 1,

n

X =

i

2, 3where C=C; UC, UCs. h(x)=

1
) is the parity check

polynomial of the cyclic code C;, i =1, 2, 3.

84



h(x) = h'(x) U K(x) o Bkx) is the parity check
tripolynomial related with the generator tripolynomial g(x) =

g'x) ug) ug'x).

Now we illustrate a cyclic tricode together with its generator
trimatrix and parity check trimatrix.

Example 2.1.31: Let C = C; U C, U C; be a cyclic tricode
generated by the tripolynomial g(x) = g;(X) U g(X) U g3(x) =
E+HhuE+x+HuE+x+xE+ D).

The related parity check tripolynomial h(x) =x* + 1 U x* + x* +
x>+ 1 U (x> + x>+ 1). The generator trimatrix

G:G1UG2UG3

00 0 0
= 1|0 0 O:IU
0 1
1 01 1 000
01 01100
001 011 O}U
0001011
1 011100
0101110
0010111

generates the cyclic tricode. The related parity check trimatrix H
= H] v H2 v H3 =
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001001

01 001 0flu
1 001 00

0011101
011101 0lu
1110100
0001101
0011010
0110100/
1 101 000

is the associated parity check trimatrix of the cyclic tricode C =
C; U G, U C;. The cyclic tricode words are as follows: {(0 00 0
00)u(©000000)LO0O000000),(000000)L (1011
000)U(O000000),(000000)w(OO000000)UO0T1
1100),(100100)w(110100)w(1100101),(1111
IHu10100h)uwu@10010),(111111HU100
010)u(1110010)and so on}.

Thus we have shown how a cyclic tricode is generated.

It is left as an exercise for the reader to determine the
number of code words in the cyclic tricode given in the above
example. If C = C(ny, ki) U C(ny, ky) U C(n;, ks) is a cyclic
tricode find the number of tricode words in C.

Now we show how many tricodes does the cyclic tricode C
=C(4,2) U C(5, 2) U C(6, 2), given the generator tripolynomial
gx)=x+1ux*+x +x+1uUx’+x*+ 1. The related
generator trimatrix

G:G1UG2UG3:

1 010
U
01 01
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110110
v/
011011

1 01 010
01 01 0 1]

The cyclic tricode is given by

{0000)U(000000)U (0000 0),
(0000)U000000)U(101010),
(0000)U000000)U(0O10101),
(0000)U000000)U(111111),
(0000)U(110110)U(000000),
(0000)U(110110)U(101010),
(0000)U10110)UO10101),
0000)U10110)U(I11111),
(0000)U@O11011)U(©00000),
(0000)U@O11011)U01010),
(0000)U@O11011)U(101010),
(0000)U@O11011)U(ITI1111),
(0000)U(101101)U(00000),
(0000)U01101)U(101010),
(0000)U(101101)UO10101),
0000)U0110D)U(ITLTT,
(1010)U©00000)U(000000),
(1010)U000000)U(101010),
(1010)U000000)U010101),
(1010)U000000)U(I11111),
(1010)U(110110)U(000000),
(1010)U(110110)U(101010),
(1010)U(110110)UO10101),
(1010)U110110)U(I11111),
(1010)U@O11011)U(©00000),
(1010)U@O11011)U(101010),
(1010)U@O11011)U@©1010T1),
(1010)UO1101 1) U(TIT111),
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(1010)U101101)U(00000),
(1010)U(101101)U(101010),
(1010)U(101101)UO10101),
(1010)U10110) U111,
(0101)U©00000)U(000000),
(0101)U©00000)U(101010),
(0101)U000000)U010101),
0101)U@0O00000)U(I11111),
(0101)U110110)U(000000),
(0101)U110110)U(101010),
0101H)uU@I10110)UO10101),
010U 10110)U(I11111),
(0101)U@O11011)U©00000),
0101HuU@OI1011)U(101010),
010HuU@OI1011)UO10101),
O10HUOI10I)U(ITL1T),
(0101)U101101)U©00000),
(0101H)uU@101101)U(101010),
0101H)uU@I01101)UO1010T1),
010H)uU@I0110) U111,
(1111)U©00000)U(000000),
(1111)U@©00000)U11111),
(1111)u©00000)U(101010),
(1111)u©00000)U010101),
(1111)u110110)U000000),
(111 HUd10110)U(I11111),
(111 1HuUd10110)UO10101),
(111 1HuUd10110)U(101010),
(1111)u@©11011)U©00000),
111 HUOI101 U111,
111 HU@O11011)U@O10101),
(111 1HU@O11011)U(101010),
(1111H)ud01101)U©00000),
(111 1Hud01101)UO10101),
(111 1Hud01101)U(101010),
and(1111Hu@0110H) U T1111)},
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The number of tricode words in this cyclic tricode is 64.

Thus if we have a cyclic tricode C = C; U C, U C5 with |Cy| =
2™ |G, = 2™ and |Cs| = 2™, then C has 2""™"™ number of
tricode words.

We now proceed on to define a cyclic n-code, n > 4.

DEFINITION 2.1.20: A4 cyclic n-code C = C(ny, k;) «C(ny, k)

. U C(n, k,) is such that each C(n,, k;) is a distinct cyclic (n,
k) code of length n; with k; message symbols, i = 1, 2, ..., n.
Thus every code word of the cyclic n code will be a n-tuple each
tuple will be of lengthn;; i =1, 2, ..., n.

The only demand made in this definition is that each of the
cyclic codes C(n;, k;) should be distinct, they can be of same
length we do not bother about it but what we need is, C(n;, k;) is
a cyclic code different from every C(n;, k) if i zj:i=1,2, ....n
and 1 <j, i <n.

Now having defined a cyclic n-code we give the definition of n-
polynomials in a n-polynomial ring, n > 4.

DEFINITION 2.1.21: Let R[x] be a polynomial ring. A
polynomial p(x) = p;(x) U pyx) U ... U pu(x) where p;(x) €
R/x],i=1 2, ..., nis defined to be a n-polynomial. When n = 1
we just get the polynomial, n = 2 gives us the bipolynomial and
n = 3 is the tripolynomial. When n >4 we get the n-polynomial.

Example 2.1.32: Let p(x) = p1(X) + pa(X) + p3(X) + pa(x) + ps(x)
be a 5-polynomial where p(x) = (x> — 1) U 3x* + 7x + 1) U (8%’
+3° +2x + 1)U (7x* + 4x + 4) U (x° — 1) is in R[x].

Note: Even if the polynomial pi(x) in the n-polynomial are not
distinct still we call them only as n-polynomials.

For instance p(x) =x’ U (xX* -~ DU x*+5x—1u - 1)U
x’ + 5x + 1 is a 5 polynomial. We see the polynomials pj(x)
need not be distinct.
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Now we define the notion of generator n-polynomial of a
cyclic n-code.

DEFINITION 2.1.22: Let us consider a cyclic n-code C = C(n,,
ki) o C(ny, ky) ... v C(n, k,) where each of the C(n,, k;) are
cyclic codes generated by the polynomial gi(x), i = 1, 2, ..., n.
Clearly each of the cyclic codes C(n;, k;) must be distinct for
otherwise the code C cannot be defined as the cyclic n-code. If
each of the cyclic codes is to be distinct then we have the
associated polynomials with them must also be distinct.

Let the n-polynomial which generates the cyclic n-code be
denoted by g(x) = gi(x) U gyx) U ... U g,(x). Each gi(x) is
distinct, directly implies each of the generator matrices
associated with the generator polynomial gi(x) are distinct.
Thus let G denote the generator n-matrix, then G = G; U G, U
... UG, where each of the matrices G; are distinct i.e. G; = Gy,
if and only if'i = k.

Now using each of the generator polynomials gi(x) we can
obtain the parity check polynomial hix) given by

x" =1

g:(x)
polynomial h(x) is given by h(x) = h;(x) U hy(x) U ... U h,(x).
Now the parity check n-matrix H associated with each of these
parity check polynomial hi(x) i.e. with the parity check n-
polynomial h(x) = h;(x) Uhy(x) U ... Uh,(x) is given by H=H,
v H, U ... v H, where each matrix H; is the parity check
matrix associated with the parity check polynomial hi(x); i = 1,
2,3, ..., n.

h(x)= ;i =1 2, ..., n Thus the parity check n-

We illustrate this definition by an example, when n = 4 i.e. the
cyclic 4-code.

Example 2.1.33: Let us consider a cyclic 4-code C = C(8, 4) U
C@3, 3) v C(7,3) u C(7, 3), which is generated by the generator
4-polynomial g(x) =x*+ luxX’+lTuxX’+x+1ux +x +1
(we see each of the generator polynomials are distinct). The
generator 4-matrix G associated with the cyclic 4 code is given

by
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G:G1UG2UG3UG4:

S o O =
S O = O
S — O O
- O O O
S O O =
S O = O
S = O O
- o O O

—
o
o
—
(e]

S O O =
S O = O
S = O =
—_— O = =
S = = O
_——_= O O
- o O O

S o o =
S O = o=
S = = O
—_— = O
- o = O
S = O O
- O O O

Now we give the parity check 4-polynomial h(x) and the
associated parity check 4-matrix

h(x) = hi(x) U hy(x) U hs(x) U hy(x)
()§4+ DuE+hHuEr+x*+x+DHuE +x+
x“+1).

The related parity check 4-matrix

H=H, UH,UH; UH; =
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0001O0O0O01
0010O0O0T1FPO0
01 00O01O0FO0 -
1 0001 00O
0 01 0 01
0 0 0 0|v
00100
001 01T11
01 0111 0|y
1 01 1100
0011101
0111010
1 110100

The following are the cyclic 4-codes;

{(00000000)L(OO00000)LU(OOOOO0O0)LU(OOOOO
00),00000000)w(O00000)wUOO000000)U(10T1
1000),00000000)wU(O00000)U(1101000)uw (1
011000), (00000000)U(100100)U(1101000)
v((1011000),(00000000)L (100100110100
0uw(011000),(10001000)L(100100)L(O00O0
000)U(O000000),(00110011HUOTI1I01T)U(OT1
11001)w(@0100111)andso on}.

Interested reader is expected to find the number of code words
in the above example.

Now we proceed on to define dual or orthogonal bicodes,
orthogonal tricodes and the notion of orthogonal or dual n-
codes.
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DEFINITION 2.1.23: Let C be a bicode given by C = C; U C,,
the dual bicode of C is defined to be C* = {u, /u;.v; = 0 for all
v € Cit Uiuy /uz.w =0forallv, e Cy} = clouct IfCisa
(ki U ky) dimensional subbispace of the n; U n, dimensional
vector space, the orthogonal vector space, i.e., the orthogonal
complement is of dimension (n; — k;) U (ny— k). Thus if Cis a
(n;, k) U (ny, k) bicode then Clisa (n;, ny—ky) U my, ny—ky)
bicode.

Further if G = G; U G, is the generator bimatrix and H =
H, U H, is the parity check bimatrix then C* has generator
bimatrix to be H = H; U H; and parity check bimatrix G = G,
U G,. Orthogonality of two bicodes can be expressed by GH' =
HG" = (0). That is (G, v G,) (H, VH)" = (H, UH,) (G, U
G)' =(G, vGy) H" VH,)=MH, UH,) (G, vG,)=GH"
UGH," = H,G," UH,G," = (0) u(0).

Now using these properties we give an example of a bicode C =
C; U C; and its orthogonal code Cct= (Ciu Cz)l =Ctu Gyt

Example 2.1.34: Given the generator bimatrix of C a binary (7,
3) U (4, 3) bicode; to find its dual or its orthogonal complement.
Given

aQ
I
- o o
o - o
—_ — o

1
0
1

S O =
O = =

1 1
1fu |0
1 1

S = O
O = =

1
1.
1

The bicode given by the bimatrix G is as follows: C=C, U C, =
{(0000000)U(0000),(0000000w((1110),(0000
000)w((1000),0000000)U((1011),(0000000)v
(0110),0000000)w(O011),(0000000)U(1101),
(0000000)U(0101),and so on} We can find C* = (C; U
C) =Cltuch

The generator matrix of C serves as the parity check matrix of
C*. Thus using
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Q
Il
- o o

001111 1
11001 1ju|o0
01 01 01 1

S = O
O =
—_ = =

as the parity check matrix i.e. G is taken as H. We find C*
which is as follows {(0000000) U (0000),(0000000)
u(1101),(1000011)u(©000),(1000011Hu((110
1),0100101)w(@©000),(0100101)u((1101),(001
0110)L(©0000),(0010110uU101),0001111Huy
(0000),(0001111H)U(1101),(1100001)U(0000),
(1100001)u(1101),(1010101)w((©O000),(10101
0Hu(101),(1001100)w(0000),(1001100)uU (1
101),(0110011)u(0©000),(0110011)U(110T1),(0
101010)w(©000),(0101010)U(1101),(001110
0)u(©000),0011100)U(1101),(1110000)UOO0
00),(1110000w(1101),(1101001)uU(©0000),(11
01001)uU(101),(1011010)U(0000),(1011010)
vu(1101),0111010)0L(000),0111010w(10
D,1111111Hu@©000),(111111HUA101)}

Now having defined the notion of the dual bicode of a bicode, C
= C; U C, we now proceed on to define the notion of dual or
orthogonal tricode of a tricode and then pass onto generalize it
to n-codes (n > 4).

DEFINITION 2.1.24: Let us consider a tricode C = C; v C, U
C; = C(ny, k) U C(ny, ky) UC (n3, k3). Let C be generated by
the generator trimatrix G = G; U G, U Gs. The orthogonal
complement of the tricode C or the dual tricode of C denoted by
Cct= (C; vG, UCg)l = C/ UCy UCyis associated with the
trimatrix G = G; U G, U Gs which acts as the parity check
trimatrix i.e., G = H=H; U H, U H;. Thus the tricode having
H=H, VH, VUH; where G =Hand H, =Gy, i=1, 2, 3isa
dual tricode of C and is got by using the parity check trimatrix
H (= G) and the tricode Ct=CctucCucCiisa C(ny, n; —
ki) U C(ny ny — ky) U C(ns, n; — k3) tricode called the dual
tricode of C.
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We illustrate this by the following example.

Example 2.1.35: Let C=C, U C, U C3bea Cy(7, 4) U Cx(7, 3)
U C;(6, 3) tricode having the generator trimatrix

G:G1UG2UG3:

S o o ~
N =
oS = O O
- o O O
S = = =
=)

—
()
- O
—_
—

S O =
S = O
- O O
— = O

The tricode generated by the trimatrix G = G; U G, U G3 is
given by { (0000000)w(0000000)w(000000),(00
00000)uU(000000)LU(100011),(0000000)u (0
000000)u(©10101),(0000000)wO0O000000)uU
(001110),(0000000)LO0O000000)L(110110),(0
000000)uU(0O000000)LO11011),(0000000)uv
0000000)w((101101),(0000000)uU(00O000000)
u((111000),(0000000)w(1001111)L(O00000),
0000000)wU(O110011)LUO0O00000),(0000000)
u(l010101)u(@©00000),...,(1000101H)U(ITTT11
I1Hu@101001)w(11000)} now we find the dual of
this tricode C using G the generator trimatrix of the tricode C as
the parity check trimatrix of the orthogonal tricode C*; i.e. G =
H consequently we have G; =H;,i=1, 2, 3. Thus
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G:H:H1UH2UH3:

1 0001 01
01 0011 1
)
00101T1O0
00010 1 1]
0 0 1 1 1]
01 1 1{u
1 01 1 0 1

S O
S = O
- o O
—_— = O

is the parity trimatrix of the dual tricode C* of the tricode C.
Clearly C*is a Cy(7, 3) U Cy(7, 4) U C(6, 3) tricode associated
with the parity check trimatrix H = H,; U H, U H;.

The dual tricode C* of C is given as follows: {(0 0000 0 0) U
(0000000)w(0©00000), (0000000 (O0O000000)
v(@©11100),(0000000)w(O000000)w((101010),
0000000 (OO000000)U(110001),(0000000)
u0000000)U((110110),(0000000wOO00000O0
Ouwu@O@11011H)LOO000000)LOO00000)UL (10T

01),0000000)w(O0O000000)U(@OO00T1T1T1),andso
on}.

Interested reader is left to the task of finding the orthogonal
tricode C* of the given tricode C.

Now we proceed onto define the concept of dual n-code of an n-
code C.
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DEFINITION 2.1.25: Let us consider the n-code C = C; (n,, k;)
U Cony ky)) v ... UC, (n, k), the dual code of C or the
orthogonal code of C denoted by C* is defined as C* = [(C; (n,,
k) OCs(ny k) U... UC, (n, k) J"=Cr" (ny, ki) U Cs* (ny,
kz) ... UCnl (I’ln, kn) = C] (I’l], n; _k]) L/Cz (nz, n; —kg) U...
v C, (ny, n, — k) ncode. If G = G, G, U ... UG, is the
generator n-matrix of the n-code C then the orthogonal n-code
Crhas G=G, UG, U... UG, to be its parity check n-matrix
i.e. the generator n-matrix of G acts as the parity check n-
matrix of C* and the parity check n-matrix of C acts as the
generator n-matrix of C*. We assume n >4; when n = 1 we get
the usual code C and its dual code C* when n = 2 we get the
bicode C = C; U C, and the dual bicode C* = C/* U Cy*, when
n = 3 we get the tricode C = C; U C; U C; and its dual Cct =
Ct oGt uUCy Whenn >4 we get the n-code and its dual n-
code.

Now are illustrate the dual n-code by an example when n = 5.

Example 2.1.36: Consider the 5-codle C=C, v C, U C3u Cy U
Cs generated by the S-matrix

G:G1UG2UG3UG4UG5:
1 0 11
)
[0 10 1}

1 0110
U
01 011

011
01114V
0 01
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1 001101
01 01011
0010111

Here C, = C(4, 2) code, C, = C(5, 2) code, C; = C(6, 3) code, Cy4
= C(4, 3) code and C5 = C(7, 3) code. The 5-codes generated by
the 5-matrix G is as follows C={(0000)w (00000)uU (00
0000)L(O000)LOO000000),(1011HVWO0O0000)U
000000 (OO000)UL(OO0O0000),(0101)U(0OO0O0
0O)uw@O@00000)wO0O000)U(OO000000),(1110)UOO0
000)wU©00000)LO0O00)ULUOO00000),(1011)u
10110)U@O00000)U(O0O000)U(0OO000000),(101
HuU@1011)VU(O0O00000)UOO000)ULOO00000),(1
01 Hud110HVUO00000)LO0O000)L(OO000000),
1011Hu@0110)U(10001TH)UOO00)LOO00000
0) and so on}.

Now C* the orthogonal 5-code of the 5-code works with G the
generator S5-matrix of the 5-code as the parity check 5-matrix.
Thus the parity check 5-matrix of the dual (orthogonal), 5-code
Ctis

1 00 011
01 010 1y
001 110
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1 011
011 14V
1 0 01
1 001 101
0101 0T11
0010111

The 5-code associated with the parity check 5-matrix H is C*
given by
C'={0000)U0©0000)UO00000)U(O000)U (0O
00000),(1010)L(O0O0000)UL(O0O00000)U(OO000)U
(0000000),(0111)U(O0O0000)LO0O00000)U(0O0O0
0)u(©000000),(1101H)UO0O0000)LOO00000)V (0
000)u(©0000000),(1010)LA0011)UOO0000)U
0000)uU(0000000),0111H)UO1I001)UO0O000
0)u@O000Uw(O0O000000),(110HUMA1I101)UOO00
000)U(O000)U(000000),(1010)U((10011)U(0
00000)uU(1101)w(000000)andsoon}.

Thus we have shown how the orthogonal n-code of a given n
code is obtained. It is also left for the reader to work with any n-
code; n > 4 and obtain the dual n-code.

A code is said to be reversible if (ay, aj, ..., a,.1) € C holds if
and only if (a,.;, ans, ..., a; ap) € C. In general the reversible
bicode and n-code can be defined.

DEFINITION 2.1.26: A bicode C = C; v C; is said to be a
reversible bicode , i.e., (apa; ... a,.;)) U (bpb; ... b,;) € C=C,
L/Cg ifand Ol’lly if(a,,.l a,2Ap3 ... A4 (10) U(bm_I bm_g bm_3 b]
b()) eC= C] UCZ.

Likewise if C = C; U C, U Cs be a tricode then it is said to
be reversible i.e., (apa;y ... a,.;) U(byb; ... b)) Ulcocy ... cry)
e Cifandonly if (an.; any ... a; ag) U (byg bys ... by bg) U(cy
Crz...c1cg) €C.
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The tricode generated by (1 111) (1 11111) (111
1 1) is a reversible tricode.

Is a cyclic n-code a reversible n-code? (n > 2). To be more
precise is a cyclic code a reversible code? Recall a code C is
said to be self orthogonal if C = C*.

We give the definition of self orthogonal n-code.

DEFINITION 2.1.27: A bicode C = C; v C; is said to be self
orthogonal bicode if each of C; and C, are self orthogonal
codes and we denote it by CcClieC=C,uC, cCt=Ct
(% Cgl.

Note: If only one of C; or C, alone is a self orthogonal code of
the bicode C = C; U C, then we define the new notion of semi
self orthogonal bicode.

DEFINITION 2.1.28: Let C = C; U C; be a bicode we say C is
said to be semi self orthogonal bicode if in C only one of C; or
C; is self orthogonal. We denote a semi self orthogonal bicode
by Cs' =C/tuC, C,cCrltor Cst = C, UCyt and C, = C5.

Now we proceed onto define the notion of self orthogonal
tricode and generalize the notion to n-codes.

DEFINITION 2.1.29: Let C = C; v C; U Cj; be a tricode, we say
C is a self orthogonal tricode if each of codes in Ci.e. each C; (i
=1, 2, 3) are self orthogonal and this is denoted by C — C* i.e.
C,uC,uC, c(C,uC, uCy)'=Ct vt vy

If even one of the C;’s in C is not self orthogonal (i = 1, 2,
3) then we say C is not self orthogonal tricode but C is only a
semi self orthogonal tricode i.e. in case of semi self orthogonal
tricode we denote it by Cs' = C/ UGt UC; where C; < Cft
and G _CCZl but C; gCﬁ or Csl = C]l v UC3l where C
cC/, C,zCland C; cCs'or Cs' = C/ v C, UCsie. C
alone is self orthogonal but C; and C; are not self orthogonal.
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DEFINITION 2.1.30: Let C=C, v C, v ... U C, be a n-code; C
is said to be self orthogonal if each of the n codes in C is self
orthogonal i.e. each CrcCyi=1 23, ... nanddenoted by
CcClie C,uC,u...uC,c(CruCu...uC) =C/*
v Gt U ... UGt Even if one of the Ci’s in C is not self
orthogonal then we do not call the n-code to be a self
orthogonal n-code.

However if in the n-code C = C; U C, U ... U C, some of the
codes are self orthogonal and some of them are not self
orthogonal then we call the n-code to be a semi self orthogonal
n-code.

Now we illustrate some examples of self orthogonal n-code,
tricode and a bicode (n > 4).

Example 2.1.37: Let us consider the bicode C = C; U C, where
C, is a C(4, 2) code, generated by x> + 1 and C, is a C(6, 3) code
generated by the polynomial x* + 1. Clearly C = C; U C, is a
self orthogonal bicode.

Example 2.1.38: Let C=C, U C, U C; be a tricode. C, the code
generated by x* + 1, C, = C(8, 4) is the code generated by x* + 1
and C; = C(4, 2) is the code generated by x> + 1. Thus C = C; U
C, U C; is self orthogonal tricode.

Example 2.1.39: Let us consider the 6-code C generated by the
6-polynomial ((x*+1) U (x*+1) U (x°+1) U (x*+1) U (x*+1) U
(x+1) ) where C =C; U C, U C3 U C4 U Cs U Cg with C; =
C(8, 4), code generated by x*+1, C, = C(6, 3) code generated by
the polynomial x’+1, C; is a code having the generator
polynomial (x’+1), Cy is a code with generator polynomial x*+1,
the code Cs is generated by the polynomial x*+1. Finally the
polynomial x”+ 1 generates the code Cs.

It is left as an exercise for the reader to verify that the 6-code is

a self orthogonal code with the generator 6-matrix G = G; U G,
UG3UG4UG5UG6
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2.2 Error Detection and Error Correction in n-codes
(n>2)

Now having defined the notion of n-codes (n > 4) we proceed
on to define the methods of decoding and error detection. We
know if we have any n-code C=C, U C, U ... UC, (n =2 4),
associated with C is the generator n-matrix G=G; U G, U ... U
G, and the parity check n-matrix H=H; U H, U ... U H,, then
G and H are related in such a fashion that GH" = (0) U (0) U ...
U (0). Now any n-code word in a n-code would be of the form

1l 22 2
(X X5 X, ) U (XXX ) U U(X] XS X ).

Now the operation of any n-code word on the parity check
n-matrix H is carried out as follows:

n

T _ 11 1 2.2 2 T
Hx = H[(xx;..x, JU(X] X5 ...X, )V WX X5 00X ) ]

11 1 \T 2.2 2\T
HI(x%;...%, ) U (X X;..X, ) U ..
U(X?X;...Xﬁn)T]

= [HHuHyuU ... UH,]

11 1 N\T 2.2 2\T T
(XXX, ) U (X X50X,)) U V(X XX ) ]
= Hl(x}xlz...xill)Tqu(xfxi...xiz)Tu...U
Hn(x?xg...xzn)T.

= (0)uO)u...u(0) @

Equation (I) implies x is a n-code word of C associated with the
parity check n-matrix H. Even if one of H.x/ # (0), 1 <i<n,

then we conclude the code word is not from C. Thus we say x €
C=C,uCuU...uUC,ifand only if Hx' = (0) U (0) U ... U
(0) otherwise x ¢ C and error has occurred during transmission
of the n-code.

Before we proceed further we define the notion of
Hamming n-distance of two n-code words x and y from the n-
code C. Let

1

x:(xlxlz...xill)u(x2 !

lxg...xiz)u LU XX, ) € C

where each (x| x, .. .xLi) € C; with G a (ny, k;) code.
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The Hamming n-distance between x and y is defined to be a n-
tuple of numbers (ty, ..., t,) where

o= dXX.X), MYy 1<i<n
where y = (v,¥5---¥,) U (V1 ¥2---¥2,) Yoo U (37 Y590 ) - SO
Ao y) = (@)L by,
AL XX ), (v ¥a ¥ ) ] oo
dl(x]x5..x3 ), (Y1 Y2 Yo ) D)
= (t,t, ..., t).

dx,x) = (0,0,...,0).
when
X = (11010)L(111111HUO000)V
(101010)LU(@O101010101)v
(111000110)eC
and
y = 01010)L(I01010HU(IT100)V
1111000101011 110DH) v
(111001000) eC.
Now
dx,y) = {d[(11010),(01010)],

d(1111111),(1010101)],
d[(0000), (1100)],
d[(101010),(111100)],
d[(0101010101),(1010111101)],
d[(111000110),(111001000)]}

= (1,3,2,3,6,3).

Here d is a Hamming 6-distance i.e., n = 6. The Hamming n-
weight of the a n-code x is defined as w(x) = d(x, 0). In case
X = (11010111111 1)U@O000)uv
(1010100u (0101010101)uv
(111000110) e Cs
we have w(x) = d(x, 0) =3, 7,0, 3, 5, 5). When n =1 we get
the usual Hamming distance and Hamming weight. When n = 2
we get the Hamming bidistance or Hamming 2 distance and
Hamming biweight or Hamming 2-weight. When n = 3 we get
the Hamming tridistance or Hamming 3-distance and Hamming
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3-weight or Hamming triweight and when n > 4 we have the
Hamming n-distance and Hamming n-weight. So it is
analogously defined for linear n-codes d(x, y) = d(x — y, 0) =
w(X — y). Thus the minimum n-distance of a n-code C is equal
to the least of n-weight of all non zero n-code words. If (d;, d,,
..., dp), denotes the minimum distance of a linear (n, k) code
then we call this n-code C as ((n;, ny, ..., n,), (ki, ko, ..., ky),
(dy, dy, ..., dy)) code.

Now this n-code equivalently be denoted by (n;, ki, d;) L
(Ilz, kz, dz) U... Y (Iln, kn, dn)

Now we proceed on to define the notion of n-sphere of
(ry, ..., ry) radius of a n-code word x € C; U C, U ... U C,. Let
X=X1UXU...Ux,eC;xeC,1<1< n.

S(rl,rz,m,rn)(x) = S(rl,rz,“.,rn)(xl UXZ U"'an)
S, (x) v S, (xX,)U...U S, (x,)
{yr € Z3d(xi, y1) <11} U {ys € Z7 /d(x,

y2) S0} U U {yn € Z)" /d(Xn, Yn) S Tn}
where x; =(xixi2...x;i) e C; 1 <i<n where Cjisa(n, k) -

code.

In decoding we distinguish between the detection and the
correction of errors. We say a n-code can correct (t;, ..., t,) +
(s1, ..., sp) = 0 errors, if the structure of the n-code makes it
possible to correct upto (ti, ..., t,) tuple of errors to detect (t;,
v t) (01, o0 Jn), 05 <5, 1= 1, 2, ..., n, tuple errors, which
has occurred during the transmission over a channel. Now we
have the following result.

Result: A linear n-code C =C; U C, U ... U C, with minimum
distance (d,, ..., d,) can correct up to (ty, ..., t,) tuple errors and
can detect (t; + ji, t, + o, ..., tn T jn) tuple errors with 0 <j <s;, i
=1,2,...,nif and only if each 2t; + s; < d;; 1 < i <n. Here C; is
a(n;, ki, dj) code,i=1, 2, ..., n.

Now we proceed on to define the notion of Hamming n-
bound. The parameter tuples (qy, -.., qu), (1, ..., 0,), (t;, ..., t),
My, ..., My) of a (t, ..., t,) tuple error correcting n-code,
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C=C(ny, ki, dy) U C(ny, ky, dp) U ... U C(ny,, k,, d,) over Fql U
F, v ...U E oflength (n, ..., n,) with (my, ..., m,), n-code

words satisfy the n tuple inequality

n, n,
M1[1+(q1—1)[1j+...+(q1—1)“(t Du

n2 n2
M2[1+(q2—1)[ | ]+...+(q2—1)t2 (t jju...u

n n,
Mn{1+(qn —1)[ 1nj+...+(qn —1)t [t J

SICHPE TS Ny

1.e., each

n. n.
Mi{(1+(qi—1)( 1‘)+...+(qi—1)‘i (t-lﬂ <q';i=1,2,...,n

1

As in case of linear codes we define in case of linear n-codes the
notion of a special class of n-codes where the n-tuple of vectors
are within or on n-spheres of radius tuple (ti, ..., t,) about the n-
code words of a linear (((ny, ..., n,), (ky, ..., ky))) code.

Now we illustrate a method by which error first is detected,
this is described for a n-code; n = 5.

Example 2.2.1: Let us consider a 5-codle C=C, U C, U ... U
Cs generated by the generator 5-matrix G=G, U G, U ... U Gs
where

aQ

I
S O
S = O
- O O
=
_ O —
S = =

C
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0001 0O
1 001 01
0 0 011
0 0 0 1 1 0

}u

1
0
0

1

0

0

1

1

0

0

1

1

;

0 0
1
0

The corresponding parity check 5-matrix;

1S a 5-matrix.

H; v H, UH;uUH,; U Hs.

H=

0 0 01
}u

1

0

1 01
1 1 0 1

1

0 0 01

1

1 0
0 0
0 0 01

1
0
1
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1 001000
1 100100
01 100120
1 01 0001

Now we give some of the 5-codes generated by G in the
following;

{000000)LU(OO000)LUOO0O00000)LU(OO0000)V
0000000),011100)UM010)U(IT101100)uv
101001001000, O00TITDHUOITII U
100011 1HUO1I1I11H)VUA001111),(000000)u
(1101H)u(@110001)U(10001)U(1010001)andso
on}.

Suppose we are sending a code x € C=C(6, 3) U C(4, 2) L
C(7, 3) U C(5, 3) U C(7, 4) the 5-code and we have received a

message

y = (111100)0U(101DuUA101101)uU
(11100)U@©111011);

HyT

I

)

()

)

C
1
—
S
(el

C

S O =
—_— O =
[
e}
C
—_— O
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1 0 00
00
X

0 0

0
0

0

0 0 01

1

—
=
~
) p)
S

1
o —_— O - -

e —
— 1
— S
Z — o D)
D _
—_~ oS _1101101
—

— 1
(=) — S O
— [
o —
52 Be- - c
—
= © — o ° - -
m —_ o o —_— O
Z - — o - < <
e — |

> - e
S
(=) O -

N — |
—
— I
—
—
—
e

S O -
S — O
— o O
S — O

1
0
1
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—_ O = =
S = = O
_ - O O
S O O =
S O = O
S = O O
- o O O

—__= O = = = O

=[100]"u00]"uo10"UO11]"U1110]"

This clearly shows the received message y is not a 5-code word
from C as Hy' # (0) U (0) U (0) U (0) U (0). Thus we have to
formulate a method to obtain the correct code word.

We make use of coset n-leader which we would be defining
now.

DEFINITION 2.2.1: Let G = G; v G, U ... UG, be a n-group. H
is a n-subgroup of G ie, H=H;, UH, U ... U H, where each
H; is a subgroup of G, i = 1, 2, ..., n. The coset of the n-
subgroup H of the n-group G is defined as,
gH=(g vgu..uvg)H
where
g=g g u.ug, G
with g; € G;, 1 <i <n; now
gH = (gugu..ug)H
(g, Vg V... Ug)H vU... UH)
= (g, vgH, U ... UgH,)
where g:H; is the coset of H; in G,
gH = {gh' /W eH) U{gh /W eH)} U ..U
le. " /W' € H,).

Now we can have a n-field Fql ) qu UL YU Fq“ orZ, Uz,

... U Z, also for when we have to define n codes we need the
notion of n-vector spaces and n-subspaces so we accept the
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structure of £, U F, U ... U F, even if each of g; are the same

prime number as special n-field which we can call as a pseudo
n-field. Thus Zs U Z; U Z3 U Z;; U Zy9 1s a n-field or to be
more precise a 5-field now, Z; U Z; U Z3; U Z3 U Z; is a pseudo
n field; likewise Z, U Zy, U Zy U Z, U Z, U Z, U Z, is a pseudo
6-field. It is pertinent to mention here a n-field or a pseudo n-
field is not a field. Now we can define n-vector space over the
n-field or pseudo n-field. We say V=V, U V, U ... U V, to be
n-vector space over the n-field, F = F, v F v ..U F (q -

prime number i = 1,2, ..., n) or over a n-pseudo field F = Z, U
Z, U ..U Z,if each V; is a vector space over E, (or Z); true

fori=1,2,..,n.80 V=2 Z?U ..U Z" is a n-vector
space over the n-pseudo field F.

Now if each n; is distinct i.e. n; # n;, if i # j for 1 <1, j <n,
then we say V is a n-vector space even if some of the n;’s are
not distinct then we call V to be a pseudo n-vector space over F
a n-field or over a pseudo n-field. Clearly if V=V, U V, U ...
U V, is a n-vector space over the n-field Fq] ) qu U... U Fqn

then each V; is a vector space over Fqi ,1=1, 2, ..., n. Further if
cach of the vector space V; over F_ is finite dimensional say of
dimension n; then each V; is isomorphic to F(; i1=1,2, .. n
Thus

V=F'UF»uU..UE"
is a finite dimensional n-vector space over the n-field, F = F, U
F,u .. U F_ and we say the n-vector space of finite

dimension i.e., V is (ny, ny, ..., ny)-dimension over F.

Suppose W = W, U W, U ... U W, be a n-subspace of V =
Viu VU ..U V,ie. each W; is a subspace of V;,1=1, 2, ...,
n and if each W; is of dimension k; over Fqi , 1 <1< n then we

say W is a n-subspace of the n-vector space over F = F U
qu U .Y Fq“ and W is a (ky, ko, ..., k,) dimensional subspace

of Vand W=W,uUW,u..uW, = Fc];] U F;; .Y F;H"Q
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where 1 <k;<n;;i=1, 2, ..., n. When we have the n-code these
concepts will be used for error correction as well as error
detection.

Now we just recall when we have a n-code C = C, U C, U
. Ch=C(n, k) U C(n, k) v ..uC(n,k,), then each C (n;,
ki) can be realized as a subspace of the vector space Z; over Z,

or to be more precise each C (n;, k;) is the subspace Zi < Z
over Z,; fori=1, 2, ..., n. Thus we can say

cC = C(l’ll, k]) U C(l’lz, kz) U... Y C(l’ln, kn)
= ZvouZhu.LuZh cZVuZPu. U Z

over Z,. This clearly shows each code in C is of length n; having

k; number of messages and n; — k; check symbols; 1 <i<n.
Now we proceed onto define the coset n-leader.

We see V=V, U V, U .. UV, is a n-vector space over the

pseudo n-field F =7, U Z, U ... U Z, of finite dimension (n;, n,,

.oy ). SO

V = ViuV,u..uV,
= 2V ZPU..UZr.

Let C be a n code over Z, where C is a (k;, ks, ..., ky)
dimensional code. Clearly C is a n-subspace of Vand V= Z)' U
7o v Zy ie.C=ZVU Z¥ U ..U Z5 is contained in
73O 7P v L.

Now we see C is a n-subgroup of the n-group V, so that we
can define the n-coset of C in V to be

x+C = {x=xUxU..UX,)+C | x € V}
(XIUXU ... UX)+(Z8 uZ2 u.u Zh)

(Wherex =X UXx, U ...UX,) € Z)'U Z2U ..U Z2) = {(x
+ZE)V Ut ZE) UL Ukt Zi) [ xe ZDU Z2 U U

Zy)ie.xje Zy;1<i<n}.

112



We know the coset of a subgroup H of a group G partitions
G; likewise the n-coset of a n-subgroup H of a n-group G will

partition G. In fact here we can realize V = Z)'U Z?U ... U
Z5» , the n-group will be partitioned by its n-subgroup C = Z}'
U Zgz U ... Y Z];" . The n-coset contains (2", 22, ..., 2" ) n-
vectors. Thus V is partitioned in the form

V = Z}UZPu..uZp
= {zyv v zZh U .U Zhy U D+ Z) U
(X + Z0) U U (P + Z0)) U+ Z2) U
(xP+ Z2yu . o (x? + 22y oL o {(xD + 2

U(xP +Z oo (x 7))

where t; = "™ —1;i=1, 2, ..., n. Thus we see a partition of
the n-group V = Z3'U Z2* U ... U ZJ" by C can be carried out
in the following way.
If
C = CGuGu..uC(C,

= C(p,k)uC(n,k)u..uC(n,ky,)

be the n-code, then we see

V = Z})UZPU..UZr
{x+C| x € V}
= {(xuxu..ux)+CuCGu..uC)
= {{XI+C1}U{x2+C2}u...u{xn+Cn}| Xi€ Z);i=
1,2,...,n}.

Now if y is the received n-code word then certainly y =y, U y,
U ... Uy, is such that y is in one of the n-cosets. If the n-code
word x has been transmitted then the error n-vector

e = (eqfver...uey)
(y—x)
(Y1=X1) Y .. U (Yo — Xn)
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where each (y; — xj) € xV+C,i=1,2,..,nand 1 <j <t
We will illustrate this by an example.

Example 2.2.2: Let C=C, U C,=C 4,2) U C(6,3) bea
bicode associated with the parity check bimatrix,

H:H1UH2

1 010
= U
1 1 0 1

and generator bimatrix

=
—_— O
O =
c o ~
o ~ o
o o

G:G1UG2

1 0 11
= U
01 01

The set of bicodes are given by
{0000)wU(©000000),(1011)LO00000),(0101)u
(000000),(1110)w(©O00000),(0000)U(100011),
1011)u@00011),0101HUIO0001D,(1110)u
(100011),(0000)w(@O01110),(1110w(OO0T1110),
0101H)uU(001110),(1011)w(@O01110)andso onj}.
Now we give the partition of Z; U Z using the bicode C =

C1 |\ Cz.

S O =
S = O
—-_ O O
—_— = O
[e)
O = =

0000 |1011]0101|1110]| code
words
10000010 ]ttot[orto]
010011110001 [1010] =
0010|1001 ]0111]1100

coset
leader
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000000

100011

001110

011011

code

words
100000 | 000011 | 101110111011
010000 | 110011 | 011110001011
001000 [101000[000110[010011]
000100 [100111[001010[011111] 2"
000010100001 | 001100]| 011001
000001 | 100010 001111011010
001001 | 101001 | 000111010010

coset leader

110110 111000010101 101101 | c0d®

words
010110011000 | 110101 001101
100110 101000000101 |111101
LL1110[ 110000 [0tttot[100101]
110010[111100[010001[101001] > "
110100 | 111010010111 101110
110111 111001010100 101101
111111110001 011100100100

coset leader

is the bicoset of C. Supposey=(1111)u (10011 1) be the
received bicode. We find

01 1100
; 1010
Hy! = Ull 01010
110 1
11000 1
x[(1111H) w0011
_ -
17 o
011100
1010 1l o
= ull 01 01 0 U
110 1 1|1
11000
1l |1
L —1—_

115



1

1 0
01 1100

1 01 01 0
= ulfl 01 01 0

110 1|1 1
1 10001

1 1

1

O 1)U(100)
(0) U (0).

W

So y ¢ C. Hence we now inspect from the coset bileader from
the table and we see the coset bileader where (1 1 1 1) U (100
I11)occursis(0100)uU(000100)=e=¢e; Ue,.

Now y =y, U y,. Find

X = ety
[(0100)w@O00100)]+[111T)w(10011D)]
[(0100)+(1111)]U[O00100)+(10011T1)]
(101 1)u(100011)eC.

Thus the sent messageis (101 1)u (10001 1).
Now we have the following set to be the bicoset bileader

{0000)U000000),(1000)U((100000),(1000)uU
(010000),(1000)U(001000),(1000)U000100),
(1000)L(000000),(1000)U(0©00010),(1000)uU
(000001),(1000)U(001001),(0000)U(100000),
(0000)U010000),(0000)U@0O01000),(0000)uU
(000100),(0000)U(000010),(0000)U00000 1),
(0000)UO01001),(0100)U000000),(0100)uU
(10000),(0100)U010000),(0100)U@001000),
(0100)U©00100),(0100)U©000010),(0100)uU
(000001),(0100)U(001001,(0010)U(©00000),
(0010)U(100000),(0010)UO10000),(0010)uU
(001000),(0010)U000100),(0010)U000010),
(0010)U(©00001),(0010)UO0100 1)}
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for the code C = C(4, 2) U C(6, 3).

Thus finding the sent message which is the bicode x and if y is
the received bicode and y ¢ C, y is determined by finding

Hy'! = (H UHyy'

H, VH) (y1 v Yz)T
(H; U Hy) (}’1T 1 Y2T)
Hiy," U Hay,'

IfHiy" U Hyy,' = (0) U (0) theny € C if Hyy," U Hay,' # (0) U
(0), we find the coset leader to which the code y; belongs to and
if e; is the coset leader to which y, belongs to, then we find the
coset leader to which y, belongs to. Let e, be the coset leader to
which y, belongs to. Then e = e, U e, is the bierror or the
bierror bivector. Now y + e = x gives the sent bicode word. e =
€| U e, is the bicoset bileader which will be found in the class of
bicoset leaders.

Now we proceed on to describe how in the tricode the error
is both detected and corrected using the tricoset leaders.

Example 2.2.3: Let C = C; U C, U C; be a tricode with the
associated parity check trimatrix

H:H1UH2UH3:

1110100
0111010V
1101001
1 00100
1 010
01 001 0|u .
1 1 01
001 001

The related generator trimatrix of the tricode is given by
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G:G1UG2UG3:

1 00 01 01
01 00111

U
001 0110
0001011
1 001 00

1 0 11
01 001 0|u .

01 01
001001

Clearly C=C (7, 4) U C (6, 3) U C (4, 2) is the tricode. The
elements of the tricode are as follows:

{0000000)UOO00000)U(0000),(1000101)uU
(100100)U(1011),010111HU@OI0010)U
(0101),(0010110)UO011)U110),(001011)uU
11111 1Hu@©000), (111111 HUATITITITI1uU
(1110),(1100010)U(110110)U(1110)andsoon!.

Supposey=(0111111Hu@O11111)u((l111)bethe
received tricode word. Find whether the received tricode word
is the correct message. If y is to be a correctly received message
than we must have Hy' = (0) U (0) U (0). Now consider

111010
Hy'= ([0 1 1 1 0 1 U
1101001
100100
1010
01001 0fu
1101
001001
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ot 1111 1ujotr 111 1utti ]

0] o

0

! 1

1 1101 0 0]l1 001001
=01110101u0100101u
110100110010011

1
1
_1_ C

1
10 1 0]]1
L 10 1} 1
1

=[[0o 'upt 0 o ulo 1]

#=(0)uw (0) U (0).

Thus y has error, i.e. the received message has some error. Now
we have to detect the error and obtain the correct message.
Consider the coset trileadere=(1000000)w (100000) v
(0 0 0 1); for the vector (0 1 1 1 11 1) of Z, falls in the coset
with coset leader (1 0 0 0 0 0 0); the vector (01 1 11 1) of Z,°
falls in the coset with coset leader (1 0 0 0 0 0) and the vector (1
1 1 1) of Z,* falls in the coset with coset leader (0 0 0 1). Thus
thetrivector (01 1111 1H)uwu@1111 1w 111)fallsin
the tricoset with the tricoset leader (100 0000) U (1000 0 0)
U@0001)=e=¢e Ue,Ues Thus y + e = x is the correct
tricode word which must be the sent message. Thus

y+e = [O0111111HuU(01I111IDHuUIlD]+[
000000)U(100000)U(0001)]
= [O111111)+(1000000)JU[O11111)+
(100000)JU((1111)+(0001))eC
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= C1 U Cz ) C3.
Now the same method can be used for any n-code; n > 4.

However we illustrate for a 5-code by an explicit example
before we proceed to dewell about other methods.

Example 2.2.4: Consider the 5-code C=C, U C,u C; U Cq U
Cs associated with the parity check 5-matrix

H:H1UH2UH3UH4UH5:

1 00 0 0
{1010}
01 0 01 O0|u U
1 1 0 1
001 0 01
1 1 110
010 01 0flu
0 1 00
1 111000
OOIOIOOUOIOOIO
1 01 0 010 01110 1|
01100 01

The corresponding generator 5 matrix

G:G1UG2UG3UG4UG5

1 011
U
01 01

S~ O
— o O

0
0
1

S O =
S~ O
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1 00 0101
01 00110
U
001 01 01
00011T1FPO0
1 000 0O
1 001010
01 0011
ul001 01 0 0 T|u .
0 01 0 01
00111 1
000101

The related 5-code words are as follows:

{000000)U0000)U(0000000)U(0000000)uU
(000000),(100100)UI011UN000101)uU
(1001010)U(100000),010010)U(1110)uU
(0100110)UO101001)UO10011),(001001)uU
(1110)U@O010101)UOOTIIITI1U@OOI00I)U

O00100HuUud110UOO01I01I0HUOOTITTTTU
(000101)and so on}.

Suppose y =y, Uy, Uy; UysUys =((111100)u(1111)
Uul11110000@O110001)U(O10101))be the
received word, we have to find whether y is a correct received
message. The simple test for this is to find Hy", if Hy' = (0) U
(0) U (0) U (0) U (0) then y € C i.e. y is the correct received
message. Now consider

10010
: 1010
Hy'=4/0 1 0 0 1 0| U v
110 1
00100
1 111100
0101010
010001
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|

x[(111100)'U(111D'UA111100)"U@O11000

D'U@O10101)"]

1 0 00
0 0101 {
U

1

|

0

1

1

0100

0
0

1

0

1

)

1

0

0100

1

1 000

0

0

0

010 01

|

1
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=(0)U O) U O)u (0)u(0).

Thus the received vector y ¢ C i.e. y is not the correct message;
now we have detected that this message has error, now we
proceed on to correct the error. This is done by finding the
coset-5-leader in which the 5-vectory=y, Uy, Uy; Uy, U Vs
occurs. Suppose, e =e; U e, Ue;Ue Uestheny +e=x
would be the corrected message and x € C=C; U C, U C3 U
Cyu C5.
Now the coset 5-leader in which y occurs is given by

e = 011000 U@0001)UOO00T100)U
(0011000)U(010000).
yte = [(1111000U(I11DHuU111100)uU

O110001)UOI0LI0N]+[011000)uU
©0001)U@OO00100)U@OO11000) U
(01000 0)]

= [(1111000+@©011000]uU1111)+
000N U1111100)+©0000100)]uU
[(0110001)+@©011000)]U[O10101)+
(01000 0)]

= (100100 U(I110UITI1000) U

(0101001)U000101)

X.

Now find

T 1 01 0
Hx = U U
11 0 1

S O =
S = O
— O O
S O =
S = O
—_ O O
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000
1
U
0100
[ 111000ufot1o0100 1]y

1

1
0010

1

0

0
0

1

0

1
1 000
It

(oot o0oul11 o0y

1 00 01

0

0
1

010 01
1 0

|

[0 oo 10 1)

0

0
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0
) 0
11110000 0
0 01 01 0 O 01 0 01 0}]]0

U 1| v

10100100 011 1 0 1]]|1
01100 01 0

0
1

1

= (000)"U0000) UO00) UOO00) U(O0).

Thus x is a 5-code word of C which is the corrected message i.e.
the sent message.

Now we proceed on to describe this more technically by
defining the term n-syndrome n > 4, bisyndrome and
trisyndrome.

DEFINITION 2.2.2: Let H = H; U H, be a parity check bimatrix
of a linear (n,, k;) U (ny, ky) bicode. Then the bivector

Sy) = Sv) US(2)

HyT
(H, UH) (v; Uys)"
(Hi VH) (v’ Uy,')
= Hy," UHy,"

of length (n; — k;) U (n; — k), is called the bisyndrome of the
bivectory =y; Uy,.

S() =S8(1) vS(y2) = (0) v(0)
if and only ify € C; U Cy; = C.

So") = 80%) = Sy UJ’21(1)) = Str1” Uy:?) if and
only if yV + C =y + Ci.e. ifand only if (v, Uy, ") + (C;
UGy = o)+ (CruCyie i+ C) o +
Cy) = (” + C) U? + C).

Ify =y, Uy, is the received message and e = e; U e, is the
error with y = x + e then
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Sp) = S VS(v2)

S(xt+e)

S((x1 Ux) + (e; + )

S(x; +e) Uy +ey)

S(x; +ey) US(x2+ er)

{S(x) +S(ey) } U{ S(xz) +S(er) }
= S(e;) U S(er)

asx =x; Ux;, e C=C; vCys0 S(x) =Skx; Uxy) =8Sx;) v
S(x;) = (0) U(0) i.e. y and e are in the same bicoset.

Let us consider how a trisyndrome of a tricode functions
and the tricoset leader. Let H = H, U H, U H; be a parity check
trimatrix associated with the tricode C = C; U C, U Cs. Any
tricode word in C would be of the form y =y, Uy, Uy; where
y; is the code word in C;, y; a code word in C, and y; the code
word in C;. HyT =8@) i.e
Sy vy, Uys) = (H, UH, UH;) (v, Uy," Uys')

= Hpy," UHy," UHy;"
St) US(z) US(y3).

This S(y) = (0) w(0) U (0) ifand only if y = y; Uy, Uy; €
C=C,uC,uCs. IfS(y) #(0) theny & C. S(y) = S(v;) vS(r2)
US(y3) is of length (n; — k) U (n; — k) U (n; — k3) is called the
trisyndrome of the trivector y = y; Uy, Uys. Thus S(y) = S(y1)
UShz) vSlyy) = (0) () @) ifand only if y e C; U Cy U
C3 =C.

S(y(“) — S(y(z)) — S(y”ﬂ) Uyz/“ Uy31(1)) _ S()/Iz(z) UyZZ(Z) Y,
v3:?) if and only if
[yu(” Uy21(1) Uysl(“] +(C,uCuCy)

= ()/12(2) Uyzz(z) Uysz(z)) +(C,uCuCy)
= (y”(l) +C) U(yzl(]) +Cy) U()’ﬂm +C3)
= 0i” +C) U+ C) U + Cy).

Ify =y; Uy, Uys is the received message and e = e¢; Ue, Ue;
is the error withy = x + e then

S S(vi) ©S(y) VS(v3)

= Sk+e
S((x; Ux; Uxsy) + (e Uey Ues)
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S (x; +e) US(xy+ey) US(xs + e3)

(S(x1) + S(er) U (S(xz)+S(ez)) C (S(x3) + S(es))
S(e;) US(ey) US(es)

as S(x;) = (0) fori=1, 2, 3. i.e., y and e are in the same tricoset
and e is taken as the leader of the tricoset to which the trivector
y =y; Uy, Uy; belongs.

Now in a similar manner we have the notion of n-syndrome
and n coset leader and n-error vector associated with the n-
code.

Let C=C; uCyuU... UC, bean code where C = C(ny, k;)
v Cmy, k) v... v Cmy, k) an-code (n >4). Any n vector y
would be of the formy =y, Uy, U... Uy, Any n-code x = x; U
X2 U ... x, would be such that each x; € C (n;, k;) is a code of
length n; with k; number of message symbols; i = 1, 2, ..., n.

Let H=H; UH, U.. UH, be the parity check n-matrix
associated with C = C; v C, U ... U C, the n-code. Let x = x;
Ux, U... Ux, eC=C, UC, U... UC, HX' = (H, UH, U ...
UH,) ") =(H, VH, U... UH,) (x," Ux," U... ux,)) =Hpx,"
UHx," . UHx, = (0) U(0) U... U(0).

If'y is any n-vector if Hy' #(0) o (0) U... U (0) theny & C
=C,uC u.. uC,

Now

Sw = H

= (H, VUH, U... UH,) (y; Uy> U... Up)"

= Hlle UHgygT ... UH,L)/,,T
isam—k) vmy—ky) v... Um,—k,) length n-vector defined
to be the n-syndrome of y. S(y) = (0) v (0) v ... v (0) if and
onlyify eC=C,vuCyu... vC,

Now if y is a received message to find the correct sent
message. In the first stage we detect whether the received
message is correct or not. This is done by calculating S(y) i.e.
by finding the n-syndrome of y. i.e.

Sy = H'

(H UH, U... UH )"

(H UH, U... UH,) (v," uy," U o))
Hlle UHgygT ... UH,L)/,,T.
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IfS(y) = Hlle UHgyZTU... UH,L)},,T
= (0) v@) u... V()

then we say the received message is a correct message and we
accept y as the sent message. If on the other hand S(y) # (0) v
(0) U... U (0) then we say the received message y has error.
The error has to be detected as S(y) =(0) v (0) ... U(0).

Now we find the error n-vector e = e; Ue, U... Ue, and
add e with y which is the corrected message. Suppose y = y; U
V) U... Uy, where each y; is a ni-length vector with k; message
symbols and n; — k; check symbols; true fori =1, 2, ..., n.

Now we find the n-coset leader for the n vector y =y; Uy,
U... Uy, Suppose e =e; Ue, U... Ue, is the coset leader then
weseey te=x=x; UXx; U.. UX, We have each e; is the
coset leader of the vector y;iny fori =1, 2, ..., n.

Now it is easily verifiedx e C=C; vC, U... UC, e Hx"
=8k =(0) () U... U(0).

Note: 1t may so happen that at times wheny =y, Uy, U ... Uy,
is the received n-vector and H = H; U H, U ... U H, the parity
check matrix of the n-code we have

Hy! = HUHU..UH) @ Uy Ve Um)
= H1y1T Y HzYzT U... Y HnynT
OuOu..u(©

H

but some of the Hyy;" = (0), and some of the ijjT #(0);1#] so
that resulting in Hy' # (0) U (0) U ... U (0) in which case we
take the coset leaders of those i for which Hiy;" = (0) to be (0 0
... 0) i.e. the coset leader of the n-code, C=C, U C, U ... U C,.
Thus we may not or need not in general have each Hy,' = (0); t
=1, 2, ..., n; some may be zero and some may not be zero, at
times it may so happen each Hyy," # (0), t = 1, 2, ..., n in which
case we will have each coset leader to be non zero. We have
illustrated this case in the 5-code given in the earlier example.
Now we proceed onto give the pseudo best n-approximation
to the received message when the received message has errors.
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This method gives us approximately the best n-code word
which is very close to the received message. To this end we
define the new notion of pseudo best n-approximation and
pseudo n inner product of a finite dimensional n-vector space V
=V,uV,uU ..U V,over n-field Z, U Z, U ... U Z,. For the
sake of completeness we recall the definition of n-vector space,
n-subvector space and a n-code.

Just for the sake of clarity and simplicity of understanding
we use the prime field Z, of characteristic 2. It is stated that the
results and definitions are true for any prime field Z, of
characteristic p (p a prime) or even over any non prime field of
characteristic p.

DEFINITION 2.2.3: Let V =V, vV, .. UV, be a n-vector
space of finite dimension (n;, n, ..., n,) over the n-field F = Z,
UZ, U... UZyie. each V;is a n; dimensional vector space over
Zy; i =1, 2, ..., n. The pseudo n-inner product on the n-vector
space V=V, vV, .. UV,isan-map (, ), (Here p = 2) from
VxV >F=12,Ul/Z U.. U Z, satisfying the following
conditions.

(1)  Then-map (,),= ()}, U(fy ..oy (ViUVsu..
uVy)yxV, o, u..ul,) =2, UZ, U... UZ, such
that (x, x), 20 for allx € Vie. (x; Ux; U... UXx,) €V,
UV, u.. UV, ie (xi, x;)]p U (%2, Xg)zp U U (X X0
20 v0 v... U0i.e. each (x;, x; ; >0fori=12,..,n
with x; € Viie. (, )’ 2 Vix Vi > Z;and (x, x), = 0 does not
imply each x =x; Ux, U... Ux, = (0) U(0) U... U(0).

2 &yh=@x)forallx,y eV="V UV,uU..UV,where
X=x U Ul Uxgandy =y, Uy, U Uy, le (X,
vilp =0 x)pi=1,2 .., n

3) (x+zyp=&yhtEyhforalxy zeVie (x, v
Xy U UXy) + (2, Uz U Uzy), (1 UY2 Ul Upy))

={(G, i)'y U (X2 p250 Ve U (X0 2IWDE+{ v
U (2, yz)zp U U(zyi)fp fforallx, y,z V.
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(4) (x,y+z)=(x;Ux;U..UX, (yy Uy U... Uy,) +
(z; Uzy U... Uzy))= (x; UXxy U... UX,, (v +2z)) Uy +
Z2) U U(yn + Zn)) = ((X], yl)lp 54 (Xz, yZ)Zp v.. v (xm
vl + (G z) )y U G 22) ) U U G 2)) for all x, y,
zeV=V,uV,u..uUl,

(5) (ax,y ), =oa(x, y), where
a=a, Vo, U...va, eL,UZ, ... UL,
X=x;Ux, U...Ux, eV=VulV,u... UV,

and
y=y, Uy U Uy, eV=VulV,u.. UV,
(ax,y)
= (o Vo U... Uay) (X UXx; U, UXy), (v Uy, U
e UV D

= ((a1x; Vonx: U... ayXy), (Vi VY2 U... Uy )y

= (ux,y)y U@xs y) U U X0 1)

= a; (X], Vi )Ip v a (XZ, yg)zp ... Uy, (x,,, Vn 1p

= (c UOKZU---Uan)[(xzyyz)]pu(xzyyz)zpU~-~
(X Y Sl

= al(xy)]

Similarly (x, By )y =B (x,y hforall o, f e F =2, UZ, U..
UZyandx,y e V=V, UV, .. UV, Wesay the n-vector
space V=V, UV, U... UV, over the n-field F = Z, U Z, U...
U Z, of characteristic 2 to be a pseudo n-inner product space if
the n-map (,), = ()]p v ()p2 U... U (), which is a pseudo n-
inner product defined on the n-vector space V=V, UV, U... U
V, over the pseudo n-field F = Z, UZ, U... UZ,.

Now we define the notion of n-subspace of the n-vector space V
over the n-field F.

DEFINITION 2.2.4: Let V =V, vV, .. UV, be a n-vector
space over the n-field F = Z, U Z, U... UZ, of dimension (n; U
ny, U... Un,) over F or of dimension (n;, ny, ..., n,) over F = Z,
UZ, U... UZ, then we have V = Z)' U Z* U... U Z)" . Let

W be a proper subset of Vie. W= W, oW, U... UW, where
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each W; is a subspace of dimension k; over Z,, fori =1, 2, ..., n,
then W is a n-subspace of dimension (k; Uk, U ... Uk,) or (k,,
ky ..., k) dimension over F =2, UZ, U... UZyie. W=W; U
Wy u... UW, where each W is a subspace of dimension k; over
Zyfori=1, 2, .., nthen Wis a n-subspace of dimension (k; U
ky ... Uk, or (k;, ky, ..., k) dimension over F = Z, UZ, U ...
L/Zg ie.

w = W, uWw,u..uUuW,
VAR AN OY Al ANV AN OY A

IR

ie ki <m,fori=1 2 .. n

Now we proceed on to define the notion of pseudo best n-
approximation of any n-vector = U B U ... U S, €V
relative to the (k;, k, ..., k,) subspace W of V; i.e. W =W, UW,
v..uW,cV=Vv vV, uvu.. uV,is a n-subspace of
dimension (k;, k, ... k,) i.e. W = sz‘ o szz U... U Zé‘" cZy v
Z? U... U Z). Let the n-vector space V=V, UV, U... UV,
over F =27, UZ, U... UZ, be a pseudo n-inner product space
with the pseudo n-inner product ( ), = ()]p v ()2,, ... U
(), definedonV.Let B=p oo U.. Uf, eV=V UV, U
Ve LeeW=W, voW,uv... oW, cV=V,uV,u..ul,
be a n-subspace of dimension (k; Uk, U ... Uk,) of V. The
pseudo best n-approximation to [ related to W is defined as
follows. Let a = { a;, v, ..., oy } be a n-basis of Wi.e. o = all

Vay U Uad,m=0 v U.Ua, ., 4=ad U
aé‘ U... U af is the n-basis of W=W, UW, U ... UW, e, a
={a Vay U...Ud, & Uan U..ua ., a Ua U

.U a,f} is the chosen n-basis of the k = (k; Uk, U ... Uk,)
dimensional subspace W of V. The pseudo best n-approximation
to Prelated to W if it exists is defined as follows:

Y (Bad,a = U (Baadal.

i=l t=1

131



k
If Z (B.a;),a; = 0 we say the pseudo best n-approximation

i=1
does not exist for this set of k-basis {ay, ..., o} = {( & a, ...
a)u(a o .. a)u. Ula o ..a)} Inthis case we
choose yet another set of k-basis for W say (vi, v ..., %) and

k
calculate Z (B.7:),7; and take this as the pseudo best n-

i=1

approximation to f3.

Now we apply this pseudo best n-approximation to get the most
likely n-code word. Let C be the n-code over the n field Z, U ...
UZ,=F;1e.C=CiuCyu..uC,bea(k,n)u(k,n)u..
U (ky, n,)) n-code i.e. C is a n-subspace of V=V, U V, U ... U
Vo= Z) U ZP V..U Z =V.

C=Zy U Z2U ..U Z&  Now in the above definition we
take C = W in the definition of n-pseudo best approximation. If

some n-code word is transmitted and B is the received n-code
word then

(1) Ifp € C, then B is accepted as a correct message.
(2) If B ¢ C then we apply the notion of pseudo n-best
approximation to 3 related to the n-subspace C in Z;' U

ny n
7720 ..U L.

Let us consider a k-basis for C say a = {c, ¢y, ..., ¢k} of C.
Now B ¢ C so relative to this basis we have the pseudo best n-
approximation as Z (B,ci>pci # 0 each c; is a basis of the code
C; which is a (n;, k;) code i.e., ¢; = (ci1 , ciz, s cLi ),1=1,2, ...,

k. Thus o = {(¢|, ¢}, ..., cil) U (e, e, ciz) U ... U (cf,

k k
Cys s Gy )}
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If = (Bi ci), ci = 0 then choose another set of k-basis D = {Dl,
k
D’ ..., D"} of Cand find x = ) (B,D'), D'.

i=l1
Then x is the pseudo best n-approximated message to 3 and
xeC=CiuCGu..uC(C,.

Note: With the advent of computers it is left for the computer
scientist to find programs to obtain the sets of basis for any C
code and also a program to find the pseudo best n-
approximation of f say acin C, ¢ C.

It is still a challenge for them to find sets of n-basis for the
n-code C = C; U C, U ... U C, and find the pseudo best n-
approximation to [ in order to wuse the formula

a= Z <B>Ci>p G-

Here it is pertinent to mention that a nice programming can be
made by the computer scientist / engineer to find a method of
obtaining different sets of basis. Once this is made it is easy for
any coding theorist to obtain the pseudo best n-approximation to
any received message which has error.

Still it is interesting to note that one can find sets of n basis
for the given n-code C which is the n-subspace of the space C
over Z,. Using these sets of n-basis the approximately correct
set of codes can be obtained.

Now using the Hamming n-distance i.e. if x = (xi,xl2 ) ey

1 2 2 2 _

Xy ) U (X 5X5, vy X)) U U(X],X5, w0, X, ) and y =
1 1 1 2 2 2 n n n

(Y15 Y25 oo Ynl) U (Y)Y - Ynz) U V(Y5 Yss oo Ynn)

are in C = C; U G, U ... U C,, then the Hamming n-distance
between x and y is the Hamming distance between each of ( x;

X5 ... Xini) and (y, v, ... yini) say t, 1 <1 < n then the

Hamming n distance between x and y is the n-tuple given by (t,,
ty, ..., t,) where any t; is the usual Hamming distance between

(x!x) ... x))and (yly) ... y!),j=1,2,...,n. We will choose

133



that best approximated message y’ which has least number of
differences from the sent and received message y.

We illustrate this by the following example.
Example 2.2.5: Let us consider the 4-code C=C, u C, U C; U
Cy where C; =C (4, 2), C, =C(6, 3), C; =C (6,3) and C, = C

(5,2) with generator 4-matrix

G:G1UG2UG3UG4With

1 0 1
G, ,
01 01
1 00 0 01
G,=/0 1 0 01 0f,
0 0 1 00
1 00100
G,=(0 1 0 010
0 0 0 0 1

and
1 0110
G, = .
01 011

Now the 4-codes are the collection of 4-code words

C = CGuGuUGCUC,
= {(0000),(1011),0101),1110}vw{000000O0),
(100001),(010010),001100),110011),

(101101),(011110),(111111)} U{00000D0),
(100100),(010010),001001),(110110),

(101101),111111)011011)}uU {0000 0),
(10110),(01011),(11101)}.
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Any 4-code word x = x; U X, U X3 U X4, Where x; € C;, 1 =
1,2,3,4. Now C=C, U C, U C3 U Cy4 is a 4-subspace of the 4-
vector space V=7, U ZS U ZS U Z) ie,C= Z; U Z) U
7, U Z3. Clearly all the four subspaces Z;, Z), Z, and Z}
are distinctas C; # Cj;1#J; 1 <1,j < 4.

Suppose we have received the messagey=(1111)u (11
1100w O111ITHudlll)=y,Uuy,Uy;Uys.
Clearly y ¢ C as the 4-syndrome S(y) = S(y1) U S(y2) U S(y3)
U S(y4) # (0) U (0) U (0) U (0). This is attained by using

H=H, UH, UH;UH,

0 0 1 0
U 1 00 0
1 000 0 1]
(1 0 0 0 0]
U 0010
001 00 1]
1 01 00
ull 1 01 0f;
01 0 01
as
S(y) = Hy'

(HIUH, UH; UHy) (y1 Uy, Uys Uys)'
= Hy," UHy, UHsys' UHyys
£ (0) U (0) U (0) L (0).

We get the basis of the 4-subspace C of V. Let
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B = {1011),0101)}u{(100001),(101101),
010010} U{(100100),(0100T10),
001001} U{10110)UO1011)}

be a 4-basis of C < V. To find the pseudo best 4-approximation
of y relative to the 4-subspace C. Clearly y ¢ C. Let x be the
pseudo best 4-approximation to y. Then

x = {111,101 1),1011)+(1111),010T1),
O10D)} U{(111100),(100001)),(100001)
+(111100),(101101)),(101101)+(01001
0),(111100)),(010010)} U{(O11111),(100
100)),(100100)+(011111),(010010)),(01
0010)+(011111),(001001)),(00100 1)} LU
((1111),10110),(10110)+(11111),(01
011)),(0101 1))}

= {101 1)+0}U{(100001)+(101101)+(010
010} U{100100)+0+0U{(10110)+(010

1 1)
= (1011 U@I1110)U100100)U(11101).

This x belong to C. Now the 4-Hamming distance is given by
(1, 3, 5, 1). Now if we {¢} is put small {¢} wish we can take
this as our sent code. Otherwise we now use a different set of
basis for the subcodes which gave the distance as 3 and 5 and
work for a better approximation. Let the set of new-basis for C
be {¢} U {(100001),(010010),(001100)} w{(1001
00,0O01001),(110110)} v {¢}. As the differences
hamming distance between the x; and y; is 1 and that of x4 and
y4 be 1. The new pseudo best 4-approximated code is

z = (101 DHU{111100)(100001)),(100001)+
((111100),(010010),(010010)+(11110
0),(001100)), (001100} U{(O11111)(100
100)),(100100)+(011111),(001001)),(00
1001)+¢011111),110110),(110110))u
(11101
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= (1011 U{100001)+@©10010)+0} U100
100)+0+(110110)} U(11101)
= (1011)u110011)UO10010)U11101).

Now the Hamming 4-distance between the received vector and z
is (1, 4, 3, 1). Clearly z € C. Now one can take this as the
received vector z or y, some may prefer z to y and others may
prefer y to z.

Now we have seen the methods of finding, detecting error
and correcting it by finding the pseudo best n-approximations.

The main use of pseudo best n-approximation than finding
the correct code by the n-coset method is by the n-coset leader
method we would get only one solution but in case of pseudo
best n-approximations we can find for the closest solution as
close to the received message by both varying the n-basis or the
very pseudo dot product used in the construction of the pseudo
vector space. So we have choice to choose the pseudo best
approximated message when the received message is erroneous.

We have mainly used these n-codes to construct the new
class Periyar linear codes. The n-codes will find their
applications in computers, in successfully sending the message
to satellites in cryptography and so on. These n-codes can also
used as the data storage matrices. We as a last class of n-codes
define the new notion of false n-code (n > 2).

2.3 False n-matrix and Pseudo False n-matrix

We define the new notion of false n-matrix and m-pseudo false
n-matrix (m < n). This is mainly introduced for the sake of both
defining the 1-pseudo false generator n-matrix, m-pseudo false
generator n-matrix in case of generator matrices of these special
codes. Also for defining the 1-pseudo false parity check n-
matrix, m-pseudo false parity check n-matrix (m < n) and the
notion of false parity check matrix.

DEFINITION 2.3.1: Let M = M; UM, U ... UM, if all of them

are equal i.e. M; = M, = M; = ... = M, then we call M to be a
false n-matrix. M; can be a square matrix or a rectangular
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matrix. If each of the matrix M; is a square matrix then we call
M a false square n-matrix. If each of the matrix M; is a
rectangular matrix then we call M to be a false rectangular n-
matrix. Now when n = 2 we get the false bimatrix, when n = 3
we get the false trimatrix for n >4 we get the false n-matrix.

Now we proceed on to define the notion of 1-pseudo false n-
matrix.

DEFINITION 2.3.2: Let M =M, UM, U ... UM, U ... UM, be
a union of n(n 2> 3) matrices if M; =M, = ... =M, ; = M, = ...
= M, and M; alone distinct in this collection then we call M to
be a 1-pseudo false n-matrix. If n = 2 we get the usual bimatrix.
Ifn = 3 we get the 1-pseudo false trimatrix, for n >4 we have I-
pseudo false n-matrix. If all the n matrices M;, M, ..., M..;, M,
Mi+1, ..., M, are m X m square matrices then we call M to be a
1-pseudo false n, m x m square matrix. If all the n-matrices M,
M, ..., M, M;, My, ..., M, are t X s rectangular matrices then
we call M to be a 1-pseudo false t x s rectangular n-matrix.

If all the matrices M, ..., My;, Mi;, ..., M, are m x m
square matrices and M; a t X t square matrix (t #s) then we call
M to be a I-pseudo false mixed square n-matrix.

If all the matrices M;, M, .., Mi;, My, .. M, are
rectangular s x t matrices and M; is a p x q rectangular matrix
then we call M to be a I-pseudo false mixed rectangular n-
matrices.

Now we illustrate them by simple examples.

Example 2.3.1: Let M =M, U M, U M; U My U M5 where

=M, =M; =M;

~N N = O
D WD 0 =
|

and
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M4

W O Wh =
B~ O O

5
4
8
2

Dhn = J9 W

Clearly M is a 1-pseudo false square 5-matrix.

Example 2.3.2: Let M =M, U M, U M3 U My where

and

5

7 9 11
1 2 3 4
6 7 8 9
11 12 13 4
2 1 0 9
1 2 3
M3=5 6 7
9 0 1
3 45

.
5
10
3
6

:M2:M4

()N \S e SRR N

clearly M is a 1-pseudo false mixed square 4-matrix.

Example 2.3.3: Consider M =M; U M, U M; UM, U Ms U

Mg where

and

O 3 O N

S v O W
S 0 = K
0 NN W
N = W
© NN A
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O 3 o0 =
S N W O
[ B \S BN
— W = Wn

0
1
5
6

A WO =

We see Mg is also a rectangular 4 x 7 matrix. M is a 1-pseudo 4
x 7 rectangular false 6-matrix.

Example 2.3.4: Consider the 1-pseudo false 5-matrix N = N; U
N, U N3 U N4y U Ns where

3112 31
051050
Nl: :N3:N4:N5
1 01 2 6 3
211 4 00
and

(3 1 2]

9 8 7

6 7 8

N2: .

4 3 2

1 0 5

_l 1 3_

Wesee N;,i=1, 3,4, 5 is the same 4 x 6 rectangular matrix
where as N, is a 6 x 3 rectangular matrix. Hence N is a 1-
pseudo false mixed rectangular 5-matrix.

Now we give examples of 1-pseudo false mixed n-matrices.

Example 2.3.5: Consider the 1-pseudo false 5-matrix M = M, U
M, U M3 U My U M5 where
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39 01 6
0 8 1 2 7
M1:M2:M3:M4: 1 7 2 3 8 )
1 6 3 4 9
14 5 4 5 0
a5 x 5 square matrix and
347 3 7 2
M,;=l1 5 8 1 5 6
2 6 9 8 4 9

a 3 X 6 rectangular matrix.
We call M to be 1-pseudo mixed false 5-matrix.

Example 2.3.6: Let M =M; U M, U M; U My U M5 U Mg be a
1-pseudo false 6-matrix where

3 4 1 2
9 8 7 6
M—M—M—M—M—1234
234565010
7 8 1 2
_9309_
and
2 1 4 3
9 8 6 7
M, =
39 75
4 0 1 9
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the 4 x 4 square matrix. Clearly M is a 1-pseudo mixed false 6-
matrix.

Now having seen all the 5 types of I-pseudo false n-
matrices we now proceed on to define the notion of 2-pseudo
false n-matrix (n > 4). We see when n = 3 we will have only
false trimatrix and the notion of 1-pseudo false trimatrix, cannot
exist i.e., we do not have the notion of 2-pseudo false trimatrix.
For 2-pseudo false trimatrix to be defined we need n > 4.

DEFINITION 2.3.3: Let M = M; UM, U ... UM, (n >4) be a
false matrix in which M; = M, = ... =M,.,and M,.; = M,. We
call M to be a 2-pseudo false n-matrix.

Before we proceed on to discuss more properties about these
class of matrices we give an example of it.

Example 2.3.7: Let M=M; UM, U M; UM, U Ms U Mg U
M- be a false 7-matrix.

Suppose
34 5 6 7 8 1
Ml: 1 0 2 3 4 5 6 :M3:M4:M5:M6
7 8 9 01 2 3
and
30 1 2 3]
4 4 5 6 7
M,=|5 8 9 0 1|[=M;
7 2 3 4 5
_1 6 7 8 9_

then we call M to be a 2-pseudo false 7-matrix.
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It is very important to note that in case of 2-pseudo false n
matrix n > 4. We give a few subclasses of 2-pseudo false n-
matrices.

DEFINITION 2.3.4: Let M = M; UM, U ... UM, be a 2-pseudo
false n-matrix, suppose M, = M, = ... = M, , be the same
square m * m matrix

a4, a, a,,
ay, 4y Ay
aml amZ amm
and
bll b12 blm
b b b
21 22 om
Mnfl = Mn - . . .
bm1 me bmm
a square m x m matrix where M; #M,_;; i =1, 2, ..., n— 2, then

we call M to be a 2-pseudo m x m square false n-matrix.
We give an example of a 2-pseudo m x m square false n-matrix.

Example 2.3.8: LetM = M1 |\ M2 |\ M3 |\ M4 U M5 U M6
where

M1:M3:M4:M5:

AN 00 NN W»n W
AN N W = N
~N = DO O
— o0 O o0 =
S O O W =

and
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S

Il

S

Il
0 D == N
N R W9
O N L o0 W
[\ RN N ENC I N
—_— O O O W

be 5 x 5 matrices. M is a 2-pseudo false square 6-matrix.

DEFINITION 2.3.5: Let G=G, v G, vG; VG, U ... UG, be a
2-pseudo false M matrix if G, = G, = G3 = ...= G, = (a;) be a
square n * n matrix and G,.; = G, be a square t X t matrix (t #
n) then we call G to be the 2-pseudo false m-matrix to be a 2-
pseudo false mixed square m-matrix.

We illustrate this by the following example.

Example 2.3.9: Consider the 2-pseudo false 7-matrix given by
M=M,uUM,uUM;uUM;uUM;suUMguU M; where

(3 8 11 4 5
712 1 2 3
M =Mz=My=M¢=M;=(4 5 6 7 &
9 10 11 12 13
1 2 12 5 15

a 5 X 5 square matrix.

AN W

3 1
M2:M5: 1 2
4 5

be a 3 x 3 square matrix. We call M to be a 2-pseudo false
mixed square 7-matrix.
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Now we proceed on to define the notion of 2-pseudo false
rectangular n-matrix.

DEFINITION 2.3.6: Let M =M; UM, U ... UM, be a 2-pseudo
false n-matrix. We call M to be a 2-pseudo false s x t
rectangular n-matrix if M; = M, =...= M,., = (ay), 1 <i <s and
I <j<tand M, =M, ;= (by),; 1 <i<sandl <j <t a; #b;.

We now illustrate this by a simple example.

Example 2.3.10: Let M =M, U M, U M3 U My U M5 where

301 2 3 4
I 56 789
M1 = M3 = M5 =
211 0 2 2
53 040 5
be a 4 x 6 rectangular matrix and
I 59 3 71
2 6 0 4 8 2
Mz = M4 =
3715 93
4 8 2 6 0 5

a 4 x 6 rectangular matrix. We call M to be a 2-pseudo false 4 x
6 rectangular 5- matrix.

Now we proceed on to define the notion of 2-pseudo false
mixed rectangular 5-matrix.

DEFINITION 2.3.7: Consider the 2-pseudo false m-matrix N =
N; UN, UN; U ... UN,, (m >4). We say N is a 2-pseudo false
mixed rectangular m-matrix if M; =M, =...= M,, >, = (a;) is a s
X t rectangular matrix s #tand 1 <i <s and 1 <j <t and M, ,
=M,, = (by), ap x q rectangular matrix p #q and p #s (or t #

q)
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Now we illustrate this by the following example.

Example 2.3.11: LetM = M, UM, UM; UM U Ms U Mg U
M; U Mg be a 2-pseudo false 8-matrix.

2 6 3 41 2 3
M1:M2:M4:M5:M6:M8: O 1 2 3 4 5 6
78 9 01 3 2
be a 3 x 7 matrix. Let
31 3 1 5 9
4 2 5 2 6 0
M3:M7:
50 2 3 71
6 1 8 4 8 5

a 4 x 6 rectangular matrix. M is a 2-pseudo mixed rectangular
false 8-matrix.

Now we proceed on to define the notion of 2-pseudo mixed
false n-matrix.

DEFINITION 2.3.8: Let M = M; UM, UM; v ... UM, be a 2-
pseudo false n-matrix. If M; = M, = ... = M, be a rectangular
(or square) p % q (t x t) matrix and M,.; = M, be the square (or
rectangular) t X t (or p % q) matrix, then we define M to be a 2-
pseudo false mixed n-matrix. Here ‘or’ is used in the mutually
exclusive sense.

We now illustrate this by the following example.

Example 2.3.12: Let G= G, U G, U G3 U Gy U Gs be a 2-
pseudo false 5-matrix where
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1 34 5 6 7 8
2 9 8 7 6 5 4
G1:G3:G5:
323 21 0 6
4 1 01 5 2 1
1s a 4 x 7 matrix and
3 4 5 6
7 8 9 0
GzZGn:
1 2 3 4
01 9 3

is a 4 x 4 square matrix. Hence G is a 2-pseudo false mixed 5-
matrix.

Example 2.3.13: LetP=P, UP, UP; WP, UPs UPsUP;be a
2-pseudo false 7-matrix. Here

1 2 3 4 5]
6 7 8 9 10
P,=P;=P,=Ps=P,=[11 12 1 3 14
15 7 14 10 1
6 5 4 3 2

is a5 x 5 square matrix and

is a 3 x 6 matrix. Thus P is a 2-pseudo false mixed 7-matrix.
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Now we proceed on to define the notion of 3-pseudo false n-
matrix n > 6. We see when n = 3 (or 4 and 5) we can get only a
I-pseudo false matrix (or a two pseudo false matrix)
respectively. For n = 4 we cannot have a 3-pseudo false matrix
for it will turn out to be a 1-pseudo false matrix.

Thus for one to define even the notion of 3-pseudo false n-
matrix we need n > 6.

DEFINITION 2.3.9: Let M = M; UM, U ... UM, be a pseudo
false n-matrix (n 2 6) where M; =M, = ... =M, ;= (ay) =4, a
matrix and M, , = M, ; = M, = B with A #B. Then we call M to
be a 3-pseudo false n-matrix. If in a 3-pseudo false n-matrix M
both A and B are m x m square matrices then we call M to be a
3-pseudo false square n-matrix. If in the 3-pseudo false n-matrix
M both A and B happen to be a p x q rectangular matrices then
we call M to be a 3-pseudo false rectangular n-matrix.

If in the 3-pseudo false n-matrix M = M; UM, v ... UM,
A=M,=M,=..=M,; happen to be a m x m square matrix
and B=M, , =M, ; =M, beat xtsquare matrix (m #t) then
we call M to be a 3-pseudo mixed square false n-matrix. If in
the 3-pseudo false n-matrix M = M; UM, U ... UM,, M; = M,
= ..=M,3=Abeam Xmsquaremamx (or at x s
rectangular matrix) and M, , = M,.; = M, = B be ap X ¢q
rectangular matrix (or a s X s square matrix) then we call M to
be a 3-pseudo false mixed n-matrix.

Now we will illustrate this by the following examples.

Example 2.3.14: Let M = M, U M, U ... U Mg be a 3-pseudo
false 8-matrix where

371 5 8 10
M1:M3 M5 M7—Mg 1 2 3 4 5 6
7 8 9 10 11 1

and
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M2:M4:M6:

W 3 =
A OO DN
wh O W
AN © b
~N = W
(> <2 \S o)\

where both the matrices are 3 x 6 rectangular matrices. Clearly
M is a 3-pseudo rectangular false 8-matrix.

Now we proceed on to give an example of a 3-pseudo
square false n-matrix.

Example 2.3.15: Let M =M; U M, U M3 U ... U M; be a 3-
pseudo false 7-matrix, where

31 5 9

o 1260
MemMmMemM =5 3

6 4 8 2

be 4 x 4 matrix and

1 2 3 4

M, = M = M, = 5 6 7 8

9 01 2

3 4 5 6

a4 x 4 square matrix.

We see M is a 3-pseudo square false 7-matrix.

Now we give an example of a 3-pseudo mixed square false
n-matrix.

Example 2.3.16: Let M = M; U M, U M3 U ... U Mg be a 3-
pseudo mixed rectangular matrix where

M1:M2:M3:

AW N =
0 3 N W
N o= O O
SN L N W
S O 0
AW N =
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and

M4:M5:M6:

N = N =
o B S Y
O W o0 W
S B~ O B~
— QN O W

Clearly one set of matrices is a 4 X 6 rectangular matrix where
as another set of matrices is a 4 x 5 rectangular matrices. Thus
M is a 3-pseudo mixed rectangular false 6-matrix.

Example 2.3.17: Let M =M; U M, U M3 U ... U Mg where

1 5 6 7
12890
M;=M;=M;=Mg=M;= 31 92 3
4 5 6 7
and ) .
4 3 2 1 9
6 7 8 9 0
M;=My=M;=[1 3 5 7 4|.
2 4 6 8 5
1 0 8 7 3]

We see M is a 3-pseudo mixed square false 8-matrix. Now we
present an example of a 3-pseudo mixed false n-matrix.

Example 2.3.18: Let M = M; U M, U M3 U ... U My be a 3-
pseudo 9 matrix where

1 2 3 4 5 6 7
§ 9 10 3 11 12 13|=M;=M;=
3 14 15 6 16 8 9
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M4:M5:M7:Mg

and

M3:M6:M9:

_— N = W
oo O N B
O = W W
S 0 B~

a4 x 4 square matrix. M is a 3-pseudo mixed false 9-matrix.

Example 2.3.19: Let M =M; U M, U M3 U ... U M; where

1 2 3 4
58 11
MEMmMmM = e 9 g s
7 10 5 8

and

1 4 5 6 7 8
M2:M4:M6: 2 9 10 1 2 3
34 5 6 7 11

a 3 x 6 rectangular matrix. M is a 3-pseudo mixed false 7-
matrix.

Now we proceed on to define the notion of m-pseudo false
n-matrix m <n and (n > 2m) m > 3.

DEFINITION 2.3.10: Let M = M; UM, U ... UM, be a pseudo
false n-matrix we call M to be a m-pseudo false n-matrix (n >
2mand m >24) if M, =M, = ... =M, = A and My+; = My1; =
w. =M, = Bwith A #B. If in the m-pseudo false n-matrix (n >
2mand m >4) M =M; UM, U ... UM, if we have M; = M, =
e =M, = A beat *tsquare matrix and My+; = My = ... =
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M, = B be at x t square matrix but A # B then we define M to
be a m-pseudo t * t square false n-matrix.

We see if the conditions on m and n are not put we may not
have the definition to be true.
Now we proceed on to give an illustration of the same.

Example 2.3.20: Let M = M, U M, U ... U My be a false 9-
matrix where M; = M; = M5 =M; =My = A and M, = M, = Mg
= Mg =B (A = B). We see M is a 4-pseudo false 9-matrix.

The following observations are important. (1) when the
false n-matrix is a false 9-matrix we cannot have 5-pseudo 9-
matrix to be defined we can have only 4-pseudo 9-matrix or 3-

pseudo 9-matrix or 2-pseudo 9-matrix or 1-pseudo 9-matrix to
be defined. Clearly 9 > 2.4 here n =9 and m = 4.

Example 2.3.21: Let us consider M = M; U M, U ... U M), be
a pseudo false 12-matrix. We see M can only be a maximum 6-
pseudo false 12-matrix however it can be a m-pseudo false 12-
matrix m =1, 2, 3, 4, 5 and 6. Clearly M is not a 7-pseudo false
12-matrix. We see if M; = M3 = M5 = M; = My = M;; = A and
M2=M4=M6=M82M10=M12=B(AiB)thenMisa6-
pseudo false 12-matrix.

Now we proceed on to define various classes of m-pseudo
false n-matrices (n > 2m, m <n).

DEFINITION 2.3.11: Let M = M; oM, U ... UM, (n >2m and
m < n) be a m-pseudo false n-matrix. If M; = M, = Ms = ... =
M,, = A where Ais at x t square matrix and M,+; = My+r = ...
=M, =B, Balso at % tsquare matrix with A # B then we call
M to be a m-pseudo square false n-matrix. If on the other hand
in M = M, = ... = M, = A, A happens to be a p x ¢
rectangular matrix (p #q) and My = My = ... =M, =B, (4
#B) but B is also a p x q rectangular matrix than we call M to
be a m-pseudo rectangular false n-matrix. Suppose we have M,
=M,=..=M,=A4to beap * p square matrix and M,; =
My = ... =M, =Btobeat X tsquare matrix (p #t) then we
call M to be a m-pseudo mixed square false n-matrix if we have
in the false n matrix M = M; UM, U ... UM,, M; =M, = ... =
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M, = A, A ap % q rectangular matrix and M1 = Myir = ... =
M, = B, at x s rectangular matrix p #t (or q #s) (or not in the
mutually exclusive sense) then we define M to be a m-pseudo
mixed rectangular false n-matrix.
Let M =M; UM, U ... UM, be a m-pseudo false n-matrix
we say M is a m-pseudo mixed false n-matrix if M = M; UM,
.UM, =Ais ap X p square matrix (or at X st #s a
rectangular matrix) and M) = My = ... =M, =Bisat X s
rectangular (or a p x p square matrix) then we call M to be a
m-pseudo mixed false n-matrix.

Now we illustrate these by the following examples:-

Example 2.3.22: Let M = M; U M, U ... U My be 4-pseudo
false matrix where

31 2 3
M—M—M—M—M—M—1456
1 3 4 6 7 8 2 7 8 9
501 2
a 4 x 4 square matrix and

0 9 8 7

Moo= Me = Mo — M- — 6 5 4 3

2 5 9 10 2 1 0 1

2 3 45

a 4 x 4 square matrix. Clearly M is a 4-pseudo false to matrix
which is a 4-pseudo square false 10 matrix.

Example 2.3.23: Let M = MuM, UM U ... UMp, be a 6-
pseudo false 12-matrix where
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M1:M3:M5:M7:M9:M11: 2 3

3 8 0
be a 3 x 7 rectangular matrix and

9 6 4 1
M, =My=Mg=Ms=M;p=M,=| 8

7 2

be a 3 x 7 rectangular matrix. We see M is a 6-pseudo
rectangular false 12-matrix.

We see a twelve matrix can maximum be only a 6-pseudo
false 12-matrix and can neverbea 7 or 8 or 9 or 10 or 11
pseudo false 12-matrix.

Example 2.3.24: Consider the false n-matrix M = M; U M, U
... U M;5 where

M, =M, =M3;=My=Ms=Mg=Ms =

AN N BN W
<N b = o
o WL N O
o N W O

be a 4 x 4 square matrix and

~N N

3 2
M;=Mg=Moy=Mjg=M; 1 =Mp=Mpi =My = 0 5
9 8

a 3 x 3 square matrix. Clearly M is a 7-pseudo mixed square
false 15-matrix.
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Example 2.3.25: Suppose M =M, UM, UM U ...UM, bea
false pseudo 17-matrix where

M, =M, =M¢=M;=Mg=My=M,;o=Myy

1 56 78 9
121 2345 6
137 8 9 0 11 1
412 6 8 4 3 10

a 4 x 7 rectangular matrix and

M; =My =Ms=M;; =M, =M;j3 =My =M;s =M

I
0 9 N U W
W = N O =
N O N O N

be a 5 x 3 rectangular matrix, then M is a 8-pseudo mixed
rectangular false 17-matrix.

Example 2.3.26: Let us consider the 18-matrix M =M; U M, U
M; U ... U Mg where

16 7 9
2 10 9 7
M =M;=M3=...=Mg=My=|3 6 5 3
4 2 1 11 9
5 8 7 6 5

a5 x 5 square matrix and
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301234567
1 89192873
Mip=My=..=My=|4 4 5 9 8 7 6 5 4
5321456738
6 0130709 0]

a 5 x 9 rectangular matrix. We see M is a 9-pseudo mixed false
18-matrix.

Example 2.3.27: Let M =M; U M, U ... U My be a false 9-
matrix, where

1 0 3 428 9
M_M_M_M_M_25102l
T3 487 600

4 1 2 3 4 5

be a 4 x 6 rectangular matrix and

3 6 1

M2:M4:M6:Mg: 4 7 0

5 10 9

be a a 3 x 3 square matrix. M is a 4-pseudo mixed false 9-
matrix. Clearly M is not a 5-pseudo mixed false 9-matrix.

2.4 False n-codes (n > 2)

In this section we introduce yet another new class of codes
called false n-codes which can find its applications in
cryptography. If false n-codes are used it is very difficult to
hack the secrets. They can also be used in the place of codes
with ARQ protocols.
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DEFINITION 2.4.1: Let C = C; v C, be a bicode if C; = C; then
we call C is a false bicode.

Example 2.4.1: Let C = C; U C, where C, is generated by

0 00 01
G, 1 0010
10 0 0 0]
and C, generated by
000 0 1]
G,=/0 1 0 0 1 0}.
001 1 0 0]

ie.C=1{(000000),(100001),(010010),(001100),
(110011),101101),(011110),(111111)}u
{000000),(100001),(010010),©01100),
(11001 1);(101101),(011110),(111111)}.

This false bicode has the following main advantages or

purposes.

1.

If they want ARQ messages they can use false bicode so
that when the message is received if both vary one can
take the better of the two or at times one may be a correct
message and other a wrong message.

2. Also when they are not in a position to get or transform
the channel as ARQ protocols then also these false
bicodes may be helpful.

3. When false codes are used in crypto system it can easily

mislead the hacker thereby maintaining security.

We will however illustrate this by one simple example.

Example 2.4.2: Let C = C; U C; be a false bicode where C; = C
(7.3) code C; is generated by the generator matrix
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1 001 010
G=|/01 00101
001 1 001
The false bicode is given by
C = {(0000000),(1001010),O10010T1),
OO011001),1101111),(10100T1 1),
0111100),(1110110)}v{(00000O0O0),
(1001010,0100101), 001100 1),
@101111),1010011H,O111100),
(1110110)}.

Suppose some message X = (X; X3 X3 ... X7) U (X] X2 X3 ... X7) € C
the false bicode is sentand ify=(1111111)u (110111
1) is the received message, wesee (1 1 1 111 1) ¢ Cyonly (1 1
01111)e Cso the correct message is takenas (110111 1)
or one assumes (1 1 0111 1) to be the sent message.

This false bicode save the user from unnecessarily spending
money over sending the message or asking them to send the
message several times that too when the ARQ protocols are
impossible. We give another important use of these false
bicodes. If the sender wants to maintain some confidentiality he
would send from the false bicode C = C; U C,; a bicode word x
Uy € C where the sender knows only one message is relevant
and the other is only to misguide the person who would try to
know the confidentiality of the message. He would be certainly
mislead. Thus the confidentiality can be preserved.

Now we proceed onto to define false tricode and false n-
code.

DEFINITION 2.4.2: Let C = C; U C, U Cs be a tricode where C;
= C, = Cj then we call the tricode to be a false tricode.

We illustrate this by the following example.
Example 2.4.3: Let C = C; U C, U C; be a tricode where C; =

C,=C3=C (7, 4) alinear code i.e. the generator trimatrix of C
is
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G1UG2UG3

G=

1
1
0 00
0

o O —
S o —~ O
oS — O O
—_ o O O
D)
—_— O =
S — O —~
— - O O
oS O O —~
o o —~ O
S — O O
— o O O

1
1
000

1 0

1

0 00
1
0

0 00

1
0
0

0000000),(1000101), 01001 10),

0010001),@©001011),(110001 1),
O0O110111,0011010),(1010100),
O101111,(1001110),(11100T1 0),
0111100),(1101000),(1011010),
(1111001 U{0000000),(1000101),
0100110,0010001),00010T1 1),
(1100011,0110111),00110T1 0),
(1010100, ©101111),(1001110),
(1110010),@©0111100),(110100O0),
(1011010), 1111001} U {(@000000OO0),
(1000101),0100110),001000 1),
©0001011,(1100011),0O110171 1),
0011010),(1010100),010111T11),
(1001110,(1110010),(0111100),
(1101000),(1011010),(1111001)}.

The false tricode

C

Yivuy Y

Any x,y,z € Cisofthe formx =x; Ux, UX;3,y
V3, Z=721UZ U737, X,y € G, 1 <13,

(1111001)

Now if x is sent and y is received where y
11100100 0111100)=y,; Uy, y;and if the

messages in X

X1 U X, U X3 only x; is aimed to be the code to
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be sent or used where as X, and x; are used to mislead the
hacker then while decoding this tricode the receiver will not
bother about y, and y; he will only decode y;. Thus when one
uses such trick the data will be protected to some extent. If we
increase the tricode from 3 to an arbitrarily large number say n
then even pitching at the truly sent message would be
impossible. To this end we define the false n code.

DEFINITION 2.4.3: 4 code C = C; v C, U... v C, where C is
an n-code (n >4) but in which C; = C, = C; = ... = C, then we
call C to be a false n-code.

We just give an example of a false n-code.

Example 2.4.4: Let C=C; U C, U C; U C4 U Cs where each C;
is a linear code generated by the generator matrix

S = O O
- o O O
S = = O

0
0
1
1

S O = O
S O O =
—_— O = =

1=1,2 ..., 5. The 5-code

C = C1UCzUC3UC4UC5(C1:C2:3:C4:C5)
{00000000),(10001100),(01000110),

(00100011),00010101),(11001071 0),
(01100101),(00110110),(1010111 1),
(01010011),(10011001),(11101001),
(01110000),(11011111),(1011101 0),
(11111100)} U{(00000000),(10001100),
(01000110),00100011),(0001010 1),
(11001010),01100101), (001101 10),
(10101011),(01010011), (1001100 1),
(11101001),(01110000),(1101111 1),
(10111000),(11111100)}U{00000000),
(10001100),01000110),001000T1 1),
(00010101),(11001010),(01100101),
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(00110110),(10101011), (0101001 1),
(10011001),(11101001), (0111000 0),
(11011111),(10111000),(11111100)} U
{00000000),(10001100),(010001 10),
(00100011),00010101),(1100101 0),
(01100101),(00110110),(1010101 1),
(01010011),(10011001),(11101001),
(01110000),(11011111),(10111000),
(11111100)} U{00000000),(10001100),
(01000110),00100011),(0001010 1),
(11001010),01100101), (001101 10),
(10101011),(01010011),(1001100 1),
(11101001),01110000),(1101111 1),
(10111000),(111111100)}.

Note if x € C then x =x; U X, U X3 U X4 U X5 where x; € Cy, 1
<1< 5; each of the x;’s can be distinct or Xx;’s can be the same.
Forinstanceletx=(01110000)u(11011111Hu@01
11000)u(11111100)U(10001100)we see each of
the elements in x is distinct.

Lety=(011100000w(@01110000)w (0111000
0)u1110000),(01110000) e C, we see each of the
elements in y are one and the same. Bothx,y e C=C, U C, U
C] UC] UC].

Now we proceed onto give the uses.

When one wants to use confidentiality in sending the message
so that the intruder should not break the message in such cases
we can use these false n-codes. That is in the false n-code x = x;
U X U ... U X, he can enclose the message say in one or more
of the code and just sent the code x when he receives the
message he need not decode or even verify whether the codes in
other coordinates are correct code words but just decode only
the codes which carries the message. Thus false codes play a
major role in keeping the key intact i.e. the hacker cannot hack
it. This can be ones private e-mail or any other thing in which
confidentiality is needed.

Yet another use of this false n-code is when the message is
sent and if the received message has error then they make an

161



automatic repeat request this can be avoided instead the
message after calculating the time period they can so place the
length of the code so that we get the same message transmitted.
This can be done any desired number of times. Use of this false
n code would certainly be economically better when compared
to using the method of ARQ protocols where it is at times
impossible to capture the message after a time like photographs
by moving satellites or missiles.

Now we proceed on to define the notion of 1-pseudo false
n-code (n > 3). For when n = 2 we have the 1-pseudo false
bicode coincides with the usual bicode which is not at all a false
bicode.

DEFINITION 2.4.4: Let C = C; « C, U C;s be a tricode in which
C; = C, and C; is different from C;, then we define C to be a 1-
pseudo false tricode.

We illustrate this 1-pseudo false tricode by the following
example.

Example 2.4.5: Let us consider the 1-pseudo false tricode C =
C, U G, U C; where C; # C, generated by the pseudo false
trimatrix

G= G1 |\ G2 |\ Gz =

001100
01 00

0 0 0 0
U 0 010
001 00
1 00 0
ul0 1 0 ;
00 0
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The 1-pseudo false tricode

C = {(0000000),(1001100),0100T110),
0010011),(1101010),@O110101),
(1011111),(1111001)}U{000O0O0DO0),
(100100),(010010),(001001),(110110),
O11011,1011010,111111)} v
{000000),(100100),(010010),(001001),
(110110),(011011),(101101),(111111)}.

Any x =x; U X; U X3 is such that x; € Cy and x; € C,, x5 € Cs
1.e.x=(1001100)w(100100)Ud1111orx=(11
1100H)uwu@©1101DHuwu(@11011).

Now we proceed onto define 1-pseudo false n-code n > 3.

DEFINITION 24.5: Let C=C, v (C, ... vC U... vC, bea
union of n number of codes (n >4). If C; =C,=... =Ci; = Ciyy
=.=Coand C;#Cifizjj=123 .,i—-1,i+1 ..,n
then we call C to be a 1-pseudo false n-code i.e. in the set of n
number of codes C;, C,, ..., Ci;, C, City, ..., C, only C; is
different and all the other n-1 codes are one and the same.

Now we give an example of a 1-pseudo n-code, n > 3.

Example 2.4.6: Let C = C1 U C2 o C1 U Cl o C1 U C1 bea 1-
pseudo false six code generated by the 1-pseudo false 6-matrix

G:G1UG2UG1UG1UG1UG1

where
1 0110 1 1]
1{0101101_

and
1 001001
G,=[0 1 01110
0011001
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The 1-pseudo false 6-code

C = {(0000000),(01
(1110110) U {00
(0101110),(001
O110111),(1010
{0000000), (101 1, (010110 1),
(1110110)}U{0000000), (101101 1),
0101101, (1110110)}U{(000000O0),
(1011011),0101101),(1110110)}u
{(0000000),(1011011),0101101),
(1110110)}.

011,0101101),
0000),(100100 1),
001,(1100111),
00
01
0

1
0
1
000, (1111110)}u
1

Any element x in C would be of the form x =x; U X, U X3 U X4
U X5 U X Where X, X1, X3, X4, X5 and X are of length seven but
x€ Candx; € C,1=1,3,4,5,6, ie.x=(1011011)u(l
111110)wu@101101HuU(1011011HUA110110)
U(l01101N)orify=yiUyp U0y UysUys=(1011
01hHud010000)u(lO01101I w0110V
011011)u(1011011)ie.,allthey;areequalto(1011
011)fori=1,2,3,4,5,6andy,=(1010000) € C,. Note it
is interesting to mention when n = 3 we get the 1-pseudo false
tricode.

Note: 1t is interesting to note that if n > 2m we can have
maximum only a m-pseudo false code we can never have m + r
—pseudo false n-code where r > 1. Another interesting factor to
make a note of, is if n = 2m + 1 then also we can have
maximum only a m-pseudo false (2m + 1)-code. Here also we
cannot have a m + r-pseudo false (2m + 1) code r > 1. This is
the very property of t-pseudo false n codes. These class of t-
pseudo false n-codes will be very useful when we want to send
2-repeated messages of different lengths we can use it to send 2-
different messages of different length when we are not in a
position to demand for ARQ protocols or when we want to send
secret message which should be kept as very confidential (n >
2t; t <n).
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Now we define yet another new class of pseudo false codes.

DEFINITION 2.4.6: Let us consider a n code C = C; v C, U ...
v C, where C; = C (n,, k,); C; = C(n;, k;) (i #j and r #j) and C,
= C2 = ..=0C= Ci+1 = ... :q_1 = C}+1 = .. = Cn = (I’lp, kp)p
#Jj, p #r and then we call C to be a (1, 1) pseudo false n-code, n
>4.

We illustrate this by an example.
Example 2.4.7: Let us consider a 6-code C=C; U C, U C; U

Cs U Cs U Cg where C, is a (6, 4) code generated by G = G, U
... U Gg where

1 00 010
01 0 0 01
GZ = .
0 01 011
0 001 01
Csisa (7, 3) code generated by
1 001100
Gs={0 1 0 01 1 O0f.
0 01 0111

Cy, G5, C4 and Cq are (5, 2) codes generated by the generator
matrix

frto1 10
o110 1

:|:G3:G4:G5.

Thus the generator 6 matrix G is of the form
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1 00010
01 00 01 1 01 0
()
001 01 1 0 1 0 1
0001 01
0 1 00
1 011 0
ulo 1 110
0110 1
0 0 11 1
1 011 0
0110 1]

C=G,2)u6,HuG,2)uG,2)u(T,3)u(s,2)isa(l, 1)
pseudo false 6-code given by

C = {00000),(10110,@01101),(1101 1)}y
{(000000),(100010),(010001), (001071 1),
(000101),(110011)(011010),(001110),
(101001),(010100),(100111),(11100 0),
(O11111),(110110),(101100),(111101)}
U{00000),(10110),01101),(1101 1)} U
{00000),(10110),(01
{(0000000), (10011
©010111),(11010
(1011011, (11111
(10110),(01101),(11011)}.

The main advantage of this code is it can be used in
transmission when one is interested in sending 3 types of
messages one a repeating one, where as the other two are just
two different messages.
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Another use of this code is when one wants to fool the
hacker he will not be in any position to known which of the
code in C that carries the true message so that it may be
impossible for him to hack the information, thus this will be of
immense use to a cryptologist.

Now we can like wise define any (t, t)-pseudo n-code when t =
2,n 2> 5 and (t, t)-pseudo n-code when n > 2t + 1 and t < n. This
new class of codes will be very much helpful in several places.

DEFINITION 2.4.7: Let C = C; U C, U ... UC, be any false n-

code, we define C to be a (t, t)-pseudo false n-code (n =2t + 1),
tZZlfC] =C)=.=C=4;Cy;=Cia= ... :Cgt:B(A Z
B) Cyri; =Cyir=...=C,=C;, where A #C and B =C.

We now proceed on to give an example of it and proceed on to
define new classes.

Example 2.4.8: Let C =C; U C, U ... U Cy4 be any false 16
code we define C to be a (5, 5) pseudo false 16 code (16 > 10 +
1) if

Ci=Cy=...=Cs=A=C(7,3);
Cs=Cy=...=Cio=B=C(9, 6); (A #B);
and
C11:C12 =... :C15:D:C(7, 4),

where A=B,D=Band D # A.

DEFINITION 2.4.8: Let C = C; v C, U ... U C, be a pseudo
false n-code we call C a (t, m)-pseudo false n-code (t #m) if n >
t+tm+landC;=Cr=..=C,=4,a(n, k) code, C, =C; =
o =Cm=Cny ky) =P, t #zmand Cpps; = ... = C, = C(n,
k) =B, i=t i=mandP #B.

This code will also be very useful to maintain secrecy of the
message and it will be very difficult for the intruder to easily
break open the key.

Now we illustrate it by an example.
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Example 2.4.9: Let C=C; U C, U C3 U ... U Cyg be a (5, 8)-
pseudo false 19-code where C; = C, =... = Csis a C(8, 4) code
C7 = Cg = C9 = C]() = C12 = C13 = C14 = C15 isa C(7, 3) code and
C6 = C16 = C17 = C19 isa C(6, 3) code.

Now we show a n-code communication n-channel by
figure 2.4.1.

— CODING

— CODING

SENDER

— CODING

L CODING

CHANNEL1 CHANNEL n-1

CHANNEL2 CHANNEL n

—{ DECODING —

— DECODING

RECEIVER

— DECODING

L DECODING

FIGURE 2.4.1
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Chapter Three

PERIYAR LINEAR CODES

This chapter has two sections. In section one we introduce a
new class of codes called Periyar linear codes and in section two
the applications of these new classes of codes are given.

3.1 Periyar Linear Codes and their Properties

In this section for the first time we introduce the new class of
codes called Periyar Linear Codes and enumerate some of its
properties. We proceed on to define a Periyar Linear Code. The
authors to honour Periyar in his 125" birthday have named this
code in his name.

DEFINITION 3.1.1: 4 n-code C =C; vC, U ... vC, (n2>2) is
said to be a Periyar linear code (P-linear code) if it has a (n;, k;)
subcode C; < C such that no other subcode in C is a (n;, k;)
code, i fixed. C may have a subcode with i #j. Further C V/ C;
has no (n;, k) subcode (By subcode of C we mean any C; of C; 1
<i<n).

We first illustrate this by the following example.
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Example 3.1.1: Consider the bicode C = C; U C, where C, is a
(5, 3) code and C, is a (7, 4) code. C is a Periyar linear code as
C contains a subcode C; which is a (5, 3) and C; does not
contain any (5, 3) code. Also C, is a (7, 4) subcode of C. C\ C2
does not contain any (7, 4) code. Thus this bicode is a Periyar
linear code.

We cannot always say every bicode is a P-linear code to this we
give the following example.

Example 3.1.2: Consider the bicode C = C; U C, where C, and

C, are both (7, 3) codes given by the parity check matrices H;
and H, where

H]Z

S O O =
S O = O
S = O O
—_— O O =
S O = O
S = O O
- o O O

and

[ e
—_ O = =
_— == O
oS O O =
S O = O
S = O O
- o O O

C;={0000000),(1001111),(0100100),(001001
0, (1101100),(1011010),0110110),(111111
0)} and C,={(0000000),(1001011),(0101101),(0
010111),(1100110),0111010),(1011100),(11
1000 1)}. We see both C; and C, are (7, 3) codes and C is a
bicode but C is not a P-linear code for we cannot find a subcode
other than (7, 3) subcodes.

We have a class of n-codes (n > 2) which are Periyar linear
codes which is clear from the following.

THEOREM 3.1.1: Every n-code C = C; v C, U ... U C, where

Ciisa (n, k) code,i =1, 2, ..., nand n; #n; if i #j and (or) k; #
kiifi #j, i <i, j <nis a P-linear code.
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Proof: Clearly we see if n; # n; for 1 # j then the n-code C = C,
UCu...uC,=C(ny, k) v Cny, ky) U ... U C(n, k,) is such
that each C; = C(n;, kj) is distinct from C; = C(n;, k;). So C has
(n;, k;) subcodes hence C is a P-linear code. Here it may so
happen k; = k;j even if i # j. Still n; # n; for i # j is sufficient to
produce P-linear codes.

Now we have an-code C=C, U C, U ... U C, =Ci(ny, ky)
U Cy(ny, ky) U ... U Cy(ny, ky) where some n; = n;, 1 # j but none
of the k; = k; if i # j then also C is a P-linear code.

Clearly if both n; # n;j (i # j) and k; # k; (i #j) then also C is
a P-linear code.

Note: According to the definition of P-linear codes C we should
not have two distinct subcodes B and B’ in C such that both B
and B’ are (n,, ki) linear codes with B ¢ B' and B’ ¢ B.

We will illustrate all the three cases by the following
examples.

Example 3.1.3: Let us consider a bicode C = C; U C, where C,
is a (7, 3) linear code and C, is a (7, 4) linear code. We see both
the codes C; and C, are of same length 7 but k; # k, hence C is a
P-linear code.

Example 3.1.4: Consider a bicode C = C; U C, where C,; = C(9,
5) and C, = C(7, 5) both C, and C, are linear codes having same
number of message symbols but have different lengths viz., 9
and 7. Hence C is a P-linear code.

Example 3.1.5: Consider a bicode C = C, U C, where C, is a (7,
3) code and C; is a (8, 4) code then C is a P-linear code.

Now consider a tricode C = C; U C, U C; = C((7, 5) U
Cy(6, 3) U C5(6, 3) with C, # C; still C is not a P-linear code; it
is only a tricode.

Now we proceed on to define a new notion called weak Periyar
linear code.
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DEFINITION 3.1.2: Let C=C;, v C, U ... U C, be a linear n-

code (n > 3) we say C is a weak Periyar linear code (weak P-
linear code) if C has a subcode C; which is different from other
subcodes C;i.e. C has atleast one subcode different from C;.

It is important to see that we may have several subcodes of
same length and number of message symbols in C=C; U C, U
... U C, (n 2 3). We still cannot say they are not P-linear codes
but only they are weak P-linear codes.

Example 3.1.6: Let C=C; U C, U C; U C4 be a 4-code where
Cy=(7, 3) code C, = (7, 3) code, C; = (6, 3) code and C, = (6,
2) where C, is generated by

1 001 100
G=/01 01 00 1],
001 0110

C, generated by
0 0 0 1
G,=/01 0011 1],
0 1 10
C; is generated by
1 0 1 10
G;=/0 1 01 0 1
00 0 1 1

and C, is generated by

1 01110
G4: .
[010111}
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Ci= {0000000),(1001100),@010100 1),
O0010110,(1100101),01111T11)
(1011010),(111001 1)},

b

C,= {(0000000),(1001001),@©100111),
0010110),(1101110),(011000 1),
(1011111),(1111000)},

C; = {(000000),(100110),(010101),(00101 1),
110011),011110),(101101),(111000)}
and

C, = {(000000),(101110),(010111),(111001)}.

We see if we take C4 or C; as a subcode of C then C is a P-
linear code. But if we take C, or C, as a subcode then clearly C
=C; U G, U C;3 U Cq4 is not a P-linear but only a weak Periyar
linear code. Thus from this example we see C is both a P-linear
code as well as weak P-linear code. So we are forced to define a
new concept because we see the notion of weak P-linear code
and P-linear code does not divide C into two classes which are
disjoint but we have a over lap.
So we define a new notion called duo Periyar linear code.

DEFINITION 3.1.3: Let us consider a n-code C = C; v C; U ...
v C, (n23)if Cis both a P-linear code as well as a weak P-
linear code then we call C to be a duo Periyar linear code (duo
P-linear code).

All P-linear nodes need not be duo P-linear codes or a all
weak P-linear codes need not be duo P-linear code or a P-linear
code need not be a weak P-linear code or vice versa.

THEOREM 3.1.2: 4 P-linear code in general need not be a weak

P-linear code. Likewise a weak P-linear code need not always
be a P-linear code.
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Proof: To prove these above statements we give in support
some examples.

Let C=C(6,3) U C(63)u C(7,4)u C(7,4) be a 4-code where
C=C, v C, U C; U Cy with C having the generator 4-matrix G
= Gl |\ G2 |\ G3 |\ G4 where

1 000 01
G=/010 01 0],
001100

1 000 1 01

01 0 0O0T10DO0
G3 =

001 0 011

0001 110

and

1 000 010

01 0 0111
G4 =

001 0 011

0001110

where the code generated by G, is {(000000), (10000 1),
(010010),(001100),(110011),(011110),(101160
),(111111)}=C(6,3)=C,.

The code generated by G, 1s {(000000),(100110),(0
10101),(001011),(110011),(011110),(101101),
(111000)} =C(6,3)=0C,.

Clearly C; # C, The code generated by G3is {(00000 0
0),(1000101),(0100010),(0010011),(0001110),
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(1100111),(1010110),(0110001),(0011101),(0
101100),(1001011),(1110100),(0111111),(11
01000),(1011101),(111101 1)} =C;5aC(7,3)code.

Now the code generated by G4 is {(0000000), (10000
10),0100111),0010011),(0001110),(110010
1),(0110100),(0011101),(1010001),(010100 1),
(1001100),(1110110),(0111010),(1101001),(1
011011),1111000)} =C(7,3)=C,Clearly C; = C,. All
the four codes are distinct, but C is not a P-linear code it is only
a weak S linear code. Thus we see a code can be weak P-linear
code but not a P-linear code.

Example 3.1.7: Consider the 3 code C=C, U C, U C3=C(7, 3)
w C(6, 3) U C(5, 3) where C(7, 3) is generated by the matrix

1 001100
G=/01 00110
001 0101

The C(6, 3) code is generated by the matrix

G2:

S O =
S = O
— o O
- o O
S = O
S O =

The code C(5, 3) is generated by the matrix

G3:

S o =
- o O

1
0
1

S = O
O =

The code generated by G;is {(0000000),(1001100), (0
100110),(0010101),(1101010),(0110011),(10
11001),(1111111)}. The code generated by G, is {(0 0 0
000),(100001),(010010),(001100),(110011),(0
11110),(101101),(111111)}. The code generated by
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G;is{(00000),(10011),(01001),(00110),(11010),
01111),10101),(11100)}. We see this 3-code is a P-
linear code and is not a weak P linear code. Thus we see we can
have a n-code which is a P-linear code and not a weak P-linear
code.

Now we give an example of a n-code (n > 2) which is both
a P-linear code as well as a weak P-linear code.

Example 3.1.8: Let C =C, U C, U C; U C,4 be a 4-linear code,
where C; = C(7, 4) linear code, C, = C(5, 2) be another linear
code, C; = C(5, 3) code and C, be a C(6, 3) linear code. It is
easily verified C is a P-linear code for it has only one subcode
C(7, 4) or C(5, 2). It is also a weak P-linear code for it has two
subcodes of length 5. Thus C = C; U C, U C; U C4 is a duo P-
linear code.

Now having seen examples of all the types of codes
defined. Now we proceed onto define P-linear repetition code.

DEFINITION 3.14: Let C = C; v C, U ... U C, be a n-code
where each C; is a repetition code of length n; with ni-1 check
symbols where the ni-1 check symbols X =xi= ... =xare
equal to a; (a; ‘repeated’ n; — 1 times) then we may obtain a
binary (n;, 1) code with parity-check matrix

11 0

1 01 0
H =

1 00 1

Clearly there are only two code words in the code C(n;, 1),
namely (00 ... 0) and (1 1 ... 1) thisis true fori =1, 2, ..., n.
Thus we have n distinct repetition codes, since C is a n-code C;
#C;if i #J. We see every subcode is distinct so we call C a
Periyar linear repetition code (P-linear repetition code).

Example 3.1.9: Let C=C; U C, U C; U C4 be a 4-code, where

Ci={(0000),(1111)},C,={000000),(111111)},Cs
={0000000),(1111111)}andC,={00000000D0),
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(11111111 1)}.Each code C; is a repetition code which are
distinct, this code is associated with the parity check 4-matrix H

H, v H, U H; U H,.

01 00O
1 0 01

0 0|uv

1

1 000

1

1 00 0O

1 000 00O
1

0
1 00

00 00

1 0 00
1
0 00O

1 000

1

0

1

0

1

1 00000

000O0O0O0OOU

1

1
1 00

0

0 00O0O0OTO O

1

00 00O
1

1 00 0O

0000

1 0 00

0 0 0}

1

1

1 00 000

0

1

1 000O0O0O0O

1 000 00O

1
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Clearly C is a P-linear repetition code, where C = ({(0 0 0 0), (1
I111)}u{000000),(111111H}u{(0000000),(111
IT1DH}u{111111111),(000000000)}).

Now we proceed on to define the Periyar linear parity check
code.

DEFINITION 3.1.5: Let C=C;, v C, U ... U C,, be a m-code.
We define C to be a Periyar Parity check code if each C; is a
(m;, m;— 1) parity check binary code, i = 1, 2, ..., m. Clearly if
C is to be a m-code we need each C; must be distinct i.e. if C; =
C(m;, m;— 1) then m; #m; if i #j. C is associated with a parity
check m-matrix H=H UH, U ... UH, where each H; is a 1x
m; unit vectorie. H;=(1111...1).

We give an example of a P-linear parity check code.

Example 3.1.10: Consider the 5 code C=C, 0 C, U C; U CyU
Cs where each C; is a parity check (m;, m;— 1) binary linear code
H=(0111111),H=01111),H;=1111111),Hs=(1
11111111)andHs=(1111), where H=H;, UH, UH;uU
H, U Hs is a parity check 5-matrix. Since each code C; is
distinct for i =1, 2, ..., 5 we see C is a P-linear parity check
code and not a weak P-linear parity check code.

THEOREM 3.1.3: A4 linear binary repetition n-code (n = 2) is
always a P-linear binary repetition code and never a weak P-
linear binary repetition code and hence never a duo P-linear
binary code.

Proof: Given C = C; U C; U ... U C, is a linear binary
repetition n-code (n > 2). Since C is a repetition n-code each
code C; is distinct and is a repetition code fori=1, 2, ..., n. So
C cannot have two subcodes of same length.

So C is not a weak P-linear code. Further C has n-distinct

subcodes i.e. C has a subcode which has a length different from
other subcodes, so C is a P-linear code. Since C is only a P-
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linear code and not a weak P-linear code so C cannot be a duo
P-linear code. Hence the claim.

Next we prove the following interesting theorem about Parity
Check n-code.

THEOREM 3.14: Let C = C; v C, U ... U C, be linear binary
m-parity check code. Then C is only a P-linear code and not a
weak P-linear code; thus C is not a duo P-linear code.

Proof: Given C = C; U C, U ... U C,, is a linear binary m-
parity check code; i.e. each C; is a parity check code of length
m; and m; # my if i # j, 1 <1, j < m. Thus each C; is distinct.
Hence C has subcode which is unique i.e. C has subcode of
length m; then C has no other subcode of length m;. So C is a P-
linear code. Now C has no two subcodes which are of same
length, hence C is not a weak P-linear code.

Thus we have proved in case of every n-code if it is
repetition n-code or a parity check n-code then it is only a P-
linear code and never a weak P-linear code thus not a duo P-
linear code.

Hence we have seen that all n-codes are not duo n-codes.
We have a special class of n-codes which are also P-linear codes
and not weak P-linear n-codes. We have already given examples
of P-linear repetition code and P-linear parity check code.

We now proceed on to define the notion of binary Hamming P
code.

DEFINITION 3.1.6: Let C = C; v C, U ... C, be a n-code (n >
2). If each C; is a binary Hamming code of length n; = 2™ —1
(m; =2);i=1,2, ..., n Thus any subcode of C is of length n;
and clearly C has no subcode of length n;; so C is a defined to
be a Periyar linear Hamming code (P-linear Hamming code).

Example 3.1.11: Consider the bicode C = C,; U C, where C; is a

n, = 2°-1 binary Hamming code and C, is a n, = 2*-1 binary
Hamming code. Then C is a P-linear Hamming code.
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We expect the reader to prove the following theorem.

THEOREM 3.1.5: Let C=C; v C, U ... UC, be a n-code (n >
2) such that each C; is a Hamming binary code of length n; = 2'
—-1,i=1 2, ..., n Then Cis a P-linear Hamming code and C
is never a weak P-linear code and hence is not a duo
P-linear code.

DEFINITION 3.1.7: Let C = C; U C;? be a bicode where C; is a
(n, k) code and C* the dual code of C. We call C whole bicode.
We see in case of whole bicode both of them are of same length

but the number of message symbols in them is assumed to be
different.

We illustrate this by the following example.

Example 3.1.12: Let C = C; U C;* be a bicode where C; is
generated by the generator matrix

1 000110
G=/01 01 01 0.

001 1 1 01

The generator matrix of C," is given by

0111000

1 0101 00
G2 =

1 100 010

001 0001

The code generated by G;is C;={(0000000),(100011
0),(0101010),(0011101),(1101100),(011011 1),
(1011011),(111000 1)}. The code generated by C; i.e.,
C,'={0000000),(0111000),(1010100),(11000
10),0010001),(1101100),(0110110),(111001
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1),(1011010),(1000101),(0101001),(0001110),
(0100111),(1001011),(1111101),(0011111)}.

The whole bicode C = C; U C,~ where all the elements of C,
and C,* are given.

Now it is a natural question to ask can we define whole
tricode the answer is no. But we can have a 4-whole code and in
general a whole n-code if and only if n is an even number.

DEFINITION 3.1.8: Let C = C, v C/f v C, uC ... UC, U
C, be a 2n-code where C; and its dual C;* find their place in C
then we call C a whole 2n-code (n >1),i=1, 2, ..., n.

THEOREM 3.1.6: Let C=C, vCr U C, vuCtU... uC, U
C,t be a whole 2n-code. C is not a P-linear code but C is
always a weak P-linear code. Further C is not a duo P-linear
code.

Proof: We are given C=C; U Cir UG, U Clu...uC, U
C,* to be a whole 2n-code. Thus C has atleast 2 subcodes of
same length since if C has the subcode C; then Cit is also a
subcode as C is a whole 2n-code. Hence C is a weak P-linear
code and never a P-linear code, thus the whole 2n code can
never be a duo P-linear code. Hence the claim.

We have seen a class of n-codes which are P-linear codes and
never weak P-linear codes. Now we have established that whole
2n-codes are weak P-linear codes and never a P-linear code.

Now we proceed onto give yet another class of duo P-linear
codes to this end we define the notion of pseudo whole n-code

(n>3).

DEFINITION 3.1.9: Let C = C; v C, U ... U C, (n an odd
number) we call C to be a pseudo whole n-code if C = C; U C;*

vC uCrtu...uC,, uC- UC,asnis given to be an
2 2
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odd number where C = a union of the whole code plus another
arbitrary code of length different from all other codes in C.

We illustrate this by the following example.

Example 3.1.13: Let C=C, U C," U G, be a tricode where C is
the union of code and its dual and another code C, where C is a
pseudo whole code.

C, is generated by

1 00 1 1 11
G=/01 00 010
0010110
and C," is generated by
1 001000
1010100
Gz =
1110010
1 00 00 01
C, is a code generated by
1 001 00O
G=/0 1 0 010
001 001

C is a pseudo whole code.

THEOREM 3.1.7: Let C=C, v C/  vC, uCy U... UC,, U
2
Cr, UC, (n-odd) be the pseudo whole n-code; then C is a duo

2
P-linear whole code.
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Proof: GivenC=C,uC/ U C,UC U ..U C,, UCr, U

ER
C, be the pseudo whole n-code (n-odd). C has a subcode C,
which has no other subcode the same length. Hence C is a P-

linear code, C has subcodes C;, then C has same length subcode
. . -1 . . .
givenby Cit 1 <i< nT . Thus C is a weak P-linear code. C is

both a P-linear code as well as C is a weak- P-linear code, so C
is a duo P-linear code which will be known as the duo P-linear
pseudo whole code. Thus we have the class of pseudo whole
codes which happen to be a duo P-linear code.

Now having seen the 3 distinct classes of codes we now proceed
on to define the notion of Periyar cyclic code.

DEFINITION 3.1.10: Let C=C; v C, U ... UC, be a n-code (n
>2) if each C;is a cyclic code then we define C to be a n-cyclic
code. If each C; is of length n; and n; #n; if i #j for 1 <i, j <n
then we define C to be a Periyar cyclic code. If C has more than
one subcyclic code of length n;, then we define C to be a weak
Periyar cyclic code.

First we will provide some examples of them so that it would
make the reader understand the definition better.

Example 3.1.14: Consider the cyclic 5-code C = C; U C, U Cs
w C4 U Cs where C, is a (6, 3) code C, a (7, 4) code, C5 a (7, 3)
code, C4 a (8, 4) code and Cs are (5, 4) cyclic codes. Let G be
the associated generator 5-matrix of C.

G:G1UG2UG3UG4UG5

Il
S o =
S = O
- o o
=
S = O
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1101 000
01 10100

U
0011010
0001101

—_
—_
—
(=]

S O O =
S o = O
S — O O
- o O O
S O O
S o = O
S = O O
- o O O

o o o =
S O = =
o = = o
—_ - o o
- o o o

All the 5 codes C;, C,, C3, C4 and Cs are cyclic. Thus C is a
cyclic 5-code.

We see C is both a P-cyclic code as well as weak P-cyclic code.
C is given by the following 5-codes

C = {(000000),(100100)(010010),(001001),
(110110),011011),(101101),111111)
U{0000000),(1101000),(0110100),

0011010,0001101),(1011100),
0101110,0010111),(1110071 0),
O0111001),(1100101),(1000110),
010001 1,(1010001),(1 1111711,
(100101 1)} U{0000000),(1110100),
O1110110,0011101),(1001T110),
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0100111),(1101001),(101001 1)} U
{00000000),(10001000),(01000100),
(00100010),00010001),(11001100),
(01100110),00110011),(10101010),
(01010101),(10011001),(11101110),
O1110111),(11011101),(1011101 1),
(11111111)}U{00000),(11000),(01100),
(00110),00011),(10100),(01010),
0101, (11110),0O1111),(101T1),
(10010,01001),(10111),(110]1),
(1000 1)}

is a cyclic 5-code. For this has Cs alone to be subcode likewise.
C4 is a subcode and has no other subcode of length 8; whereas C
has C, and C; to be subcodes of length 7. Thus C is both a P-
linear cyclic code as well as weak P-linear cyclic code.

Example 3.1.15: Let C=C, U C, U C, U C4, U Cs where C, is a
C(6, 3) code, C, is a C(6, 1) code, C; a (7, 3) code, C4 a (7, 4)
code and Cs a (7, 3) code. Clearly C is not a P-linear cyclic code
but only a weak P-linear cyclic code where C is generated by
the generator 5-matrix given by

G:GIUG2UG3UG4UG5:

00100
01 001 0jv
0 1 1

[e]
(e]

S O O O =

S O O = =

S O = = O

S = = O O

_ -0 O O

—_ o O O O
C
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0 110 0]

011 )
0 11 1]
1 01 100 0]
01 01100
00101 10"
00010 1 1]
1110100
01 1101 0f.
0011101

Clearly G generates a 5-cyclic code and G is not a P-linear
cyclic code but only a weak P-cyclic code. For it has subcodes
of length 6 and 7 respectively.

Now we have seen an example of a weak P-linear cyclic code
which is not a P-cyclic code.

We proceed on to give an example of a P-cyclic code which is
not a weak P-linear cyclic code.

Example 3.1.16: Consider the cyclic 4-code C = C; U C, U Cs
w C,4 generated by the generator 4-matrix

G=GIuGuUGuUGs=

1110100
011101 0|V
0011101
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110000
01 1000
001 100U
000110
0000 1 1]
11000
01100
001 10| "
00011
10001000
01000100
001000710
00010001

We see this cyclic 4-code has 4 subcodes each is of length
different from the other i.e. C has a subcode of length 7, length
6, length 5 and length 8. So C is a P-linear code and not a weak
P-linear code. Hence the claim.

Now we proceed on to give an example of a cyclic n-code
which is a weak P-cyclic code and not a P-cyclic code.

Example 3.1.17: Consider a cyclic 4 code C given by C=C; U
C, U C; U C4 generated by

G:G1 UGQUG3UG4
where

G]z

o o ~-
S =
—_
=)
—_ O =
o = o
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1 101 000
G2=0110100,
0011 010
0001 1 01
1 00 0 0
G;=1|0 010
001 0 01
and
(1 1.0 0 0 0]
01 1000
Gy=|0 0 1 1 0 0].
000 T1TT1TO0
00 00 1 1]

We see the codes C; and C, are of same length 7 but have
different number of message symbols viz. 3 and 4 respectively.
Cis a C(7, 3) linear code and C, is a (7, 4) linear code. Now Cs
and C, are linear codes of length 6, Cs is a (6, 3) linear code and
Cy4is a (6, 5) linear code. Thus C is a cyclic 4-code but not a P-
linear cyclic code only a weak P-linear cyclic code as C has two
subcodes of length 7 and two subcodes of length 6. It has no
unique subcode.

Now we proceed onto define the notion of pseudo Periyar
cyclic n-code.

DEFINITION 3.1.11: Let C = C; v C, U ... v C, be a n-code.
We call C to be a pseudo Periyar cyclic code if C has atleast
one cyclic code i.e. atleast one of the C;’s is a cyclic code (n >

2).
We give example of a pseudo P-cyclic code.

Example 3.1.18: Consider the 4-code C=C, U C, U C; U C4
where C is generated by the generator matrix
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G:G1UG2UG3UG4

1 00100
=101 0 01 1|uv
001 011

1 001 00

01 001 0juv
0 01 001
1 001 001
01 0011 0juv
001 0011

1 000110
01 00101
0010011
0001 1T11

The 4-code generated by G is givenby C={(000000),(100
100),(010011),001011),(110111),(011000),(1
01111),(111100)}w{(000000),(100100),(01060
10),001001),(110110),(011011),101101),(11
111 DH}u{(0000000),(1001001),(0100110),(00
10011),1101111),(0110101),(1011010),(111
1100}uv{(0000000),(1000110),(0100101),(00
10011),0001111),(1100011),(0110110),(001
1100),(1010101),(0101010),(1001001),(1110
000),(0111001),(1101100),(1011010),(11111
1 1)}. We see among the four codes only C, is a cyclic code so
C is a pseudo P-cyclic code.

Now we proceed on to define the notion of pseudo strong
Periyar cyclic code.
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DEFINITION 3.1.12: Let C = C; v C, U ... UC, be n-code if in
C we have only n-1 of the codes among C;, C,, ..., C, to be
cyclic then we define C to be a pseudo strong Periyar cyclic
code.

Now we proceed on to illustrate this by the following
example.

Example 3.1.19: Let C=C, U C, U C3 U C4 U Cs U Cg be a 6-
code where C is generated by the 6-matrix

G:G1UG2UG3UG4UG5UG6:

1101000
0110100
“loo1 101 0|
0001 101
1 110100
01110710 U
0011101
100 1 0 0
01001 0]u
00100 1]
(1 1.0 0 0 0]
01100 0
001 100U
000110
00001 1)
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1 0001 00O
01 00O0T1TUO0OTO
001 00O0T1O0 -
0001 O00O0O01
1 0001110
01 00 0O0O01
001 01100
00010011
Clearly the codes C,, C,, ..., Cs are cyclic only Cs is a non

cyclic code so C is a pseudo strong P-cyclic code. We see in this
example C, is a (7, 4) cyclic code generated by the polynomial
X + x + 1lad x> + x +1/x + 1.GCis a
(7, 3) cyclic code generated by the polynomial x* + x> + x + 1
and x* + x>+ x+1/x"+ 1. Csis a (6, 3) cyclic code generated
by the polynomial x> + 1 and x> + 1 /x°+ 1. C4 is a (6, 5) cyclic
code generated by the polynomial x+1, Cs is a (8, 4) cyclic code
generated by a generator polynomial x*+1 and x*+1 / x*+1 and
Cs is not a cyclic code. So C is a pseudo strong P-cyclic 6-code.

We see all pseudo strong P-cyclic codes are trivially pseudo P-
cyclic codes. But in general a pseudo P-cyclic code need not be
a strong pseudo P-cyclic code.

Now we would define the notion of weak Periyar false codes.
DEFINITION 3.1.13: C=C;, v C, U ... UC, is a false n-code if
atleast one of the subcodes is different from the other codes then
we define C to be a weak Periyar false code.

Clearly a false code is never a weak P-false code.

THEOREM 3.1.8: The class of m-pseudo false n-codes (n > 2m,
2 <m < n) are weak P-false codes.
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Proof: From the very definition of m-pseudo false n-codes C =
CCuGu..ulCiweseeC;=Cy=...=Cy,=Aand Cp =
Cmi2 = ... = C,= B; A # B. Thus C has atleast one subcode is
different from other codes.

Hence C is a weak P-false code.

DEFINITION 3.1.14: 4 false n-code C=C; vC, U ... UC, (n >
2) is said to be Periyar false code if and only if C is a 1-pseudo
false code i.e. C has one and only one subcode C; different from
other subcodes of C.

THEOREM 3.1.9: Every I-pseudo false n-code is a P-false code.
Proof: Follows from the very definition of P-false codes.
We illustrate by an example.

Example 3.1.20: Consider the 1-pseudo false n-code C = C; U
C, U C3 v Cyu C5 given by C = C(S, 3), G = C(7, 4), C3 =
C(7, 4) = C4 = Cs. Clearly C has one and only subcode C, =
C(5, 3) and other subcodes of C are identical with C(7, 4) thus
C is a pseudo P-false code.

We proceed onto define yet another new type of P-linear codes
built using the set of different types of codes like repetition
code, parity check code, cyclic code and any other general code.
This type of new codes will be known as P-linear mixed codes.

DEFINITION 3.1.15: Let C = C; v C; U ... U C, be a n-code if
some of the codes C; are parity check codes, some of the codes
C; are repetition codes and some others Cy are cyclic codes then
we call C to be a Periyar linear mixed code where 1 <i, j, k <n.

We illustrate this by the following example.

Example 3.1.21: Let C=C; U C, U C3 U C4 U Cs be a P-linear
mixed code where C; is a repetition code, C, a parity check
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code, C; a cyclic code and C4 and Cs a general code. Suppose H
:Hl UHzUH3UH4UH5.

11 00 0 O]
101 000
=1 001 0 O|u[llll111]u
10001 0
1 00 0 0 1]
1 001 00 1 100 01
01 001 0lulfol1 001 0|uU
001 001 011100
1 000110
01 0001 1
0010110
00011 011

H is a mixed parity check matrix of the P-linear mixed codes.

3.2 Application of these New Classes of Codes

In this section we give a few applications of these new classes
of codes.

1. The m-pseudo false n-codes (t, t) pseudo false n-codes
and (t, m) pseudo false n-codes can be used in
cryptography. The true message can be sent in the m
codes and just the remaining (n — m) codes will serve to
mislead the intruder. Infact this code can also be used
for m persons simultaneously and each one will read his
message from the n-code i.e., if C=C,u C, U ... UC,
here C, =C, =...=C,_ =A,1<ij, i, ..., in S0, i #

if j # t. Then i, can be assigned the first customer, i, to
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the second and i, to the m™ customer so they know the
place in which their message is present. For instance i
= 5 the first customer will only decode the code word x;s
from x =x; U ... U X, and he will not bother to pay any
attention to other codes. Thus it is very difficult for the
intruder to hack this way of message transmission. In
case they have two sets of customers say t and m in
number then (t, m) pseudo n code can be used.

These codes can be used in networking of computers
when in the work place some m of them work on the
same data and t on another set of data. Infact the (t, m)
pseudo n-code can be extended to any (ti, ..., t;) pseudo
n code without any difficultly. Further the transmission
or working with them is not difficult as we have super
computer to cater to our needs.

These n-codes or n-false codes or m pseudo false n
codes or (m, t) pseudo false n codes can be easily used
when we cannot use ARQ protocols, so n- false codes
and m-pseudo false n codes will serve best in those
cases.

These new classes of codes can also be used in data
storage. The authors strongly feel these codes are best
suited in any networking. Finally they can be used with
highest degree of security in defence department of any
nation.

Periyar code finds its applications in channels where all

the n information which are passed simultaneously are
distinct. In such channels Periyar codes are best suited.
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